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Preface

The workshop on Declarative Agent Languages and Technologies (DALT), in its
fourth edition this year, is a well-established forum for researchers interested in
sharing their experiences in combining declarative and formal approaches with
engineering and technology aspects of agents and multiagent systems. Building
complex agent systems calls for models and technologies that ensure predictabil-
ity, allow for the verification of properties, and guarantee flexibility. Developing
technologies that can satisfy these requirements still poses an important and
difficult challenge. Here, declarative approaches have the potential of offering
solutions that satisfy the needs for both specifying and developing multiagent
systems. Moreover, they are gaining more and more attention in important ap-
plication areas such as the semantic web, web services, security, and electronic
contracting.

DALT 2006 is being held as a satellite workshop of AAMAS 2006, the 5th
International Joint Conference on Autonomous Agents and Multiagent Systems,
in Hakodate, Japan. Following the success of DALT 2003 in Melbourne (LNAI
2990), DALT 2004 in New York (LNAT 3476), and DALT 2005 in Utrecht (LNAT
3904), DALT will again aim at providing a discussion forum to both (i) support
the transfer of declarative paradigms and techniques to the broader community
of agent researchers and practitioners, and (ii) to bring the issue of designing
complex agent systems to the attention of researchers working on declarative
languages and technologies.

This volume containts the twelve papers that have been selected by the Pro-
gramme Committee for presentation at the workshop. Each paper received at
least three reviews in order to supply the authors with a rich feedback that could
stimulate the research as well as foster the discussion. In addition to these presen-
tations, Munindar P. Singh from North Carolina State University will be giving
an invited talk on a declarative approach to instantiating business protocols.

We would like to thank all authors for their contributions, the members of the
Steering Committee for the precious suggestions and support, and the members
of the Programme Committee for the excellent work during the reviewing phase.

March 19th, 2006

Matteo Baldoni
Ulle Endriss
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Abstract. The AgentSpeak agent-oriented programming language has recently
been extended with various new features, such as speech-act based communica-
tion, internal belief additions, and support for reasoning with ontological knowl-
edge, which imply the need for belief revision within an AgentSpeak agent. In this
paper, we show how a polynomial-time belief-revision algorithm can be incorpo-
rated into thelasonAgentSpeak interpreter by making useJakoris language
constructs and customisation features. This is one of the first attempts to include
automatic belief revision within an interpreter for a practical agent programming
language.

1 Introduction

After almost a decade of work on abstract programming languages for multi-agent sys-
tems, practical multi-agent platforms based on these languages are now beginning to
emerge. One example of a well-known agent language that has evolved to the point
of being sufficiently practical for widespread use is AgentSpeak, and in particular its
implementation inJason[7]. A number of extensions to AgentSpeak have been re-
ported in the literature and incorporated idason Some of these new features, such

as speech-act based communication, internal belief additions, and support for reasoning
with ontological knowledge, have led to a greater needief revisionas part of an
agent’s reasoning cycle. However, in common with other mature agent-oriented pro-
gramming languages [5)asondoes not currently provide automatic support for belief
revision. The current implementation provides a simple form of beigefate which

can be customised for particular applications. However, the problem of belief-base con-
sistency has, so far, remained the responsibility of the programmer.



The lack of support for belief revision in practical agent programming languages
is understandable, given that known belief revision algorithms have high computa-
tional complexity bounds. However recent work by Alechina et al. [2] has changed
this picture. By making simplifying assumptions, which nevertheless are quite realistic
for agent-oriented programming languages, they were able to produce a polynomial-
time belief-revision algorithm, which is also theoretically well-motived, in the sense of
producing revisions that conform to a generally accepted set of postulates characteris-
ing rational belief revision. In this paper, we show how this work can be incorporated
into the Jason AgentSpeak interpreter by making useJakoris language constructs
and customisation features. This is one of the first attempts to include automatic belief
revision within an interpreter for a practical agent programming language. Some initial
considerations on belief revision in astractprogramming language appeared, for
example, in [23]. In an approach similar to ours, [10] sketch howGbé program-
ming language can be extended with a consistency maintenance system which can be
used by an agent whose beliefs are constrained by a formal ontology to decide which
beliefs to remove in order to restore consistency.

The remainder of the paper is organised as follows. In Sections 2 and 3 we give a
brief overview of AgentSpeak programming and its implementatiodason In Sec-
tion 4, we state our desiderata for belief revision in AgentSpeak, and in Section 5 we
summarise the main points of the algorithm first introduced in [2]. We then discuss the
integration of the belief revision algorithm inttasonin Section 6, while Section 7
gives a simple example which illustrates the importance of belief revision in practical
programming of multi-agent systems. Finally, we discuss conclusions and future work.

2 AgentSpeak

The AgentSpeak(L) programming language was introduced in [21]. It is based on logic
programming and provides an elegant abstract framework for programming BDI agents.
The BDI architecture is, in turn, the predominant approach to the implementation of
intelligentor rational agents [26], and a number of commercial applications have been
developed using this approach.

An AgentSpeak agent is defined by a setbefiefsgiving the initial state of the
agent’sbelief basewhich is a set of ground (first-order) atomic formulee, and a set of
plans which form itplan library. An AgentSpeak plan hasteadwhich consists of a
triggering event (specifying the events for which that plaelsvan), and a conjunction
of belief literals representing @ntext The conjunction of literals in the context must
be a logical consequence of that agent’s current beliefs if the plan is to be considered
applicablewhen the triggering event happens (only applicable plans can be chosen for
execution). A plan also haskady, which is a sequence of basic actions or (sub)goals
that the agent has to achieve (or test) when the plan is trigg@esit actiongepresent
the atomic operations the agent can perform so as to change the environment. Such
actions are also written as atomic formulae, but using a ssttadn symbolsather than
predicate symbols. AgentSpeak distinguishes two typegoafs achievement goals
and test goals. Achievement goals are formed by an atomic formuleae prefixed with the
‘I " operator, while test goals are prefixed with ti bperator. Anachievement goal



states that the agent wants to achieve a state of the world where the associated atomic
formulee is true. Atest goalstates that the agent wants to test whether the associated
atomic formulee is (or can be unified with) one of its beliefs.

An AgentSpeak agent israactive planning systen®lans are triggered by tteal-
dition (‘+") or deletion(‘- ") of beliefs due to perception of the environment, or to the
addition or deletion of goals as a result of the execution of plans triggered by previous
events.

A simple example of an AgentSpeak program for a Mars robot is given in Figure 1.
The robot is instructed to be especially attentive to “green patches” on rocks it observes
while roving on Mars. The AgentSpeak program consists of three plans. The first plan
says that whenever the robot perceives a green patch on a certain rock (a belief addition),
it should try and examine that particular rock. However this plan can only be used (i.e.,
it is only applicable) if the robot’s batteries are not too low. To examine the rock, the
robot must retrieve, from its belief base, the coordinates it has associated with that rock
(this is the reason for the test goal in the beginning of the plan’s body), then achieve the
goal of traversing to those coordinates and, once there, examining the rock. Recall that
each of these achievement goals will trigger the execution of some other plan.

+green _patch(Rock)
not battery _charge(low) <-
?location(Rock,Coordinates) ;
Itraverse(Coordinates) ;
lexamine(Rock)

+ltraverse(Coords)
safe _path(Coords) <-
move_towards(Coords)

+ltraverse(Coords)
not safe _path(Coords) <-

Fig. 1. Examples of AgentSpeak Plans for a Mars Rover

The two other plans (note the last one is only an excerpt) provide alternative courses
of action that the rover should take to achieve a goal of traversing towards some given
coordinates. Which course of action is selected depends on its beliefs about the envi-
ronment at the time the goal-addition event is handled. If the rover believes that there
is a safe path in the direction to be traversed, then all it has to do is to take the action of
moving towards those coordinates (this is a basic action which allows the rover to effect
changes in its environment, in this case physically moving itself). The alternative plan
(not shown here) provides an alternative means for the agent to reach the rock when the
direct path is unsafe.



3 Jason

TheJasoninterpreter implements the operational semantics of AgentSpeak as given in,
e.g., [8].Jason* is written in Java, and its IDE supports the development and execution
of distributed multi-agent systems [6]. Some of the featurelasbnare:

— speech-act based inter-agent communication (and annotation of beliefs with infor-
mation sources);

— annotations on plan labels, which can be used by elaborate (e.g., decision-theoretic)
selection functions;

— the possibility to run a multi-agent system distributed over a network (using SACI
or some other middleware);

— fully customisable (in Java) selection functions, trust functions, and overall agent
architecture (perception, belief-revision, inter-agent communication, and acting);

— straightforward extensibility (and use of legacy code) by means of user-defined
“internal actions”;

— clear notion ofmulti-agent environmentsvhich can be implemented in Java (this
can be a simulation of a real environment, e.g., for testing purposes before the
system is actually deployed).

3.1 Extensions to AgentSpeak

Recent work appearing in the literature has made important additions to AgentSpeak,
which have also been (or are in the process of being) implementlean Below we

briefly discuss some of these features, focusing on those that have particular implica-
tions for belief revision.

Belief additions One of the earliest extensions of the AgentSpeak language is one of
the most important from the point of view of belief revision. From the initial work on
AgentSpeak, experience showed that it was often the case that the execution of some
plans could be greatly facilitated by allowing a plan instance being executed to add
derived beliefs to the agent’s belief base. A formula suchtdsn the body of a plan,

has the effect of adding the belief litefdlto the belief base. Together with the ability

to exchange plans with other agents (see below), such derived beliefs can result in the
agent’s belief base becoming inconsistent (i.e., bahd~b are in the belief base, for
some belie)®. Unless the programmer deliberately intends to make use of paracon-
sistency, this is clearly undesirable, yet inist currently checked or handled Bgson
automatically.

Speech-act based communication and plan exchakygther important addition, first
proposed in [16], is the extension of the AgentSpeak operational semantics to allow
speech-act based communication among AgentSpeak agents. That work gave semantics

4Jason is Open Source (GNU LGPL) and is available fromhttp:/jason.
sourceforge.net
® The ™~ ' operator denotes strong negationJason



to the change in the mental attitudes of AgentSpeak agents when receiving messages
from other agents (using a speech-act based language). This includes not only changes
in beliefs and goals, but also the plans used by the agent. This allows agents to exchange
know-how with other agents in the form of plans for dealing with specific events [3].
The intuitive idea is that if one does not know how to do something, one should ask
someone who does. However, to systematise this idea, hence introducing the possibility
of cooperationamong agents, it was necessary not only the means for the retrieval of
external plans for a given triggering event for which the agent has no applicable plan,
but also to annotate plans wititcess specifierge.g., to prevent private plans being
accessed by other agents), or with indications of what the agent should do with the
retrieved plan once it has been used for a particular event (e.g., discard it, or keep it in
the plan library for future reference).

Ontological reasoningn [17], an extension of AgentSpeak was proposed which aimed

at incorporating ontological reasoning within an AgentSpeak interpreter. The language
was extended so that the belief base can include Description Logic [4] operators; the
extended language was called AgentSpeak-DL. In addition to the usual ABox (factual
knowledge in the form of ground atomic formulee), the belief base can also have a
TBox (containing definitions of complex concepts and relationships between them).
This results in a number of changes in the interpretation of AgentSpeak programs: (i)
queries to the belief base are more expressive as their results do not depend only on
explicit knowledge but can also be inferred from the ontology; (ii) the notion of belief
update is refined so that a property about an individual can only be added if the resulting
belief base is consistent with the concept description; (iii) the search for a plan (in the
agent’s plan library) that is relevant for dealing with a particular event is more flexible
as this is not based solely on unification, but also on the subsumption relation between
concepts; and (iv) agents may share knowledge by using web ontology languages such
as OWL.

The issue of belief revision is clearly important in the context of ontological reason-
ing (e.g., item (ii) above), and this is another motivation for the work presented here.
Further, ontologies are presently being used in various agent-based applications (see,
e.g., [9)).

Although AgentSpeak-DL is not yet available in the latest releaséasbn we
briefly outline how our work on belief revision will combine with the ongoing imple-
mentation of AgentSpeak-DL. l18ason the abstract language presented in [17] will
take the following more practical form. We will represent ontological knowledge in
OWL Lite~ [11], or in the form of Horn clauses. Interestingly, the OWL Litéan-
guage was created precisely so that any ontology thus defined could be translated into
Datalog, hence efficient query answering could be done based on logic programming
techniques. Unlike the abstract language used in [17], definitions such as

presenter = invitedSpeaker U paper Presenter.

are not allowed in the practical language to be used in this work (the best that we can
do here are definitions suchasvitedSpeaker C presenter andpaper Presenter C
presenter). On the other hand, we will be able to expresgology ruleg14] which

are not expressible in description logic.



Belief annotationsAnother important change in the version of AgentSpeak interpreted
by Jasonis that atomic formulae now can have “annotations”. An annotation is a list of
terms enclosed in square brackets immediately following a predicate. For example, the
annotated beliefdreen _patch(rl)[doc(0.9)] " could be used by a program-
mer to represent the fact that rock is believed to have a green patch in it, and this
is believed with a degree of certaintgidc ) of 0.9. Within the belief base, an impor-
tant use of annotations is to record the sources of information for a particular belief,
and a (pre-defined) tersource( s) is provided for that purpose, whesecan be an
agent’s name (to denote the agent that has communicated that information), or two spe-
cial atomspercept andself , which denote, respectively, that a belief arose from
perception of the environment, or from the agent explicitly adding a belief to its own
belief base as a result of executing a plan. The initial beliefs that are part of the source
code of an AgentSpeak agent are assumed to be internal beliefs (i.e., as if they had a
[source(self)] annotation), unless the belief has any source explicit annotation
given by the user (this could be useful if the programmer wants the agent to have an
initial belief as if it had been perceived from the environment, or as if it had been com-
municated by another agent). For more on the annotation of sources of information for
beliefs, see [16].

As will be seen below, annotations can be used to support context sensitive belief
revision, where beliefs of a particular type or from a particular source are preferred to
others when an inconsistency arises.

3.2 Belief Update inJason

Users can customise certain aspects of the (practical) reasonindasbaagent by
overriding methods of thé&gent. This includes, for example, the three user-defined
selection functions that are required by an AgentSpeak interpreter. One of the meth-
ods of theAgent class that can be overridden, which is of interest here, iDtf(§
method. This represents thelief revision functiomommonly found in agent architec-
tures (although the Agents literature often assumes that this function is used mainly for
belief update, rather than revision). To create a customised agent class which overrides
the brf method (e.g., to include a more sophisticated algorithm than the standard one
distributed withJasor), the following method needs to be overridéien

public class MyAgent extends Agent {

public List[] brf(List adds, List dels) {
/I This function should revise the belief base
/I with the given literals to add and delete

/I In its return, List[0] has the list of actual

/I additions to the belief base, and List[1] has
/I the list of actual deletions; this is used to
/I generate the appropriate internal events

® Note that the signature of tHef method as given below is different from what is currently
available inJason but this is how it will be in the next public release.



In the currenflasonimplementation, theérf method receives only a list of additions,
and is used both for belief revision and belief update (i.e., perception of the environment
is followed by a call to this method with literals representing the peréegisr belief
update following perception of the environment, it is assumed that all perceptible prop-
erties are included in the list of additions: all current beliefs no longer within the list
of percepts are deleted from the belief base, and all percepts not currently in the belief
base are added to it. For belief revision, the defarflmethod inJasonsimply adds to
the belief base any belief addition executed within a plan, as well as any information
from trusted sources (note, however, that the source is annotated on the belief added to
belief base, so in practice further consideration of the degree of trust in any belief can
be taken by the programmer).

At present, belief additions (from whatever source)raotchecked for consistency,
with the result that the belief base can become inconsistent, unless much care is taken
by programmers.

4 Requirements for Belief Revision in AgentSpeak

We have two main objectives in our introduction of belief revision in AgentSpeak. First
the algorithm should be theoretically well motived, in the sense of producing revisions
which conform to a generally accepted set of postulates characteraiogal belief
revision. Second, we want the resulting language to be practical, which means that the
belief revision algorithm must be efficient. Our approach draws on recent work [2]
on efficient (polynomial-time) belief revision algorithms which satisfy the well-known
AGM postulates [1] characterising rational belief revision and contraction.

The theory of belief revision as developed by Alchourroard&nfors, and Makin-
sonin[12,1, 13] models belief change of an idealised rational reasoner. The reasoner’s
beliefs are represented by a potentially infinite set of beliefs closed under logical conse-
quence. When new information becomes available, the reasoner must modify its belief
set to incorporate it. The AGM theory defines three operators on belief sets: expansion,
contraction, and revisiorExpansion denotedK + A, simply adds a new belied to
K and the resulting set is closed under logical consequémetraction denoted by
K = A, removes a beliefl from from the belief set and modifids so that it no longer
entails A. Revision denotedK + A, is the same as expansionAfis consistent with
the current belief set, otherwise it minimally modifi&sto make it consistent withl,
before addingA.

Contraction and revision cannot be defined uniquely, since in general there is no
unigue maximal sek” C K which does not implyA. Instead, the set of ‘rational’
contraction and revision operators is characterised by the AGM postulates [1]. Below,
Cn(K) denotes closure ok under logical consequence.

The basic AGM postulates for contraction are:

(K1) K = A= Cn(K - A) (closure)
(K22) K = A C K (inclusion)

” The fact that a literal is a percept rather than other forms of information is explicitly stated in
the annotations: all percepts haveaurce(percept) annotation.



(K:3) If A ¢ K,thenK = A = K (vacuity)

(K=4) If not A, thenA ¢ K - A (success)

(K=5) If A€ K,thenK C (K - A) + A (recovery)

(K=6) If Cn(A) = Cn(B),thenK = A= K - B (equivalence)

AGM style belief revision is sometimes referred to @herenceapproach to belief
revision, because it is based on the ideas of coherence and informational economy. It
requires that the changes to the agent’s belief state caused by a revision be as small
as possible. In particular, if the agent has to give up a belief,iit does not have to

give up believing in things for whicld was the sole justification, so long as they are
consistent with the remaining beliefs.

AGM belief revision is generally considered to apply only to idealised agents, be-
cause of the assumption that the set of beliefs is closed under logical consequence. To
model Al agents, an approach called belief base revision has been proposed (see for ex-
ample [15, 18, 24, 22]). A belief base is a finite representation of a belief set. Revision
and contraction operations can be defined on belief bases instead of on logically closed
belief sets. However the complexity of these operations ranges from NP-complete (full
meet revision) to low in the polynomial hierarchy (computable using a polynomial num-
ber of calls to an NP oracle which checks satisfiability of a set of formulas) [20]. The
reason for the high complexity is the need to check for classical consistency while per-
forming the operations. One way around this is to weaken the language and the logic of
the agent so that the consistency check is no longer an expensive operation (as suggested
in [19]). This is also the approach taken in [2] and adopted here.

The ‘language’ of an AgentSpeak agent is weaker than the language of full classical
logic (the belief base contains only literals) and the deductions the agent can make
are limited to what can be expressed as plans (and, for example, ontology rules). We
introduce belief revision operators in AgentSpeak which satisfy all but one of the AGM
postulates (recovery is not satisfied), but the logical clostiein the postulates is
interpreted as closure with respect to a logic which is weaker than full classical logic.
This allows us to define theoretically sound, but efficient belief revision operations.

Another strand of theoretical work in belief revision is foendationa) or reason-
maintenancestyle approach to belief revision. Reason-maintenance style belief revi-
sion is concerned with tracking dependencies between beliefs. Each belief has a set of
justifications, and the reasons for holding a belief can be traced back through these jus-
tifications to a set of foundational beliefs. When a belief must be given up, sufficient
foundational beliefs have to be withdrawn to render the belief underivable. Moreover, if
all the justifications for a belief are withdrawn, then that belief itself should no longer be
held. Most implementations of reason-maintenance style belief revision are incomplete
in the logical sense, but tractable.

In the next section we present an approach to belief revision and contraction for
resource-bounded agents which allows both AGM and reason-maintenance style belief
revision.



5 The Belief Revision Algorithm

In this section we briefly describe the linear-time contraction algorithm introduced in
[2]. The algorithm defines resource-bounded contraction by a litt@s the removal
of A and sufficient literals from the agent’s belief base so that no longer derivable.
Assume that the agent’s belief base is a directed graph, where the nodes are beliefs
andjustifications A justification consists of a belief andsaipport listcontaining the
context (and possibly the triggering event) of the plan used to derive this belief, for
example:(4, [B,C]), whereA is a derived belief and it was asserted by a plan with
contextB and triggering belief additiod’ (or derived by an ontology rul8, C' — A).
If A can be derived in several different ways, for example, flBnC' and from D
(whereB, C' and D are in the belief base), the graph contains several justifications for
A, for example(A, [B, C]) and(A, [D]). Foundational beliefs which were not derived,
have a justification of the forrD, []). In the graph, each justification has one outgoing
edge to the belief it is a justification for, and an incoming edge from each belief in its
support list. We assume that each supportlisas a designatddast preferrednember
w(s). Intuitively, this is a belief which is not preferred to any other belief in the support
list, and which we would be prepared to discard first, if we have to give up one of the
beliefs in the list. We discuss possible preference orderings and their computation in the
next section. We assume that we have constant time accegs)to
The algorithm to contract a belief is as follows:

For each of A’'s outgoing edges
to a justification (C, s),
remove (C,s) from the graph.

For each of A’s incoming edges
from a justification (A, s),
if s is empty:
remove (A, S);
else:
contract by w(s);
Remove A.

To implement reason-maintenance type contraction, we also remove beliefs which have
no incoming edges.

In [2], it was shown that the contraction operator defined by the algorithm satisfies
(K=1)-(K-4) and (K-6). The agent’s beliefs are closed under logical consequence in
in a logic W which has a single inference rule (generalised modus ponens):

0(A1),...,0(An), VZ(A1 A...N A, — B)
o(B)

whered is a substitution function which replaces all free variables of a formula with
constants.

The algorithm runs in tim& (kr + n), wherek the maximal number of beliefs in
any support listy is the number of plans, andthe number of literals in the belief base

2],



5.1 Preferred Contractions

In general, an agent will prefer some contractions to others. In this section we focus on
contractions based on preference orders over individual beliefs, e.g., degree of belief or
commitment to beliefs.

We distinguishindependenbeliefs, beliefs which have at least one non-inferential
justification (i.e., a justification with an empty support), such as beliefs acquired by per-
ception and the literals in the belief base when the agent starts. We assume that an agent
associates aa priori quality with each non-inferential justification for its independent
beliefs. For example, communicated information may be assigned a degree of reliabil-
ity by its recipient which depends on the degree of reliability of the speaker (i.e., the
speaker’s reputation), percepts may be assumed to be more reliable than communicated
information, and so on.

For simplicity, we assume that quality of a justification is represented by non-
negative integers in the range. .., m, wherem is the maximum size of the belief
base. A value of 0 means the lowest quality amaneans highest quality. We take the
preference of a literall, p(A), to be that of its highest quality justification:

p(A) = maz{qual(jo), - - ., qual(jn)},

wherej, . .., j, are all the justifications for, and define the quality of an inferential
justification to be that of the least preferred belief in its supgort:

qual(j) = min{p(A) : A € support of j}.

This is similar to ideas in argumentation theory: an argument is only as good as its
weakest link, yet a conclusion is at least as good as the best argument for it. This ap-
proach is also related to Williams ‘partial entrenchment ranking’ [25] which assumes
that the entrenchment of any sentence is the maximal quality of a set of sentences im-
plying it, where the quality of a set is equal to the minimal entrenchment of its members.
While this approach is intuitively appealing, nothing hangs on it, in the sense that any
preference order can be used to define a contraction operation, and the resulting op-
eration will satisfy the postulates. To perform a preferred contraction, we preface the
contraction algorithm given above with a step which computes the preference of each
literal in the belief base, and for each justification, finds the position of a least preferred
member of the support list. The preference computation algorithm can be found in [2].

We then simply run the contraction algorithm, to recursively delete the weakest
member of each support in the dependencies graph of

We define thevorth of a set of literald” asworth(I") = maxz{p(A) : A€ I'}. In
[2] it was shown that the contraction algorithm removes the set of literals with the least
worth. More precisely:

Proposition 1. If contraction of the set of literals in the belief ba&eby A resulted in
removal of the set of literalg’, then for any other set of literals” such thatk’ — I
does not implA, worth(I") < worth(I™).

8 Literals with no supports (as opposed to an empty support) are viewed as having an empty
support of the lowest quality.
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The proof is given in [2]. Computing preferred contractions involves only modest com-
putational overhead. The total cost of computing the preference of all literals in the
belief base i) (nlog n + kr), wheren the number of literals in the belief bageis the
maximal number of beliefs in any support list, anthe number of plans. As the con-
traction algorithm is unchanged, this is also the additional cost of computing a preferred
contraction. Computing the most preferred contraction can therefore be performed in
time linear inkr + n.

5.2 Revision

In the previous sections we described how to contract by a belief. Now let us consider
revision, which is adding a new belief in a manner which does not result in an inconsis-
tent set of beliefs.

If the agent is a reasoner in classical logic, revision is definable in terms of con-
traction and vice versa using Levi identify Jﬁ (K = =A) + A and Harper identity
K- A% (K1 -4)nK (see[13]).

However, revision and contraction are not inter-definable in this way for an agent
which is not a classical reasoner, in particular, a reasoner in a logic for which it does
not hold thatK + A is consistent if, and only ifK 1/ = A. If we apply the Levi identity
to the contraction operation defined earlier, we will get a revision operation which does
not satisfy the belief revision postulates. One of the reasons for this is that contracting
the agent’s belief set by A does not make this set consistent withso(K - -A)+ A
may be inconsistent.

Instead, we define revision of the set of literals in the belief Hadey A as(K +
A) = L (add A, close under consequence, and eliminate all contradictions).

Algorithm: revision by A

Add A to K;
apply all matching plans;

while there is a pair (B, "B) in K:
contract by the least preferred member of the pair

In[2], itis shown that this definition of revision satisfies all of the basic AGM postulates
for revision below apart from (K2):

(Kil) K+ A=Cn(K + A)

(Ki2) Ac K+ A

(Ki3) Ki ACK+A

(K+4) If {A} U K is consistent, thei + A = K 1 A°
(K+5) K + Aisinconsistent if, and only ifA is inconsistent.
(K+6) If Cn(A) =Cn(B),thenK + A=K + B

® We replaced~A ¢ K’ with * {A} U K is consistent’ here, since the two formulations are
classically equivalent.
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6 Belief Revision inJason

Future releases dlasonwill include an alternative definition of thierf() method dis-
cussed in Section 3.2 which implements the belief revision algorithm presented above.
A belief to be added to the belief base, passed to this new implementatioi) wiay be
discarded or may result in the deletion of some other belief(s) in order to allow the new
belief to be consistently added to the belief base. Which beliefs are effectively deleted
is determined by a user-specified preference order (see below).

The only change to the AgentSpeak interpreter code that was necessary to facilitate
the implementation of the belief revision algorithm, was to explicitly include in any
internal belief change, the label of the plan that executed the belief change. For example,
if at a particular reasoning cycle, the intended means (i.e., plan instance) chosen for
execution is @plte : ct <- +b. ", the beliefb is annotated with glan(pl) "~
(in addition tosource(self) , as normally) before addirigto the belief base.

The graph used by the belief revision algorithm is implemented in terms of two
lists for each belief: the “dependencies list” (the literals that allowed the derivation of
the belief literal in question), and the “justifies list” (which other beliefs the literal in
question justifies, i.e., it appears in their dependencies'figach belief to be added
has an annotatiorptan() " recording the label of the plan instance that generated it,
which can be used to retrieve the necessary information regarding the antecedents of the
belief from the plan library (together with the unifier used in that plan’s instance in the
set of intentions). For example, if the plan that generated the belief changebkénas
the form “‘@pte : 4 & ...& [, <- bd", wherete is a triggering event antt a
plan body, the support list of the justification is simply the (ground) literals from the plan
context, “[4,.../,]". Note that if the triggering eventye, is itself a belief (addition),
the literal inte is included together with the context literals in the support list. Further,
for each literal ini4, ..., [, we add the justification to the literal's “justifies” list. We
also record the time at which the justification was added to the relevant list.

In addition to the “dependencies” and “justifies” lists, the belief revision algorithm
also requires the definition of a partial order relation specifying contraction preference.
To allow for user customisation, this is defined as a separate method that can also be
overridden. The default definition of this method gives preference to perceived infor-
mation over communicated information (as also happens in [23]), and in case of in-
formation from similar sources, it gives preference to newer information over older
information (this is why the time when a justification was inserted is also annotated, as
explained above).

The implementation described above is conservative in revising only the agent’s
belief state. The agent’s plans are considered part of the agent’s program and are not
revised (though revising, e.g., plans received from other agents would be an interesting
extension). Similarly, when revising beliefs derived using ontological rules, we assume
the ontology used by the agent to be immutable and consistent and that it is consis-

10 Note that the “dependencies” and “justifies” lists are associated with each unique belief, i.e.,
a ground belief atom and the annotations with which it is asserted into the belief base, rather
than the internalason representation of the belief which holds all annotations for a given
ground belief atom in a single list.
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tent with every other ontology it references. Moreowetentionrevision remains the
responsibility of the programmer. Changes in the agent’s intentions following the re-
moval of beliefs to restore consistency must be programmed using the apprdpriate
sonmechanisms. All belief changes, regardless of whether they are internal, communi-
cated, or perceived can lead to the execution of a plan which could be used, for example,
to drop an intention. If the belief revision algorithm has to remove any beliefs to en-
sure consistency, this will also generate the appropriate (belief-deletion) internal events,
which in turn can trigger the execution of a such plans to revise the agent’s intentions.

7 An Example

To illustrate the importance of belief revision in the context of AgentSpeak, we present
a simple example of an agent that buys stocks from the stock market. The agent receives
financial information (or guesses) from other agents, some of which can be trusted (or
are currently considered trustworthy), and it also has access to Web Services which filter
relevant newspaper stories and provide symbolic versions of such news for stock market
agents. As these web services are authenticated, this corresponds to actual perception
of the “environment”.

Suppose our agent receives a message, tell, salesUp(c1)) and its plan library
has the following plan:

+salesUp(C)[source(A)]
. wellManaged(C) & trust(A)
<- +goodToBuy(C).

When the ©plan is executed, thebrf() method will then add

goodToBuy(cl)[source(agl)] to the belief base with
[salesUp(cl), wellManaged(cl), trust(agl)] in its “dependen-
cies” list, and goodToBuy(cl) is added to the “justifies” lists of the beliefs
salesUp(cl) , wellManaged(cl) , andtrust(agl) . In the context of the

overall agent program, the idea is that if the agent ever comes to have the goal of
buying stocks, it can make use of beliefs suclyasdToBuy , together with various
other conditions, to decide which specific stocks to buy.

Now assume that from the financial news web service, the agent acquires the belief
stocks(c2,10)[source(percept)] , which means that compam2’s stocks
are up by 10 points, and the agent also believesrthal(c2,c1) (i.e., that com-
paniesc2 andcl are competitors), so that increase in the stocks of one of them tend
to lead to decrease in the other’s stocks. Assume further that the agent happens to have
the following plan:

+stocks(C,P)
. P > 5 & rival(C,R)
<- +~ goodToBuy(R).

When the plan is executed, the attempt to simply-agdodToBuy(cl) to the belief

base would not be carried out because it would result in an inconsistent belief state.
With the available contraction preference relation, it is not difficult to see that in this
instance, the algorithm would contraggodToBuy(c1) because its support is based
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on communicated information which is less reliable than the observed information from
which~ goodToBuy(cl) was derived.

As can be seen, the belief revision algorithm takes care of ensuring that inconsisten-
cies such aggoodToBuy(cl) A~ goodToBuy(cl) ) neveroccurinthe belief base.
Moreover, the data structures used by the algorithm (the dependencies and justifications
lists) allow it to automatically revise the belief base in ways that previously would re-
quire major programming efforts from the user. For example, suppose the agent receives
news that a crooked CEO has just been fired fodmThe agent is likely to have a plan
to update its beliefs aboutl being well managed as a consequence of such new in-
formation about the CEO. If the user has chosenrfason-maintenance stytd the
algorithm, and there is no other justification fmodToBuy , then the algorithm would
remove not only thevellManaged(cl)  belief, but also thggoodToBuy(cl) be-
lief because the latter depends on the former. Similarly if for some reason the agent
later finds out thaag1l is not trustworthy after all.

However, with the user choosing tleeherence stylef the algorithm, removing
wellManaged wouldnotremovegoodToBuy . Although in this example the reason-
maintenance style is clearly more adequate, in other applications the coherence style
might be more useful. In any case, it is clear that without the use of an automatic belief
revision algorithm, it would be very difficult for a programmer to ensure such kind of
revision would occur appropriately at all times. This would require that the programmer
developed an application-specificf method, or else writing specific plans to handle
all possible events (due to belief changes) that might affect any such inferences.

8 Conclusions and Future Work

As multi-agent programming languages become richer, it becomes harder for program-
mers to ensure that the belief states of agents developed using these languages are kept
consistent. In this paper we briefly summarised the rationale for including automatic be-
lief revision in an agent programming language. Using the AgentSpeak programming
language as an example, we showed how a number of features recently added to the
language dramatically increase the need for automatic belief revision. We motived the
choice of a polynomial-time belief revision algorithm and described its integration into
theJasonAgentSpeak interpreter. We also gave a simple example which illustrates the
utility of such an automatic belief revision mechanism in a practical multi-agent sys-
tem application, and sketched how it can significantly reduce the programming efforts
required. We believe that other agent-oriented programming languages and their plat-
forms [5], which currently push responsibility for maintaining a consistent belief state
onto programmers, can also benefit from our approach.

We are aware of a number of limitations of the work presented here. In future work,
we plan to further explore the issue of the interaction of belief revision witlJalsen
extension that allows the belief base to refer to OWL ontologies and uses ontological
reasoning as part of the AgentSpeak interpreter [17], and to address the issue the infer-
ences that occur from complex test goals. On the more practical side, we plan to develop
large-scale agent applications to assess the performadesaiwith belief revision.
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Abstract. In this paper we propose a foundational ontology of the social con-
cepts of organization and role which structure institutions. We identify which
axioms model social concepts like organization and role and which properties
distinguish them from other categories like objects and agents: the organizational
structure of institutions, the relation between roles and organizations, and the
powers among the components of an organization. All social concepts depend on
descriptions defining them, which are collectively accepted, and the description
defining the components of organizations, including roles, are included in the
description of the organizations they belong to. Thus, the relational dependence
of roles means that they are defined in the organizations they belong to. Finally,
powers inside organizations are defined by the fact that components of an orga-
nization can access the state of the organization whose definition they depend on
and of the other components, thus violating the standard encapsulation principle
of objects.

1 Introduction

In order to constrain the autonomy of agents and to control their emergent behavior
in multiagent systems, the notion of organization has been applied [1]. According to
Zambonelliet al. [2] “a multiagent system can be conceived in terms of an organized
society of individuals in which each agent plays specific roles and interacts with other
agents”. For Zambonelket al. “an organization is more than simply a collection of
roles [...] further organization-oriented abstractions need to be devised and placed in
the context of a methodology [...] As soon as the complexity increases, modularity and
encapsulation principles suggest dividing the system into different sub-organizations”.

There is not yet a common agreement, however, on how to model organizations and
roles, and, in particular, which are the ontological assumptions behind them. For exam-
ple, departments and roles are parts of an organization, but they do not exist without it.
Can organizations be explained by means of agent based models? Or can they be better
modelled with the object oriented paradigm?

Since the existence of institutions depends on what Searle [3] calls the construc-
tion of social reality, it is possible that institutions, organizations and roles have very
different properties with respect to objects or agents. Searle argues that social reality
is constructed by means of so called “constitutive rules” which state what “counts as”
institutional facts in the institution. Constitutive rules define institutions: they exist only
because of the collective acceptance of constitutive rules by a community.

Searle’s construction of social reality does not explain all issues, in particular, the
fact that some institutions have a structure in terms of sub-institutions and roles. We
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will call them organizations. Thus Searle’s analysis is not a sufficient starting point
for a foundational ontology, that specifies which are the properties distinguishing social
reality from objects and agents. We need to know the axioms which allow to distinguish
them from, rather than specifying all the properties of organizations, including those in
common with agents. Thus the research questions of this paper are:

— How do organizations and roles differ from objects and agents?
— How can a foundational ontology of social entities, like organizations and roles, be
constructed?

In [4-6] we start studying some properties of social entities. However, these works
are based on a very specific multiagent framework, which uses the so called agent
metaphor, i.e., the attribution of mental attitudes to social entities to explain them.

So in this paper we analyse organizations using an axiomatic ontology and we con-
sider additional properties. The methodology we choose is to extend the ontology of
Masoloet al. [7]. The main properties of their framework are three. First, it allows to
express the fact that social concepts are defined by means of descriptions. Second, it
explains the definitional dependence of a role from another concept and the relational
nature of roles. Last, it offers a temporalized classification relation, used for modelling
the fact that roles are anti-rigid.

We extend Masolet al. [7]'s axiomatic ontology to model institutions and their
organizational structure, to explain the asymmetry in the relations defining roles, and
to introduce the notion of power relations internal to the organizations. With this work
we want to justify the decisions taken in our other works about normative systems,
organizations and roles, showing that they all share a common denominator. Second,
we want to show that current object oriented representation languages like UML can be
extended using the ontology developed in this work, so to ensure a large applicability.

This paper is structured as follows. First, we consider the differences between social
reality and objects and agents. In Section 3, we present Mas@lb [7]'s model. In
Section 4, starting from the limitations of [7] we extend it to define the foundational
ontology. In Section 5, we consider the relation of this ontology with our other works.
Conclusions end the paper.

2 The properties of organizations

The role of knowledge representation and software engineering is to provide models
and techniques that make it easier to handle the complexity arising from the large num-
ber of interactions in a system [8]. Models and techniques allow expressing knowledge
and supporting the analysis and reasoning about a system to be developed. As the con-
text and needs of software change, advances are needed to respond to changes. For
example, today’s systems and their environments are more varied and dynamic, and
accommodate more local freedom and initiative [9].

For these reasons, agent orientation emerged as a new paradigm for designing and
constructing software systems [8,9]. The agent oriented approach advocates decom-
posing problems in terms of autonomous agents that can engage in flexible, high-level
interactions. Much like the concepts of activity and object that have played pivotal roles
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in earlier modelling paradigms - Yu [9] argues - the agent concept can be instrumental
in bringing about a shift to a much richegcially-oriented ontologyhat is needed to
characterize and analyze today’s systems and environments.

The notions of institution, organization and role are part of this socially-oriented
ontology. It is not clear, however, if the ontological assumptions behind this kind of
entities are the same which underlie objects and agents. Many approaches recognize
as properties of social entities their being the addressee of obligations [10], like agents
are, the delegation mechanisms among roles [dtt],Organizations are modelled as
collections of agents, gathered in groups [1], playing roles [8, 12] or regulated by orga-
nizational rules [2]. We focus instead on the distinguishing properties of social concepts
of organization and role.

Consider, for example, an organization which is composed by a direction area and a
production area. The direction area is composed by the CEO and the board. The board
is composed by a set of administrators. The production area is composed by two pro-
duction units; each production unit by a set of workers. The direction area, the board,
the production area and the production units sub-organizationsin particular, the
direction area and the production areas belong to the organization, the board to the
direction areagtc The CEO, the administrators and the members of the production
units areroles, each one belonging to a sub-organization, e.g., the CEO is part of the
direction area. This recursive decomposition terminates with roles: roles, unlike organi-
zations and sub-organizations, are not composed by further social entities. Rather, roles
are played by other agents, real agents who have to act as expected by their role.

Besides the decomposition structure, as we argue in [6] in organizations we have
relations among the components of the organization which specify which are the pow-
ers of each component to modify the institutional properties of the other component
institutions. This relation does not necessarily matches the decomposition hierarchy.
For example, the senior board member has the power to command other members of
the board to participate to a board meeting, even if it is at the same decomposition level
of the other members. Moreover, the head of a department can give commands to the
other members of the department even if they are roles all at the same level. Viceversa,
the CEO and the board can take decisions for the whole organization they belong to, for
example, committing it to pay for a purchased good.

Is it possible to model such structures in the object oriented paradigm? The object
oriented paradigm is based on the idea that software design and implementation can be
inspired by our commonsense view of the reality made of objects. For Booch [13] a
basic property of objects is that they can be decomposed. Decomposition allows coping
with complexity: “the most basic technique for tackling any large problem is to divide it
into smaller, more manageable chunks each of which can then be dealt with in relative
isolation”. Isolation is the idea that code should be encapsulated in classes hiding the
implementation of the objects’ state; thus, other objects can access an object’s state
only via its public interface. Decomposition means that an object can include other
objects which exist independently of it, like they were parts of the object. But even the
components of an object can access it only via its public interface (and vice-versa) to
preserve the encapsulation principle.
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In case of organizations, the situation is different. First, in the decomposition struc-
ture: the components of an organization do not exist independently from the organiza-
tion itself. For example a department does not exist without the organization it belongs
to. If an organization goes bankrupt its departments do not exist anymore and similarly
the roles in them (there is no CEO nor employee anymore). Viceversa, an organization
can close a department without necessarily giving up its identity. Second, the notion of
power inside an organization conflicts with the encapsulation principle of objects.

One alternative could be to see whether organizations can be modelled as agents, but
again some difficulties arise. First of all, organizations can have organizations as their
parts, while it is debatable whether agents can have parts which are homogeneous with
the whole. Moreover, agents can play roles but they cannot have roles as their parts.

However, some form of decomposition should be added to multiagent systems, as
noticed by Zambonelliet al. [2]: agents alone, and also roles, are not sufficient to deal
with the complexity of a system; an organizational structure added to a multiagent sys-
tem fosters modularity and encapsulation.

A bigger problem is that while agents are autonomous, organizations and roles are
not, in two senses. First of all, roles’ decisions are taken by the players of the roles:
the actions of their players count as decisions of the roles. Analogously, the organi-
zations take a decision on the basis of the decisions of their roles (e.g., the CEO) or
sub-organizations (e.g., the board). These relations among decisions are expressed via
constitutive rules. Second, a role is not autonomous in the sense that it cannot decide
which goals to adopt. Rather, the goals representing the responsibilities of a role are
delegated to it by other roles or by the organization itself. For example, an employee
can be commanded to perform a task by its director. Analogously, the role’s beliefs are
assigned to it by other roles and organizations: consider the case of an advocate in a
trial who has to show to believe and to support the belief that his client is innocent even
if he privately believes otherwise.

We do not consider in this paper, instead, the control structure of organizations,
which, e.g., [11] discuss.

Again these relations are expressed via constitutive rules, saying, e.g., that a deci-
sion of another role counts as the adoption of a goal by a role. Constitutive rules have
been introduced by Searle in its construction of social reality:

“Some rules regulate antecedently existing forms of behaviour. For example,
the rules of polite table behaviour regulate eating, but eating exists indepen-
dently of these rules. Some rules, on the other hand, do not merely regulate an
antecedently existing activity called playing chess; they, as it were, create the
possibility of or define that activity. The activity of playing chess is constituted
by action in accordance with these rules. The institutions of marriage, money,
and promising are like the institutions of baseball and chess in that they are
systems of such constitutive rules or conventions” ([14], p. 131).

For Searle, regulative and constitutive norms are related via institutional facts like
marriage, money and private property. They emerge from an independent ontology of
“brute” physical facts through constitutive rules of the form “such and such an X counts
as Y in context C” where X is any object satisfying certain conditions and Y is a label

20



that qualifies X as being something of an entirely new sort. E.g., “X counts as a presid-
ing official in a wedding ceremony”, “this bit of paper counts as a five euro bill” and
“this piece of land counts as somebody’s private property”.

As we say in [6, 15] constitutive rules define the powers among roles and organiza-
tions. Powers are behaviors which affect the internal state of another entity (the decision
and obligations of an organization, the goals and beliefs of aeti¢ [6]. In particular,
in the example above we can distinguish three kinds of power of roles, which we extend

here also to sub-organizations:

— Actions of a sub-organization or of a role that are recognized as actions of the
organization: e.g., a CEO's signature on a buy-order, or a decision of the board, is
considered as a commitment of its organization to pay for the requested good.

— Actions of the agent playing the role that can modify the state of the role itself.
E.g., a director can commit itself to new responsibilities.

— Interaction capabilities among sub-organizations and roles in the same organiza-
tion. The CEO or the board can send a message to another role, e.g., a command to
an employee.

Powers do not only violate the autonomy of organizations, but they violate also the
standard encapsulation principle in object orientation described above: a sub-organization
or a role which are part of an organization can access the private state of the organiza-
tion they belong to and of other roles and vice versa (but not the state of the agents
playing them, which are autonomous).

If we consider the current ontological analyses of social reality, we find that fur-
ther differences between organizations and objects and agents have been identified.
When roles are considered as predicates like natural kinds (from the linguistic analogy
between “John is a person” and “John is a student”), as e.g. [7] do, then there is an
asymmetry: John can stop being a student, but he cannot stop being a person. A role
like student is anti-rigid because persons are only contingently students. This is a prob-
lem for the notion of class used in agent and object orientation which lacks of dynamic
reclassification.

Furthermore, roles and sub-organizations are defined in relation to the organizations
they belong too. In contrast, the other kinds of entities are defined independently of one
another’s definition (albeit in their definitions other concepts are used). This is called
definitional dependencé&his property cannot be accounted for by the current view of
object orientation and agent orientation.

Finally we will not consider here the problem of collective acceptance of institu-
tions: institutions do not exist by themselves but they exist only if their definitions in
terms of constitutive rules are collectively accepted by the community of agents.

3 Background

Masoloet al.[7] present a formal framework for developing axiomatical ontologies of
socially constructed entities, and study the ontological nature of roles. Social entities
and roles exist just because of social conventions, i.e., constitutive rules accepted by
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communities of agents: these can be social concepts like organization, nation, money,
or social individuals like the DALT workshop or the FIAT company.

In Masoloet al.[7] roles are ‘properties’ according the position defended by Sowa [16]:
roles can be ‘predicated’ of different entities, i.e., different entities can play the same
role. The basic properties of roles are the anti-rigidity and being founded. According to
Guarino and Welty [17] the definition of foundation is: “a propedtys founded on a
propertyb if, necessarily, for every instanaeof a there exists an instangeof b which
is not ‘internal’ toz”. The notion of ‘internalness’ is complex: e.g. qifis a car, things
internal to it can be parts of it (its wheels), but also constituents of it (the metal it is
made of) or qualities of it (its color). To avoid all trivial cases, Fine [18] introduces
another notion of dependence: “to say that an objedpends upon af' is to say that
an F' will be ineliminably involved in any definition af”.

This notion can be generalized to properties considering that a propéstgef-
initionally dependenbn a propertyb if, necessarily, anylefinition of a ineliminably
involvesb. To model this fact ‘definitions’ are explicitly introduced in the domain of
discourse. [7] consider ‘reified’ social concepts and roles, as well as their descriptions,
i.e, the ‘social conventions’ that define them. This allows to formally characterize in a
first-order theory the relationships among all these entities and to talk of roles as ‘first-
class citizens’, similarly to more common entities like objects, events,

[7]'s approach is based on a distinction between the properties and relations in the
ground ontology (like DOLCE [19]) and those at the object level representing the social
reality. The former ones are represented as predicates and therefore assumed as static,
rigid, extensional, and not explicitly defined or linked to a description (i.e., the primitive
predicates of the theory). The latter ones (called “concepts”) are reified and not neces-
sarily static, rigid, and extensional and for which it is possible to explicitly describe
some aspects of the conventions that define them (called “descriptions”).

Social concepts, denoted BYV (z) are defined DF’) or used U S) by descriptions
(DS) and they classify@ F') other individuals:DF(x, y) stands for “the concept is
defined by the descriptiogi’ to deal with the social, relational, and contextual nature of
social conceptd/S(z,y) stands for “the concept is used by the descriptioyt; they
introduce a temporalized classification relation to link concepts with the entities they
classify, while accounting for the dynamic behavior of social rafeB(z, y,t) stands
for “at the timet, z is classified by the concept or, more explicitly, “at the time, =
satisfies all the constraints stated in the descriptiogi of

In the axioms defining [7]'s theoryy D(z) stands for % is an endurant”, i.e., an
entity that is wholly present at any time it is present, e.g., a book, Hakodate, a law, some
metal,etc. NASO(x) stands for % is a non-agentive social object”, i.e., an endurant
that: (i) is not directly located in space and, has no direct spatial qualities; (ii) has
no intentionality; (iii) depends on a community of intentional agents, e.g., a law, an
organization, a currency, an asseét; 7'L(x) stands for ¥ is a temporal location”, i.e.,
a temporal interval or instanf(z, y) stands for % is part-ofy”, for perdurants and
temporal locationsPRE(z, t) stands for % is present at the tim&.

We report here the most important axioms of their theory. Concepts, and descrip-
tions as well, are non-agentive social objects; concepts are linked to descriptions by the
relations used-byl(.S) and defined-byDF). Theorem T2 below captures the fact that
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a concept must be defined by a single description. This is not true fér $hielation:
concepts can be used by different descriptions.

(Al) DS(z) D NASO(x)

(A2) CN(z) D NASO(z)

(A3) DS(z) D ~CN(z)

(A4) US(z,y) > (CN(x) A DS(y))

(A5) DF (z,y) D US(z,y)

(A8) (DF(z,y) NDF(z,2)) Dy ==z

(T1) DF(x,y) > (CN(x) A DS(y))

(T2) CN(z) D y(DF(z,y))

(A11) CF(z,y,t) D (ED(x) ANCN(y) ANTL(t))

(A14) C’F(:E, Y, t) o jC(F‘(ya &, t)

(A15) (CF(z,y,t) NCF(y,z,t)) D -CF(x,z,t)

The properties of anti-rigidity4 R) and foundation ¥ D) for roles can be defined
in this formalism. A concept is anti-rigid if, for any time an entity is classified under it,
there exists a time at which the entity is present but not classified under the concept:

(D1) AR(z) =4 Vy, t(CF (y,z,t) D 3t'(PRE(y,t') N =CF(y, z,t")))

A conceptz is founded if its definition involves (at least) another conaggefatefini-
tional dependence) such that for each entity classified,lifiere is an external entity
classified byy:

(D2) FD(z) =g Jy, d(DF(z,d) NUS(y, d)A

Vz,t(CF(z,z,t) D 32 (CF(2',y,t) A =P(z,2',t) AN =P(Z, 2,1)))

Roles are anti-rigid and founded:

(D3) RL(z) =4f AR(z) A FD(x)

Masoloet al.[20] extend [7]'s framework introducing explicitly a relation between
an institution and a role to express that a role like student is relationally dependent, e.g.,
for a person to be a student it requires the existence of another entity, namely a certain
university, to which this person is related by an enrollment relation. As Steimann [21]
shows, this view of roles as anti-rigid and relationally dependent predicates is supported
by the vast majority of approaches in the conceptual modeling and object-modeling
literature.

Roles can be defined on the basis of a relation whose arguments are characterized
by specific properties. For example, the role of ‘being a student’ can be defined as: “a
student is a person enrolled in a university”. In this case, ‘being a student’ is defined
on the basis of ‘being enrolled in’, ‘being a person’, and ‘being a university’. Formally,
considering the previous properties as predicates, this definition can be formulated as:

Student(z) =qf Person(z) A Jy(enr(z,y) A University(y))

But given a specific relation of arity n, it is possible to define different predi-
cates. For example, in the case of the relation(z, y) D (Person(xz)AUniversity(y)),
the predicaté=nrollingUni can be defined as:

EnrollingUni(x) =q Jy(enr(y,x))

Hence the authors are aware that there is an asymmetry in the relation defining roles.
EnrollingUni has exactly the “same logical form” &udent, but this does not imply
that EnrollingUni is a role. Let us assume a theory containing an axiom stating that,
necessarily, universities enroll at least one student, i.e., when a university loses all its
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students, it ceases to be a university. In this theory, ‘being an enrolling university’ is a
rigid property of universities, and therefore it cannot be a role (assubhirigersity as
rigid). In addition, the two predicatdsnrollingUni andU niversity coincide from an
extensional point of view (since all universities are enrolling universities) and they can-
not be distinguished by means of the theory. In this case, the predicaidlingUni
seems “redundant” with respect to the predidateversity because they are provably
equivalent.

To extend [7]'s framework to take into account the reificatiomedry relations,
[20] introduce a classification relation where a relatida considered in the domain of
quantificationCF'(z1, . .., x1, r, t) stands for “at the time, the individualsry, . .., =,
are classified by the relatiori. Second, they extend the primitivéd3F" andU S to the
reification of predicates in general, i.e., both concepts and relations.

The fact thatStudent and EnrollingUni are concepts defined on the basis of the
same relatiornr is represented by the fact th&tudent, EnrollingUni, andenr are
used in the same descriptiah Moreover, a link between a relation and the concepts
it defines is necessary to avoid the symmetry with the other arguments of the relation.
They thus introduce the predicatg with df (x, y) standing for “the (relational) concept
z is defined by the relation”. Clearly, in order to define a relational concepta
description needs to use the relatiphy whichz is defined:
(DF(z,d) Ndf(z,y)) D US(y,d).

4 The ontology of organizations

4.1 Ontological requirements

Summarizing the discussion in Section 2, the basic properties of institutions, organiza-
tions and roles are that, first, organizations have an organizational structure in terms of
sub-organizations and roles. Second, roles are defined by the organizations they belong
to. The decomposition hierarchy of the organizational structure, however, is not based
on the part-of relation of objects. In particular, it is transitive (a role in a department is
part of the organization the department belongs to), but the parts do not exist without
and before the whole. Third, there is another type of relation among the parts of an
organizations, specifying which components have power on other components.

The formal framework of Masolet al. [7] is the suitable starting point for defining
a foundational ontology of organizations and roles. Our requirements, however, are not
fully satisfied in their axiomatization.

First of all, they do not consider the structure of social entities. They do not define
sub-organizations nor roles as parts of organizations. So a social entity does not have a
recursive decomposition structure. Roles have been recognized as depending on some
other entity which is used in their definition, but they are not defined in the entity they
depend on. Moreover, we need to extend this dependence relation to specify that also
sub-organizations, and not only roles, depend on the organizations.

Moreover in [7] there is no notion of power, that is the possibility that the com-
ponents of an organization can affect the state of each other. However, they offer the
notion of a description defining an institution, which we will use for introducing power.
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The extended framework of [20] is a closer starting point for our axiomatization.
The introduction of an explicit relation between an institution and a role explains the
link between them. But still they do not capture the fact that a role is part of the institu-
tion and it is defined by it as we claim.

We will fulfill the above requirements in our ontology in the following way. The
organizational structure of an institution is defined exploiting the fact that a social entity
is defined by a description. We say that a sub-organization or a role are defined by a
description which is part of the description defining the institution they belong to. This
explains also why the relations associating roles to institutions are asymmetric and why
roles are part of the institution and not only involved in a relation with the institution.

Concerning power, we have to model the fact that a behavior of an organization or
role can access the state of another organization or role where institutional facts are
represented as private behaviors or private properties. A behavior can be an action, in
an agent setting, or a method, in an object oriented one which makes an institutional
change; a property can be a goal, a belief, an obligation of an organization or role,
etc The fact that a description of an organization contains the description of a sub-
organization allows the components of the organization to access each other. The idea
is that all components of an organization are defined at the same time and by the same
author, thus it is safe that the private methods or actions and private properties of a
component can be accessed by another component’s methods or actions. A behavior or
a property can be accessed by a behavior not only when it is public, but also when it is
private. The condition is that the accessed entity is an organization and the entity who
is accessing it is a component of that organization or belongs to the same organization
(e.g., when a role accesses another role). In these cases we say that the behavior is a
power.

4.2 Concepts and relations

In the ontology we define the following predicates used in the definitions below:

— The predicates social conceftN and descriptionDS are borrowed from [7].
Moreover, we need the concept of behaBst and propertyPROPto model meth-
ods or actions and properties of entities, either real or social.

— The part-of relationP is extended to hold between descriptions: a descripfion
of a concept can useJ/ S other concepts, but it can also include the definition of
another concept. We assunikis a transitive property and that a part (pre)exists
independently of the whole:

P(a,b) D It(PRE(a,t) N\—-PRE(b,t))

— The classification relatio@'F is extended as in [20] to relations; we omit the tem-
poral index when it is not necessary.

— The relationdefined-byrelates concepts and descriptia$’(c, d): the concept
(CN(e)) is defined by the descriptiah (DS (d)). The defined-by relation is used
also to define the relatioMDF which identifies a minimal description of a con-
ceptc: a description which cannot be reduced without being unable to define the
concept.

MDF(c,d) =4 DF(c,d) AN—=3d'P(d’,d) N DF(c,d’)
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Note that to have non-minimal descriptions we have to change Axiom A8 of [7]
(and thus theorem T2), so that only minimal descriptions are required to be unique:
(A8) (MDF(z,y) AMDF(z,2)) Dy ==z

— Besides describing concepts, descriptions define relations between concepts and
their properties and behaviors (e.g., methods and actions). We distinguish two kinds
of relations between a concept and a property or behguibiic andprivate. This
captures the idea usual in programming languages or in modelling languages like
UML that some properties and behaviors are accessible (properties can be visible
or modified, and behavior invoked) by other entities while some others are not. In
Section 4.4 we show that privately accessible properties and methods play a role in
the definition of powers of organizations and roles.
Thus, in order to define accessibility we reify the two special relatwivate and
public. CF(c, i, private) means that the conceptand the property or behavier
are classified by thprivaterelation defined by descriptiah D F'(private d).
CF(c,1,private) > ED(c) A (BH(:) V PROR?))

— The access relation specifies when behaviors associated to entities can access the
behaviors and properties of other entities:
access(x,a,y,b) D BH(a) A (BH(b) V PRORD))
This access relation is expressed in terms of public properties and behaviors, but it
is also defined in more complex terms when we have organizations.

4.3 The structure of organizations

The first requirement of a foundational ontology is that organizations are institutions
which have a structure. We do not introduce here a primitive part-of relation between
organizations and suborganizations, nor we canfasence we need different prop-
erties, like the fact that the parts do not exist without the whole. An organizati®n
part-of IP another organizatior if it is defined inside the minimal description defin-

ing the other one. Note that we need a minimal description, otherwise we could have a
descriptiond which is the union of two (minimal) description’ andd” defining two
unrelated concepts. Requiring a minimal description thus means that the definition of
is essential to defin€.

IP(c, ') =4 3d, d MDF(c,d) AMDF(¢',d") A P(d,d’)

Since theP relation between descriptions is transitive, alsolfeelation is tran-
sitive: a role which is part of a sub-organization of an organization, it is also part of the
organization.

The following axiom states that if a sub-organizatiaa part of organization’ then
the concept’ is used in the definition of.

(B1) IP(c,¢’) D 3d MDF(c,d) AUS(c',d)

We can use théP predicate to define our notion of definitional foundatidRD.

Our definition is a revised version of the founde® predicate of [7]. It captures the

idea that an instance of sub-organizations and roles is not only an instance of a concept
which is part of (P) another concept, but it requires the existence of an instance of such
concept.
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Fig. 1. An example of organization.

Definition 1 (Definitional foundation).

DFD(z) =4
Jy IP(z,y)AVz, ¢t (CF(z,2,t) D 32/ (CF(Z,y,t) A= P (2,2, t) \~P(2, 2, 1))
We write also:
DFD(z, ) =4
IP(z,y) AVz,t (CF(z,x,t) D 32/ (CF(,y,t) N=P(z,2',t) N ~P(Z, z,1)))

The difference with respect to théD predicate of [7] is that it does not require that
a concept is used in a definition of but that the definition is part of another concept.

Which is the relation between the two definitions? D property is stronger
thanF D since we assume Axiom B1.

Theorem 1.
From Axiom B1 and from the fact that MDFE, d) D DF(z, d) we have:
DFD(z) D [y, d DF(z,d) AUS(y,d)A
Vz,t (CF(z,z,t) D 32" (CF(#,y,t) A=P(z,2',t) N\=P (%, 2,t)))] D FD(x)

We can introduce now our definition of institutions, organizations and roles. Institu-
tions are simply social concepts defined by descriptions, organizations are institutions
which have sub-organizations and roles as their parts, sub-organizations are organiza-
tions which are definitionally founded on some organization and roles are anti-rigid
definitionally founded concepts, and there is no institution dependent on them.

Definition 2 (Institutions, organizations and roles).
INST(z) =4¢ CN(x)
ORG(X)=4s INST(z) A 3y DFD(y, x)
S-ORGz) =4 ORGz) A DFD(x)
RL(X)=4 AR(x) A DFD(z) A ~3y DFD(y, z)
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In the following example a simple organization composed by one institution with
one role is illustrated:

Example 1.

¢ is an organization which is minimally defined by descriptin(see Figure 1).
It has a private behaviar and a public property,. Descriptiond; includes also a
subdescriptionls which is the minimal description of the concept a role ofcy. ¢y
has a private propert.

DS(dy), DS(d2),CN(c1),CN(e2), BH(i1), PRORG2), BH(i3) P(d2, dy)
MDF(c1, d1), MDF(c3, d2), MDF(dy, private), MDF(d;, public), MDF(d., private)!
CF(cy1,11, private), CF(cy, 2, public), CF(ca, is, private)

Thus,c is a part ofc;: IP(ea, ¢1)

In [6] we consider another definitional property of roles: the fact that a role can play
a role. This property is implicit in the fact that nothing prevents that a role, as a social
concept, can be classified by another role. Note that this is in contrast with the position
about role playing roles stated in [7], even if their model allows also the alternative we
choose.

4.4 Powers

Properties and behaviors associated with organizations cannot be all freely accessed by
any agent. Some of them, e.g., the building where an organization is officially located,
are physical properties which every agent can manipulate. In contrast, other properties
have only a social character, and thus are immaterial: the id number of the employees,
the action of firing an employee, making the organization buy some goods, obliging
an employee to do something, changing the structure of the organization. Since these
institutional properties and behaviors are immaterial, how can they be manipulated?
As discussed in Section 2 institutional properties are controlled by counts as rules. In
our ontology we model counts as rules defining powers as behaviors of social entities
(organizations and roles) which access properties. To represent the fact that institutional
properties can be manipulated only from inside an institution we model them as private
properties of institutions.

The problem to be solved is the behaviors of which entities can access a private
property of an institution, since the visibility rules in organizations are different than
in objects. The notion of power is thus based on the definition ai@nss relation
defining a sort of scope for behaviors and properties.

We do not describe here behaviors. For example, actions could be described by plan
operators and methods by programs. We represent, however, that a behavior accesses
other behaviors (since they are actions in a plan or invoked by a program) or some
properties (the value of the property is needed for executing the behavior or itis changed
by the behavior).

! This does not mean thptiblicis defined twice, but that its extension (i.e., the tuples of entities
classifiedC I by it) is determined by both descriptions.
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An entity classified by a concepttan access a propenyof another entity, if itis a
public property, or it is a private property of a conceptvhose definition defines also
the concept: (i.e., cis part ofIP ¢’) or of another concept which dependsd@dmoo.

Definition 3 (Powers).

The access relation is defined as:
access(x,a,y,b) =qr public(y,b) V superaccess(z,y,b) V peeraccess(z,y, p)

A method or property of individualy is public if it is a public behavior or property
of a concept subsuming

public(y,b) =4 Ic¢ CN(c) AN CF(y,c) AN CF(c,b, public)
A method or property of individual y can be accessed from individualif the

concept subsuming is part of another concept subsumingor vice-versa) and is a
private behavior or property of the latter.

superaccess(x,a, y,b) =4 e, CF(x, c)NCF (y, ' )AIP(c,Y)NCF(c, b, private)

A method or property of individualy can be accessed from individualf the con-
cept subsuming is part of another concept which has as its part a concept subsuming
y andb is a private behavior or property of this concept.

peeraccess(x, a,y,b) =4 Je, ¢, " CF(z,c) N\CF(y,)NIP(c,")AIP(c, ") A
CF(c,b,private)

A behavior of an entity is a power if it casuperaccess or peeraccess another
behavior.

POW(z, a) =4 3y superaccess(z,a,y,b) V peeraccess(x, a,y,b)

If we impose thatP is a reflexive relation, then we have that a behavior of an entity
can access the private behaviors and properties of itself and that the behaviors of an
organization can access the private state of its components.

Note that theaccess relation specifies which behaviors can access other behav-
iors and properties. This does not mean that in an actual organization every behavior
accesses every other behaviors or properties. The fact that a behavior accesses some
other behavior or property depends on how this behavior is defined in the description
by means of plans or programs. As we said, the author of the definition of the orga-
nization is the author of the definitions of its components, so the access definition is
safe. Nothing prevents, however, that a more restrictive definition of access is given to
respect the organizational structure. For example, it can be defined on a non-transitive
part-of relation, so that each component can have powers only on its direct super or sub
components or on its siblings.

Example 2.In Figure 1 behaviof; can access both behavigrand propertyi; even if
the former is private, sinck®(cs, ¢1).

Note that dealing with visibility rules in a programming languages is a complex
issue. In this model we do not want to propose to define a general notion of accessibility,
but to study the peculiarities of accessibility in organizations.
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5 Applications

In this section we explain how the foundational ontology presented here matches our
previous work, and, in particular, how it can be used to introduce organizations and
roles not only in multiagent systems but also in the object oriented paradigm.

We study normative systems [15, 22] and organizations composed of sub-organizations
and roles [5, 6] using the so called agent metaphor. The agent metaphor allows to de-
scribe social entities, like normative systems, as they were agents, and thus attributing
them mental attitudes like beliefs and goals. What corresponds in the agent metaphor
to the basic primitives of our foundational ontology? First of all, we have to explain the
structure of an organization. An agent does not have parts which are agents themselves,
SO an organization-as-an-agent cannot have other organizations as its parts. Rather, to
structure organizations we exploit the idea that an agent can attribute mental attitudes
to other entities via the agent metaphor, also to entities which are not agents. Since an
organization is described as an agent, then it can attribute mental attitudes to other enti-
ties. In this way, it can define sub-organizations and roles by describing them as agents,
in a recursive way.

As Searle claims, social entities are defined by means of constitutive (and regulative)
rules. In [15]'s model beliefs attributed to a social entities correspond to the constitutive
rules and goals the regulative rules. Thus, describing a social entity as an agent amounts
to defining it. A definition of a sub-organization is included in the definition of the
organization it belongs to since, in the definition of the latter are present not only the
beliefs and goals attributed to them, but also the beliefs and goals which it attributes to
sub-organizations and roles.

Like in our foundational ontology, powers arise from the fact that all the structure
of the organization is defined in the same definition: so that the constitutive rules of a
sub-organization can refer to other sub-organizations as well.

Even if at first sight can be surprising, our foundational ontology of organizations
can be used to model organizations by means of standard object oriented representation
languages, like UML. Rather than adding primitives to UML, we use a pattern. This
does not mean that it is not useful to introduce some primitives which are based on
this pattern. As a consequence, institutions can be introduced also in object oriented
programming languages like Java. Thus, in [23, 24] we present an extension of Java,
called powerJava, where suitable constructs are introduced to represent roles.

The basic idea is that the description of a concept in object orientation corresponds
to a class and in UML and some programming languages a class can contain other
classes, called inner classes. Outer classes correspond to descriptions having other de-
scriptions as parts. An inner class can contain further inner classes as well, thus allowing
a recursive decomposition structure. Moreover, inner classes have the features we need
for modelling institutions: dependence and powers. First, an instance of an inner class
does not exist without an instance of the outer class, since it has a reference to an in-
stance of the outer class. Second, the methods of an inner class can access the state of
the outer class and of other sibling inner classes. Powers thus can be modelled just as
the methods of an inner class.

The difference between sub-organizations and roles is that roles do not have further
inner classes inside them and that they are associated to a player via a reference. Roles
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are anti-rigid because they are associated to their players by a reference, rather than
being modelled as sub or super classes (like other proposals for representing roles, e.g.,
[25], do instead). Thus an inner class representing a role has always two references to
two objects: the institution that defines it and the player that plays it.

6 Conclusions

In knowledge representation, and more specifically in the field of description logics, the
term ‘role’ is nowadays synonymous of an arbitrary binary relation (often a function)
used to characterize the structure of a concept. The concept ‘person’, for instance, may
have the role ‘likes’, which represents the relationship between a person and what she
likes best. But this is not what is meant by social roles.

In multi-agent systems (MAS) roles are generally viewed as descriptions of agent’s
acting and interacting, where agents include also societies or organizations of agents.
The characterization of this kind of social roles (in the restricted sense) is founded on
theories of action and behavior (involving tasks, goals, plert9,and deontic notions.

In [2] a role is viewed as an “abstract description of an entity’s expected function”
which is defined by four attributes: responsibilities (that determine the functionality
of the role), permissions, activities, and protocols. Pacheco and Carmo [26] clearly
distinguish roles from agents (agents can act, and roles cannot). But these descriptions
do not tell much about what distinguish roles from objects or agents.

In object-oriented programming languages the focus has been on technical issues
(multiple and dynamic classification, multiple inheritance, objects changing their at-
tributes and behaviorsic), rather than what are the roles’ distinguishing properties.

In this paper we propose a foundational ontology of organizations and roles which
extend Masoleet al. [7]'s proposal. Institutions are social concepts which exist be-
cause of descriptions defining them, which are collectively accepted. Organizations
are institutions which have a structure in terms of sub-institutions. Sub-organizations
are organizations which are parts of other organizations. Finally, roles are components
of organizations which do not have further organizational structure and which can be
played by agents.

This work builds on our previous work on normative multiagent systems and orga-
nizations based on the agent metaphor. In [4] we present the agent metaphor to build a
cognitive ontology. Here, instead we present an axiomatic ontology built in an analyt-
ical style. This work aims at isolating the essential properties which distinguish social
concepts from other kind of entities and to justify the choices made in previous works.
Moreover, we show that this ontology can be used to extend current representation lan-
guages like UML and object oriented programming languages.
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Abstract. This paper discusses the problem of efficient propagation of
uncertain information in dynamic environments and critical situations.
When a number of (distributed) agents have only partial access to infor-
mation, the explanation(s) and conclusion(s) they can draw from their
observations are inevitably uncertain. In this context, the efficient propa-
gation of information is concerned with two interrelated aspects: spread-
ing the information as quickly as possible, and refining the hypotheses
at the same time. We describe a formal framework designed to inves-
tigate this class of problem, and we report on preliminary results and
experiments using the described theory.

1 Introduction

Consider the following situation: witness of a threathening and unexpected event,
say a fire in a building, Jeanne has to act promptly to both escape the danger
and warn other people who might get caught in the same situation. However,
there are no official signs or alarms indicating where the fire actually started:
Given her partial knowledge of the situation, Jeanne may build some hypotheses
explaining her observations (where the fire did start in the first place, maybe
why), but the conclusions she may reach would remain uncertain. (That is,
uncertainty here lies on the fact that she has incomplete knowledge of the world,
rather than untrusted perceptions of this world). In addition, there is no way
for Jeanne to trigger an alarm. In other words, Jeanne will try to both circulate
the information in order to spread the information to colleagues, and refine the
hypothesis at the same time. Typically, Jeanne faces two questions:

— What information should I transmit?
— To whom should I transmit this information?

Clearly, these two questions are interelated. Depending on the person Jeanne
selected to communicate with, she may decide to transmit different messages:
the objectives being to ensure that the transmitted information can be used
efficiently in the next transmission, and so on. This defines, we believe, a prob-
lem of efficient propagation of uncertain information. The purpose of this paper
is to put forward a formal framework expliciting both the reasoning and com-
municational aspects involved in these situations. We explore some preliminary
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properties of the proposed framework and interaction protocol, and illustrate
our approach with a case study experimented using the described theory.

The remainder of this paper is as follows. Section 2 presents the formal reason-
ing machinery that we shall use in the framework: it heavily builds upon Poole’s
Theorist system [14]. Section 3 details the communication module, and explores
specifically some properties of a protocol designed to exchange hypothesis. Sec-
tion 4 describes our case study example, instantiating the proposed framework.
The situation involves a number of agents trying to escape from a burning build-
ing. We give the detail of a simple example, showing how critical, in this crisis
context, can be the decisions taken by agents as to whether/what communicate.
Section 5 draws connections to related works, and Section 6 concludes.

2 Agents Reasoning

This section introduces the formal machinery involved in the agents reasoning
process. The described situation suggests agents able to deal with partial per-
ception of the world, to build hypotheses from observations they make, to draw
conclusions from a set of explanations, and to communicate with each other
in order to exchange pieces of information. Agents reasoning process builds on
Poole’s framework [14], which allows to elegantly combine both the explana-
tion and the prediction processes, using a single axiomatization. By formulae
we mean well-formed formulae in a standard first order language. Each agent is
(slightly modified version) of an instance of a Theorist system [14]:

<‘7:7H7C707E,§>
where

— F aset of facts, closed formulae taken as being true in the domain

— 'H a set of formulae which act as possible hypotheses, common to all agents

— C a set of closed formulae taken as constraints, common to all agents

— O is a set of grounded formulae representing the observations made so far
by the agent. Each agent believes every observation in this set to be true.

— FE is the set of preferred explanations, it is the set of all justifiable explana-
tions of the observation set O

— < is the preferrence relation, a pre-order on the explanations common to all
agents

We first recall a number of basic definitions.

Definition 1 (Scenario [14]). A scenario of (F,H) is a set 6 UF where 6 is
a set of ground instances of elements of H such that 06 UF U C is consistent.

In the following, we shall also refer to the conjunction h of the elements of 6 as
the hypothesis associated to this scenario.
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Definition 2 (Explanation of a closed formulae [14]). If g is a closed
formula, then an explanation of g from (F,H) is a scenario of (F,H) that
implies g.

We now introduce a couple of further notions that proved to be appropriate
in our context. Events occuring in the world and observed by the agents may or
may not be explained, or contradicted, by the agent model.

Definition 3 (Positive observation). A positive observation of (F,H) is an
observation o € O such that there exists an explanation of o from (F,H)

Definition 4 (Negative observation). A negative observation of (F,H) is
an observation o € O such that there exists an explanation of —o from(F, H)

In the following, we shall note P(O) to refer to the set of all positive ob-
servations of (F,H), and N(O) to refer to the set of all negative observations
of (F,H). Note that this is not necessarily a partition: some observations may
have no explanation, while some others may have both positive and negative
explanations.

Definition 5 (Explanation of an observation set). If O is a set of obser-
vations, an explanation of O from (F,H) is an explanation & of P(O) such that
EUC UN(O) is consistent (which implies the consistency of €U C UO).

Definition 6 (Justifiable explanation). A justifiable explanation of O from
(F, H) is an explanation such that if any element of its associated hypothesis set
0 is removed from it, it is no longer an explanation of O.

Based on this system, we also define, for each agent a;:

1. H;, the set of preferred hypotheses associated with FE;, the set of justifiable
explanations. For a given set of observation O;, Ecqp, the explanation function
returns the set of all justifiable explanations of O; from (F,H). Epyp(O;) gives
the set of hypotheses associated with E.qp(O;). We assume &gy and Epyp to
be deterministic, and common to all agents.

2. h is the favoured hypothesis from E. The agent choses one favoured hypoth-
esis among its own minimal hypothesis according to the preferrence relation.

In summary, for each agent we have:

- Ez = gczp(Oz)
= Hi = &Enyp(0i)
— h; € min(H;)

This ensures that h; is associated with a minimal justifiable explanation for
O;, that is :

— h; is consistent with O;, that is Ao, € O; s.t. h; | —o;
— h; explains all elements of P(O;)
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— h; is justifiable from O;, that is for each clause ¢ of the conjunction h;
(hi = h} A c), there is an element o of P(O;) such that h; = o but A} |~ o.
— h; is minimal according to the preorder <

Typically, as suggested by the aforementioned model, different explanations
will exist for a given formula. What should be the preference relation between
explanations? Clearly there can be many different ways to classify prefered ex-
planations. In [14], different comparators are introduced. In our framework, we
shall use variants of two of them:

1. minimal explanation— prefer the explanations that make the fewest (in
terms of set inclusion) assumptions. In other words, no strict subset of a
minimal explanation should also be an explanation.

2. least presumptive explanation— an explanation is less presumptive than an-
other explanation if it makes fewer assumptions (in terms of what can be
implied from this explanation together with the facts)

Now we need to see how these agents will evolve and interact in their environ-
ment. In our context, agents evolve in a dynamic environment, and we classicaly
assume the following system cycle:

1. Environment dynamics: the environment evolves according to the defined
rules of the system dynamics

2. Perception step : agents get perceptions from the environment. These per-
ceptions are typically partial (e.g. the agent can only see a portion of the
map), but we assume that they are certain, in the sense that the sensors are
assumed perfect.

3. Reasoning step: agents compare perception with predictions, seek explana-
tions for (potential) difference(s), refine their hypothesis, draw new con-
clusions. More precisely, during this step, if the agent perception prove its
hypothesis false, the agent computes the possible explanations for these new
perception, given its previous perception. It makes use of Theorist for this
task. It must then select the action to be executed in the next phase.

4. Action step: agents modify the environment by executing the action selected
by the previous deliberation steps.

What remains to be described, of course, is the interaction module and the
way agents will exchange hypotheses and observations.

3 Agent Communication

In our system, observations are not only made directly by agents (by perceiv-
ing the environment): they can also result from communication between agents.
The cycle is then augmented with an explicit communication step, which directly
follows the reasoning step. During the Communication step, agents engage com-
munication with other agents to warn of their observation and tune up their
hypothesis. In a given round, a given agent can only communicate with one
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agent. If that agent is occupied talking to another agent, it must wait or choose
a different agent to communicate with. We now describe the interaction protocol
pictured in Fig. 1, together with agents’ behaviour.

counterpropose counterpropose

propose

challenge m argue
N

counterexample

Fig. 1. Hypotheses Exchange Protocol.

3.1 Description of the Interaction Protocol and Strategies

Upon receiving a hypothesis hy (propose(hl) or counterpropose(hl)) from aq,
agent as is in state 2 and has the following possible replies:

— if o9 € N(02) s.t. hy |= -0, then the agent knows a counter-example that
contradicts this hypothesis: he will communicate this counter-example and
utter counterexample(oz). We are back in state 1 of the protocol. Agent will
then recompute his hypothesis with this new fact, and will propose hj.

— if Jog € P(0O2) s.t. hy [~ 02, then the agent knows an example of positive
observation that is not explained by this hypothesis: he will communicate
this uncovered example and utter counterezample(o2), as in the previous
case.

— otherwise, no observation made by ag contradicts h; and hy implies P(Os),
that h; is the hypothesis associated with an explanation of O2. We have
then the following cases:

e if the agent has no argument in favour of the hypothesis (hl ¢ Hy where
H; is the set of the hypothesis associated to agent a;’s preferred explana-
tions), he will challenge a; in order to obtain some arguments supporting
this hypothesis. Agent a7 is then bound to communicate an argument
(argue(arg))!, leading to state 5. Upon receiving this argument, ap re-
computes his hypothesis by using this argument. If h; is obtained, he
will accept, leading to the final state 3. Otherwise, a different hypothesis

% is obtained and proposed, leading back to state 2.

! Note that the agent keeps track of the communicated arguments, which allows him
not to send twice the same argument to this agent during a communication step.
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e otherwise hy € Hs : hy is a hypothesis associated to a justifiable expla-
nation of O. We have then two possibilities:

x if hy is not preferred to hs in the sense of the defined preference
relation, then agent ag would counterpropose(hz), leading to state 2
with inverted roles.

+ otherwise, h; is necessarily prefered to hs: as will then respond
accept, concluding the conversation (state 3).

3.2 Local Properties of the Interaction Protocol

We first investigate locally the properties of the proposed protocol, that is, the
outcome of a single dialogue governed by the rules and decision process described
in the previous subsection, and involving only two agents.

Lemma 1. Let ¢ = |01 U O3] — |01 NOs]. If ¢ =0 then O1=09 and Hy = Hs.

Proof. Clearly, O1NOy C O1UOs. If ¢ = 0, |O1 UO3|= |01 NO2|, hence O; UOy=
01 N O2. Now because O1 N O3 C O1 C 01 U Oy, (and symetrically for Os), we
have O; = Os. By virtue of the determinism of the explanation function, we
conclude that H1 = &pyp(01) = Enyp(O2) = Ho. 0O

The first property that needs to be verified is the termination. We show that
this algorithm enjoys this property.

Property 1 (Termination). Termination is guaranteed, and the length of the in-
teraction process (in terms of the number of exchanged messages) is bounded by
4 x c+]01NO,.

Proof. Let ¢ = |01 UOz| — |01 NOz]. By Lemma 1, we know that in case ¢ = 0,
it follows that O; = O and Hy = Hs (in which case we note O = O1 = Oy
and H = Hy = Hj). Then observe that, H = &, (0), together with the fact
that hq,hy € H, guarantees that h; and ho are the favored hypotheses of the
justifiable explanations of O. The following points then follow (i) Ao € O s.t.
hy E —o or hy | —o, (ii) Ao € P(O) s.t. hy [~ o0 or hy £ o, (iii) hy € H and
he € Hy, and (iv) both hy, he € min(H), no hypothesis is then strictly prefered
to the other one.

Given this, as soon as the system is in state 2, all termination conditions are
met. But we also know that the message exchange between agents leads to state
2 every 3 messages at most. Termination is then guaranteed when ¢ = 0.

We now need to prove that ¢ will eventually reach the value 0. To do that,
we will show that every 4 messages at most, it decreases of 1.

The first message leads to state 2. Without loss of generality, we assume
that the last message is, say, from agent a; to agent a; (hypothesis h; is then
proposed to a;). Following the agent’s decision algorithm previously described,
there are now four possibilities:
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(i) Jo; € Oy, s.t. hj = —o; or Jo; € P(0;), s.t. hj = o5, then a; sends a
counterexample o; to a;. In this case, O} = O; U {0;} with o; € O; and
0; ¢ Oj, which means that |0} N O;| = [0; N O;| + 1, and |O; U O;| remains
unchanged. It follows that ¢ is decreased by 1.

(11) ﬂOZ‘ S Oz s.t. hj ): —0; and Vo; € p(Ol)7 hj ): 0; and hj ¢ Hi, then a;
requires an argument and a; provides o;. In this case, O = O; U {o,}. If
0; € O;, then a; repeats its challenge until he gets an observation o; he didn’t
know before. Since a; keeps track of its messages, at most |01 N Oz| such
messages can be exchanged. We eventually reach o/ such that O] = O;U{oj'}
where o € O; and o} & O;.

(111) /Hoi € 0O; s.t. o; ): jhj and Yo; € P(Ol), h]' |: 0; and hj € H; but hj g
min(H;), then a; respond with counterpropose(h;). We are back in state 2,
but now we are sure that h; ¢ H; (because h; < h; and h; € min(H;), by
definition), which means that we would be in case (i) or (ii).

(iv) Ao; € O; s.t. o; = —h;, and Yo, € P(0;), h; = 0;, and h; € min(H;), but
then a; accepts and the protocol terminates.

Corollary 1. After termination, the following properties are guaranteed:

— ay and as are consistent

— a1 and ay have a hypothesis that explains both P(O1) and P(O3)

— ay and as have a hypothesis that is justifiable from Oy and O2

— a1 and ag have a hypothesis that is minimal for Oy and Oy (that is hy €
min(Enyp(02)) and hy € min(Epyp(01)))

3.3 Global Properties of the Communication Protocol

The properties previously described hold locally, when only two agents interacts
over one communication step. The next question is then to ask whether these
properties can be guaranteed at a more global level. Clearly, many properties
will not hold any longer when considered globally. One simple such property is
the consistance, which cannot be transitive when only based on the bilateral
hypothesis exchange protocol described. This can be observed by constructing
an example where an agent a would first communicate a hypothesis to agent
b, not revealing the full arguments supporting its position though. Now if b
communicates in turn with a third agent, say c, it is clear that he may not be in
a position to effectively defend this hypothesis, and may accepting ¢’s hypothesis.
a and ¢ would then not be consistent. This is formally stated as follows.

Property 2. The consistance property guaranteed by the communication proto-
col is not transitive.

Proof. We construct the following counterexample : agent a; can communicate
with agent as and ag, but agents as and ag cannot communicate with each
other. We assume that they share the following facts {p(X) — r(X),q¢(X) —
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r(X),p(X) — s(X)}, where p(X) and ¢(X) are hypothesis. We start with the
following sets of observations Py = {r(a),-p(X)}, P» = {}, and P; = {s(a)}.
Agent a; communicates ¢(A4), which is challenged by ag. a; then provides an
explanation (r(a)). Now ay communicates with a3z and proposes ¢(a), but as
has an additional observation, namely s(a). Upon receiving this hypothesis, a3
challenges as and as provides the only argument he has in possession: r(a).
But a3 knows the further observation that s(a) which makes the hypothesis
p(a) prefered. az makes this counterproposal, as challenges and ag gives his
argument (s(a)). Now ag will accept. At this point of the interaction though, a,
holds ¢(a) as favoured hypothesis, while a3 prefers p(a), which is not consistent
with —p(X) € P;. |

What this suggests is that we will need much more elaborated synchroniza-
tion techniques to guarantee that these desirable properties still hold at the
global level. However, in our context where time is a critical factor, and where
communication can be highly restricted, it will be interesting to investigate in
which situations simple protocols, like the one described here, can still give
promising result and ensure an average good efficiency of the information prop-
agation. As a first step towards this objective, we give in the next section an
instance of the proposed framework and show a critical situation where commu-
nication and hypothesis exchange proves to be efficient.

4 A Case Study: Crisis Management

This section presents an instance of the general framework introduced earlier.
We first describe the different parameters used to instantiate the framework. A
complete example is then detailed.

4.1 Description of the situation

This experiment involves agents trying to escape from a burning building. The
environment is described as a spatial grid with a set of walls and (thankfully)
some exits. Time and space are considered discrete. Time is divided in rounds.

Agents are localised by their position on the spatial grid. These agents can
move and communicate with other agents. In a round, an agent can move of one
cell in any of the four cardinal directions, provided it is not blocked by a wall. In
this application, agents communicate with any other agent (but, recall, a single
one) given that this agent is in view, and that they have not yet exchanged
their current favored hypothesis. Note that this spatial constraint on agents’
communication could be relaxed in other contexts (which would require, in turn,
to apply a more elaborated recipient choice algorithm).

At time tgp, a fire erupts in theses premises. From this moment, the fire
propagates. Each round, for each cases where there is fire, the fire propagates
in the four directions. However, the fire cannot propagate through a wall. If the
fire propagates in a case where an agent is positionned, that agents burns and is
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considered dead. It can of course no longer move nor communicate. If an agent
gets to an exit, it is considered saved, and can no longer be burned. It still can
communicate, but need not move.

Agents know the environment and the rules governing the dynamics of this
environment, that is, they know the map as well as the rules of fire propagation
previously described. They also locally perceive this environment, but cannot
see further than 3 cases away, in any direction. Walls also block the line of
view, preventing agents from seeing behind them. Within their sight, they can
see other agents and whether or not the cases they see are on fire. All these
perceptions are memorised.

In order to deliberate, agents maintain a list of their possible explanations E
(and a list of associated hypotheses H) explaining their observations about fire,
and a prediction of fire propagation based on their favoured hypothesis h. The
preference relation (<) is the following:

— the agent prefers the minimal explanation, taking into account only fire
origins. In other words, an agent will prefer an explanation using an unique
fire origin propagating over one using several sources.

— the agent prefer the least presumptive explanation, taking into account prop-
agation and origins. In effect it means that the agent will favor an explanation
considering the fire origin as closer to the observed manifestation.

Based on the reasoning described above, agents also maintain a list of possible
escape route, sorted by simply favouring the shortest paths to exits.

4.2 Sample of Agents Theories

We now give a snapshot of the declarative representation of agents’ knowledge,
illustrating the different kind of rules involved in this example.

— Facts (F) allow to represent the static elements of the environment, as well
as the rules governing the dynamic of the environment. For instance, the
following three rule state that there is indeed a vertical wall at location
(0,1), that the fire can always be assumed to have started at the location it
is observed, and eventually that the fire should propagate in four possible
directions. This last one is an example of a rule justified in normal circum-
stances, but which may suffer exceptions: it is then represented as a default
rule.

fact vwall(at(0,1)).

fact fire(T,at(X,Y)) <- origin(T,at(X,Y)).

default rule_propagates_L(T2,from(X2,Y)): fire(T,at(X,Y)) <-
previous(X,X2), previous(T,T2), fire(T2,at(X2,Y)).

— The possible hypotheses set (H), in this example application, is the set of
all conjunctions of possible fire origin(s).

— Constraints (C) prevent default rules from applying. For example, the land-
scape includes walls and doors which prevent the fire from propagating.
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constraint not rule_propagates_L(T,from(X,Y)) <- vwall(at(X,Y))

— Observations (O) can either be of the form fire(T,at(X,Y)), or of the form
nofire(T,at(X,Y))

4.3 Example

We are now in a position to describe the steps of our illustrative example.

[Round t=0] A fire erupts at (6,6), but nobody can initially see it. It will prop-
agate until t=3 before beeing seen.

[Round t=3]

Perception step. Agent a; sees fire at (3,6) (not expected), and agent as.
Agent ay sees fire at (6,3) and (5,4) (not expected). Agent as sees a;.

Explanation step (a;). Having computed an explanation for fire(t=3, at
(3,6)), a1 gets 12 possible explanations, each one exhibiting a single origin.
One such explanation, as provided by the Theorist system, states that the
fire may have started at location (4,5), before propagating to the north (i.e.
from south) and to the west.

Answer is fire(t3, at(3, 6))
Theory is

[rule_propagates_R(t2, from(4, 6)),
rule_propagates_D(t1, from(4, 5)),
origin(tl, at(4, 5))]

To classify these hypothesis, he first selects the minimal hypothesis consid-
ering only the origin. In this case, all the hypothesis suppose only one origin
for the observed fire. Among those, he then selects the less presumptive
hypothesis. In this case, the selected hypothesis is:

lorigin(t3, at(3, 6))]

Explanation step (a2). Searching explanations for fire at (6,3) and (5,4), as
gets 6%6 possible explanations, such as :

Answer is fire(t3, at(6, 3)) and fire(t3, at(5, 4))
Theory is

[rule_propagates_R(t2, from(6, 4)),

origin(t2, at(6, 4)),

origin(t3, at(6, 3))]

Among those theories, only four of the explanations propose a common ori-
gin, and as such are minimal according to the origin criteria. Among those
four, the less pre-emptive one is eventually:
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[rule_propagates_R(t2, from(6, 4)),
rule_propagates_D(t2, from(6, 4)),
origin(t2, at(6, 4))].

Communication step. Agents a; and a3 are the only agent seeing each other.
Agent a3 has no reason to initiate a communication, but a; has one: it has
just changed its hypothesis and will try propagating and validating it. ag
asks for arguments and a; sends it fire(t=3,at(3,6)). With this facts,
Agent 3 recomputes its hypothesis and get the same favoured hypothesis.
The hypothesis is confirmed and the communication stopped.

6 e 4 6

5 5 5

4 %} 4 @ + 4

3 m 3 Lﬂ Q + 3 @

| A N O

! el | ol | pAn
1T 2 3 4 5 6 1 2 3 4 5 & 1T 2 3 4 5 6
time t=0 time t=3 time t=4

[Round t=4]

Action step. a3 moves towards the west exit, which is the closest exit. a; moves
towards the east exit, for the same reason. Although it is closer to the east
exit, as moves towards the west exit because it predicts that fire will arrive
at the east exit before it can go out this way.

Perception step. Agent a; sees as and conversely. All the fire seen by agents
were predicted during this step.

Explanation step. No agents has been confronted to unpredicted events. They
have no need for explanation and just trim their hypothesis list.

Communication step. Agents a; and a2 will communicate. Agent a1 sends its
hypothesis (origin(t=3,at(3,6))). As this hypothesis is not invalidated
by its perception but does not belong to its hypothesis list, as asks for
arguments. Agent a; sends argument (fire(t=3,at (3,6))), and as then
computes possible explanations for this and its perception, and gets 6¥6%12
possible explanations. Among those, only one contains a common origin for
the three observed fires:

[rule_propagates_R(t2, from(6, 4)),
rule_propagates_D(t2, from(6, 4)),
rule_propagates_D(t1, from(6, 5)),
rule_propagates_D(t0, from(6, 6)),
rule_propagates_R(t3, from(4, 6)),
rule_propagates_R(t1l, from(5, 6)),
rule_propagates_R(t0, from(6, 6)),
origin(t0, at(6, 6))].
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Agent ay then proposes this hypothesis to a;, which in turn ask for argu-
ments. Finally both agreed upon this hypothesis.

Action step. Agent a3 continues its escape towards the west exit. Agent ao
confirms its chosen path with its new hypothesis, and keeps going towards
the west door. Agent a;, however, using its new hypothesis, discover that its
escape route is bad. It changes its course to go towards the west exit.

'@ TH‘@ : )

1 2 3 4 5 & 1 2 3 4 5 6 2 3 4 5 6
time t=5 time t=6 time t=7

B

1 2 3 4 5 6 1 2 3 4 5 &

@ time t=8 @ time t=9 @ time t=10

[Round t=5 to 10] From time t=5 to time t=10, agents a1, as and a3 exit the
building. Agents a; and as are closely followed by the fire: one false move would
have been fatal! If a; did not communicate with as or 3 it would not have been
able to determine whether the fire was coming from left or right, and would have
chosen the east exit and been trapped by the fire.

5 Related Work

Our approach has several facets that can be related to a number of related works.
We now introduce some of these related works, starting with the studies of the
notion of rumours in social science, that proved to be very inspiring for us.

Rumour in Social Sciences. Rumour is a complex phenomenon that has been
the object of numerous studies in social science but is often seen as something
that can only bring lies or diffamation. Studies of rumour in social science show,
however, that there is more to rumour than just a routing or perception sharing
system. Whereas the first studies, done during and after World War II, seem
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to consider rumour as something dangerous which should be avoided (rumours
could lead to moral loss or information leak), more recent stances are somewhat
more neutral or positive about it. J.N Kapferer [10] defines rumour as “the emer-
gence and circulation in the social body of information that either are not yet
publicly confirmed by official sources or are denied by them”. As an unofficial
information, it must use alternative ways to be distributed, such as individ-
ual communication (gossip, word-of-mouth). He precises that a rumour spreads
very quickly because it has value, and because this value decreases over time.
Moreover the rightness of the content has no importance. A true rumour spread
exactly like a false rumour. The exactitude of the content is not a criteria to de-
fine rumour. However, one can choose to take a slightly different perspective on
the rumouring process. Shibutani [19] defines rumour as improvised news result-
ing from a collective discussion process, usually originating from an important
and ambiguous event. In his own words, rumour is “common use of the group
individual ressources to get a satisfying intepretation of an event”. In this case,
the rumour is seen as being both an (i) information routing process and (ii) an
interpretation and comment adding process. Crucially, the distorsion of infor-
mation that is often seen as characteristic of rumour is seen as an evolution of
the content due to continual interpretation by the group. A crucial aspect of ru-
mour, of course, is that it is a decentralized process. The information propagates
without any official control. It is deeply linked with spatial or communication
constraint, and can be an efficient way to convey information in spite of these.
It is also expected that this process is quite robust to agent error or disparition.

Distributed Diagnosis. The problem of multiagent diagnosis has been studied
by Roos and colleagues [15,16], where a number of distributed entities try to
come up with a satisfying global diagnosis of the whole system. They show in
particular that the number of messages required to establish this global diagnosis
is bound to be prohibitive, unless the communication is enhanced with some
suitable protocol. The main difference with our approach lies in the dynamic
nature of our context, as well as in the constraints governing agents’ interactions
that we assume.

Argument-based Interaction. The idea of enhancing communication between
agents by adding extra-information that may have the form of arguments has
been influential over the last past years in the multiagent community [13]. How-
ever, although this approach has several clear advantages (e.g. improving ex-
pressivity, or facilitating conformance checking), its effectiveness regarding the
speed and likelihood of fullfillment of the goal of the interaction has seldom been
tested (exceptions are the work of [9], or [11], for instance).

Gossip Problem. Rumours and gossip first appeared within the distributed sys-
tem community with the gossip problem: each agent has a distinct piece of in-
formation (called a rumour) to start with. The goal is to make every agent know
all the rumours [18]. Some variation of it are the rumour-spreading problem,
where the agent to communicate to is selected each round by an adversary [1],
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and the collect problem. In the last one, each of n processes in a shared memory
system have several pieces of information, and all these processes must learn all
the values of all others while making as few as possible primitive read or write
operations [17]. It has also been used for reaching consensus [6]. This differs from
our approach, mainly because we do not seek to necessarily converge towards a
common knowledge of (initially distributed) informations. Also, agents do not
modify informations they propagate.

Gossip-based protocols. Each agent has a determined number of neighbours it
can communicate with. Each time an agent receives a rumour, it transmits it to
to a number of agents chosen at random among its neighbours. Then in turn,
each of these agents would do the same. This rumour spreading is analogous
to the spreading of an epidemic, which have been the object of mathematical
studies [2] and can spread exponentionally fast. Such an information propaga-
tion system has first been used for replicated database consistency management
[8]. It has been applied to unstructured peer-to-peer communities. Every time
an agent detects a change in the system (that would be the rumour), it sends it
to a random neighbour, and repeats this operation until it has contacted enough
neighbour(s). Some anti-entropy mechanisms are sometimes used to ensure that
every agent can get to know each change, even if the rumour has already died
out [7]. Another application of these protocols is reliable multicast [3]. It aims at
propagating an information from an agent to another agent without a centralised
source or knowledge of the system topology, and with a lower cost than with a
simple flooding. It is robust to agent deficiency, and very scalable. A variation of
it uses weight to enhance the reliability in specific topology [12]. This approach
is related to the “recipient selection” aspect of our problem. However, the trans-
mitted information is, again, assumed to be unaffected by agents’ reasoning.

Rumour routing. Another approach of rumour as an alternative to flooding is
rumour routing [4]. In the context of sensor networks, there is a need to transmit
queries to agents having observed an event. A fast route between an agent making
a request and the agents observing the events might be needed. It can be found
by flooding event notifications or queries, and creating a network-wide gradient
field [20], but it is a costly approach. Braginsky and Estrin instead propose to use
a kind of traceable rumour. Each time an agent observes a new event, it sends
an event notification rumour to a random neighbour. This neighbour transmits
it in turn to another neighbour, keeping trace of whom it received it from, and
how many agent(s) have acted as relay(s), creating rumour paths. When an
agent needs to make a query, it sends it to one of its neighbours. If it has heard
of the event concerned before, it transmits the query to the agent who told it
the rumour, else it transmits to a random neighbour. Eventually, the query will
cross the rumour path and be led to the right source. As in the preceding cases,
rumour routing propagates pure information, therefore the main studied aspects
are the velocity and robustness of these processes.
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Reputation Systems. Buchegger and Le Boudec, for instance, use the term of
rumour in a reputation system [5]. Their agents can make decisions about the
reliability of others agents according to their previously observed behaviour,
but also according to what others agents tell about it. In this case, rumour is
primarily intended to mean “second-hand information”. In this case, agents can
keep track of previous partners’ behaviours, and also report their observations
to other agents. However, these agents are not able to explicitly reason over the
justifications governing their decisions.

6 Conclusion

This paper discusses the problem of efficient propagation of uncertain informa-
tion in dynamic environments and critical situations. When a number of (dis-
tributed) agents have only partial access to information, the explanation(s) and
conclusion(s) they can draw from their observations are inevitably uncertain. In
this context, the efficient propagation of information is concerned with two in-
terrelated aspects: spreading the information as quickly as possible, and refining
the hypothesis at the same time. We describe a formal framework designed to
investigate this class of problem, and propose a simple protocol allowing hypoth-
esis exchange. We also prove some preliminary properties of the protocol and
report on an experiment conducted using the described theory.

An obvious advantage of this process (that we observed on the described
example) is that agents do not wait to collect all data before providing and
propagating hypotheses. In our example this allows agents to escape a building
before being caught by the fire. When exactly temporary hypotheses are good
enough to be acted upon is to be determined, but this process definitely enable
quicker reaction to events than a static centralized data analysis.

The problem is that, of course, it can give incomplete or wrong hypothe-
sis, as the very preliminary analysis of the global properties of the framework
suggests. More elaborated communication techniques may then be investigated,
allowing agents to backtrack and further refine their hypotheses. In critical sit-
uations however, it is unlikely that agents will dispose of sufficient resources to
fully synchronize their hypotheses and observations. In consequence, we believe
the situations as the one described in our case study to be well suited to such
an approach. Further studies are required, however, to determine when exactly
this kind of communication would be beneficial, but we expect quickly evolv-
ing systems to provide interesting applications. Whereas this paper has mainly
focused on agents’ reasoning and content selection, we plan to investigate in fu-
ture research the related problem of recipient selection. Finally, it would also be
interesting to consider more complex cases, for instance where agents may have
unreliable perceptions of the world, or where malicious propagators of informa-
tion could adopt an uncooperative behaviour.

Acknowledgments. We would like to thank the anonymous reviewers whose de-
tailed comments helped to greatly improve the paper.
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Abstract. In [12, 16] we showed how to combine propositional BDI logics us-
ing Gabbay'sibring methodology. In this paper we extend the above mentioned
works by providing a tableau-based decision procedure for the ceaifiiored
logics. To achieve this end we first outline with an example two types of tableau
systems, @raph& path), and discuss why both are inadequate in the case of fib-
ring. Having done that we show how to uniformly construct a tableau keidar

the combined logic using Governatori’s labelled tableau sy$t&iM .

Keywords:Modal and Epistemic Logics for Agent Modelling, Modal Tadlex.

1 Introduction

BDI logics are normadlmultimodal logics used to formalise the internal mentatades
of an agent such as beliefs, desires, goals and intentionisinMddal logics generalise
modal logics allowing more than one modal operator to apiparmulae, i.e., a modal
operator is named by means of a label, for instancehich identifies it. Hence a for-
mula like O;¢ could be interpreted ag is believed by the agent i aF is a goal for
agent i etcrepresenting respectively the belief and goal of an agaraddition to the
above representation, the traditional BDI logics [17] irs@aonstraints between be-
liefs, desires and intentions in the forminferaction axiomdike, INT(¢) — DES(¢),
DES(¢) — BEL(¢), denoting intentions being stronger than desires and efebie-
ing stronger than beliefs. Moreover the interaction axiamnon-homogeneoun the
sense that every modal operator is not restricted to the sgstem, i.e., the underlying
axiom systems for DES iK andD of modal logic whereas that of BEL i€D45.
Hence the basic BDI logié. can be seen as a combination of different component
logics plus the two interaction axioms as given below

L = (®[L;KD45gg1, ) ® (®{_1KDpgg) ® (R{L1KDNT;) )
+ {INT;¢p — DES¢} +{DES¢ — BEL¢}

Any BDI theory, or for that matter any fully-fledged Multi-Agt-System (MAS)
theory, modelling rational agents consists of a combinesiesy of logic of beliefs,
desires, goals and intentions as mentioned above. Theyaareally well understood

mdal systems with an arbitrary set of normal modal opsratiocharacterised by
the axiomK: O(¢ — ) — (O¢ — O) and the necessitation rule. i.e.¢/ - O¢.
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standard modal logiceombined togetheto model different facets of the agents. A
number of researchers have provided such combined systerdéférent reasons and
different applications. However, investigations into agel methodology for combin-
ing the different logics involved has been mainly negledted large extent. Recently
[12,16] it has been shown théibring/dovetailing[8] can be adopted as a semantic
methodology to characterise BDI logics. But in that workytiéd not provide any de-
cision procedure for the fibred BDI logics. In this paper wéeex our previous work
so as to provide a tableau decision procedure for the fibigid Wehich in turn is based
on the labelled tableau systd¢EM [10, 9, 1].

The key feature of our tableau system is that it is neitheetbas resolution nor
on standard sequent/tableau techniques. It combines talglaau expansion rules with
natural deduction rules and an analytic version of the clat rlihe tableau rules are
supplemented with a powerful and flexible label algebra dlatvs the system to deal
with a large class of intensional logics admitting possiateld semantics (non-normal
modal logic [11], multi-modal logics [10] and conditionaldics [2]). The label algebra
is intended to simulate the possible world semantics arakithvery strong relationship
with fibring [9].

As far as the field oEombining logicgs concerned, it has been an active research
area since some time now and powerful results about therpedim of important prop-
erties of the logics being combined has been obtained [4328, 21]. Also, investiga-
tions related to using fibring as a combining technique ifowerdomains has produced
a wealth of results as found in works like [8, 18, 22, 19, 6]e Tiovelty of combining
logics is the aim to develogeneral techniquethat allow us to produce combinations
of existingand well understood logics. Such general techniques adedder formal-
ising complex systems in a systematic way. Such a methogaag help decompose
the problem of designing a complex system into developingpmments (logics) and
combining them.

The advantages of using fibring as a semantic methodologgdmbining BDI
logics as compared to other combining techniques filgion 2 is that the later has
the problem of not being able to express interaction axiomsh needed for MAS
theories. Fibring is more powerful because of the possjtufiadding conditions on the
fibring function. These conditions could encode interaxtibetween the two classes
of models that are being combined and therefore could reptesteraction axioms
between the two logics. One such result was shown in [12] elhear, fibring does not
require the logics to be normal. The drawbacks of other camgitechniqiues like
embeddin@ndindependent combinatiomhen compared to fibring (in the case of BDI
logics) has been discussed at length in [15].

The paper is structured as follows. The next section prevalerief introduction
to the technique of fibring. Section 3 outlines the path-tas®l graph-based tableau
procedures. Section 4 describes KieM tableau system. The paper concludes with
some final remarks.

2 Normal bimodal and polymodal logics without any interaction axioms ag# studied as
fusionsof normal monomodal logics [13, 20].
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2 Fibring BDI Logics

Consider the basic BDI logit. given in (1) which is defined from three component
logics, viz.,KD45,, for belief, andKD, for desires and intentions. For sake of clarity,
consider two of the component logios; (KD45) and v, (KD ) and their corresponding
languagesZy, , Zy, built from the respective sets; and , of atoms having classes of
models vy,, v, and satisfaction relatiorjs1 andj=,. Hence we are dealing with two
different systems; and$S,; characterised, respectively, by the class of Kripke models
¢ and J#,. For instance, we know how to evaluate¢ (BEL(¢)) in 71 (KD45)
andO,¢ (DES(¢)) in 2% (KD). We need a method for evaluating (resp.0) with
respect ta’, (resp..#1). In order to do so, we are to link (fibre), vidiaring function
the model forv; with a model forv, and build a fibred model of the combination. The
fibring function can evaluate (give a yes/no) answer witlpees to a modality irs,
being inS; and vice versa. The interpretation of a formgilaf the combined language
in the fibred model at a statecan be given as

wi= ¢ ifandonly if (w) =" ¢

where s a fibring function that maps a world to a modeiitable for interpretingp
andE"* is the corresponding satisfaction relatiga, for v or |=; for ¥5).

Example 1.Let ¥4, ¥, be two modal logics as given above and get= 0,5 ( be
a formula on a worldy, of the fibred semanticgt belongs to the languagé(, , as
the outer connective{;) belongs to the languag#i and the inner connectived®;)
belongs to the languag#.

By the standard definition we start evaluating of 0, atwg. Hence according
to the standard definition we have to check whether, is true at everyw; accessible
from wgp since from the point of view of#; this formula has the form;p (where
p = <2 ¢ is atomic). But atv; we cannot interpret the operatop, because we are in
a model ofv4, not of ¥5. In order to do this evaluation we need the fibring function
which atw; points to a worldy, a world in a model suitable to interpret formulae from
v,. (Fig.1). Now all we have to check is whethep q, is true atvg in this last model
and this can be done in the usual way. Hence the fibred sermmdatithe combined
Ianguagefa,z) has models of the forni.%1,wy,v1, 1), where.#; = (Wi,R1) is a
frame, and 1 is the fibring function which associates a modé\l from .% with win

Zie. 1(w= 2.

2.1 Fibring BDI Logics

Let| be a set of labels representing the modal operators for thational states (be-
lief, goal, intention) for a set of agents, amgli € | be modal logics whose respective
modalities areJj,i € 1.

Definition 1 [8] A fibred model is a structuréwW,S,R,a, v, 7,F) where

— W is a set of possible worlds;
— Sis a function giving for each w a set of possible worlgl¥,C W;
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Fig. 1. An Example of Fibring

R is a function giving for each w, a relatioRY C SV x SV;

ais a function giving the actual world" of the model labelled by w;

v is an assignment functiontV( ) C S, for each atomic;

T is the semantical identifying functian: W — |. T(w) = i means that the model
(SW,R™,a" v"W) is a model in’#, we useWV; to denote the set of worlds of type i;
— F, is the set of fibring functions : | x W — W. A fibring function is a function
giving for each i and each w W another point (actual world) iV as follows:

(W) = w ifweS and .4
: avalue inW;, otherwise

such that if we£ W' then j(w) # j(w). It should be noted that fibring happens when
T(w) # i. Satisfaction is defined as follows with the usual trutheatfor boolean con-
nectives:

wE iff v(w, o) =1, where ¢ is an atom
W O iff we and €4 andvw (WRW — w = ¢),or
we ,and ¢Fandv cF, (w)}E=0¢.

We say the model satisfigsff wg = ¢.

Afibred model forv, can be generated from fibring the semantics for the modatdogi
v;,i € . The detailed construction is given in [16]. Also, to accootlate the interac-
tion axioms specific constraints need to be given on the fibfumction. In [12] we
outline the specific conditions required on the fibring fumeto accommodate axiom
schemas of the typ&22¢9:3, We do not want to get into the details here as the main
theme of this paper is with regard to tableaux decision mtoes for fibred logics.

What we want to point out here, however, is that the fibring toeson given in
[12, 16] works for normal (multi-)modal logics as well as aearmal modal logics.

3 Multimodal Tableaux

In the previous sections we showed that BDI logics are normatimodal logics with
a set of interaction axioms and introduced general teclasidilke fibring to explain

3 GRPCAO,0hp — Ocaf.
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such combined systems. In this section, before gettingtimtodetails related to the
constructs needed for a tableau calculus for a fibred/coedbiogic, we outline with
an example two types of tableau systemsaph & path) that can be used to reason
about the knowledge/beliefs of BDI agents in a multi-ageattirsg. We discuss why
both types are inadequate in the case of fibring. Having doae in the next section,
we describe how to uniformly construct a sound and compédikeau calculus for the
combined logic from calculi for the component logics.

Example 2.(The Friends Puzzle) [3] Consider the agents Peter, Johiamdly with
modalitiesOp, 0, andOy,. John and Peter have appointment. Suppose that Peter
knows thetime of appointment. Peter knows that John knowsghece of their ap-
pointment. Wendy knows that if Peter knows thise of appointment, then John knows
that too (since John and Peter are friends). Peter knowsf thatin knows theplace
and thetime of their appointment, then John knows that he hasgointment. Pe-
ter and John satisfy the axioms T and 4. Also, if Wendy knowsething then Peter
knows the same thing (suppose Wendy is Peter’s wife) andtdrR@ows that John
knows something then John knows that Peter knows the sante thi

The Knowledge/belief base for Example 2 can be formally mize follows;

1. Optime A Tp:Opp— ¢
2. OpOjplace A 4p:0pp — OpOpd
3. Ow(Optime— Ojtime) A3 Tj:O¢g—¢
4. Op0j(placentime— appointment A4 4 :0j¢ — 0O;0j¢

As S)] : Dij¢ —>I:\]'E|p¢

Fig. 2. Knowledge base related to the Friend’s puzzle.

So we have a modal language consisting of three modalities ; andCy, denoting
respectively the agents Peter, John and Wendy and chasectdry the seA = {A; |
i=1,...,6} of interaction axioms. Suppose now that one wants to shotetzh of
the friends knows that the other one knows that he has an atppant, i.e, one wants
to prove

0;0pappointmeni\ O,0;appointment 2

is a theorem of the knowledge-base. The tableaux rules fagia torresponding to the
Friends puzzle are given in Fig.3 [14], and the tableaux fof@mo(2) is given in Fig.4
[14]. The tableaux in Fig.4. is a prefixed tableau [7] where dacessibility relations
are encoded in the structure of the name of the worlds. Sueprasentation is often
termed as pathrepresentation. We show the proof of the first conjunct aedptioof
runs as follows. Item 1 is the negation of the formula to bevpd) 2, 3, 4 and 5 are
from Example 2; 6 is from 1 by &-rule; 7 is from 6 by arf,j-rule; 8 is from 7 by a
<O-rule; 9 is from 8 by a-rule; 10 is from 5 by @i-rule; 11 is from 10 by &-rule. 12
and 24 are from 11 by g-rule; 13 and 16 are from 12 by\arule; 14 is from 3 by a
O-rule; 15 is from 14 by al-rule; the branch closes by 13 and 15; 17 is from 4 by an
lwp-rule; 18 and 22 are from 17 by\arule; 19 is from 18 by &-rule; 20 is from 2 by

a 4p-rule; 21 is from 20 by a@i-rule; the branch closes by 19 and 21; 23 is from 22 by
aO-rule; the branch closes by 16 and 23; by 9 and 24 the remalmangch too closes.
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ogpAY o-(pVY) o-(p—yY)

A-rules For any prefixo
oo g-¢ g¢
g LIJ g ‘\l,} g ll]
aovVv og-(pA oo —
V-rules oVy (0 1y) it For any prefixo
o¢loy o-¢|lo-Y o~ |0y
g-—¢ )
——-rules For any prefixo

<O-rules if the prefixo.n; is
on ¢ a.n ¢

new to the branchi € {1,...,m})

o 0 [oater
O-rules 19 L If the prefixo.n; already
on ¢ o.n ¢

occurs on the branch € {1,...,m})

oQO g - g
Tprules: of of ¢
ago o-¢ g Opd
o0j¢ g -0j¢ (o)
Tjrules:
ago o-¢ g ijo
oo g~ a.np & g.np 0
4prules: - o? - of p Opf p ~Op?
o.ng0pd o.npOp—¢ g Opd g Opd
cdj¢ ag-0j¢ a.nj e o.nj -~0;¢
4jrules: -
O'.nij¢ a.n’]ij—‘gb o< g O
o0Owd T —-Owd o.np ¢
lwprules: —— "
o.nso o.ny—¢ g Owo

S, rules: 00p0j¢ 0-0p0j¢d 0.njOpd 0.nj ~Opd
P oni0pp onOp-p  00p0jp 0 0p0 ¢
(x) prefix already occurs on the branch
Fig. 3. Tableau rules corresponding to the Friend’s Puzzle.

In a similar manner the tableaux proof for (2) usingraph representation where
the accessibility relations are represented by means off@ditie and separate graph of
named nodes is given in Fig.6. Each node is associated wihaf prefixed formulae
and choice allows any inclusion axiom to be interpretedrasvaiting ruleinto the path
structure of the graph. The proof uses the rules given irbFighich is often referred
to as the Smullyan-Fitting uniform notation. We will be ugithis notation in the next
section for ouKEM tableaux system. The proof for (2) as given in [3] runs a®fedl.
Steps 1-4 are from Fig.2 and 5 is the first conjunct of (2). gsirrule we get items
6 and 7 (from 5) and 8 and 9 (from 6). We get 10 from 7 using axfgnm Fig.2 and
p-rule in Fig.5. Similarly 11 is from 9 vi#g and p-rule. By making use of the-rule
in Fig.5 we get 12 (from 4 and 10) and 13 (from 12 and 11). 14alatidare from 13
usingB-rule ("a” and "b” denote the two branches created by theiapfpbn of 3-rule).
Branch "a” (14a) closes with 8. Applyin8-rule again we get 15ba and 15bb from 14b
("ba” and "bb” denote the two branches created by the apidicaf 3-rule). Applying
v-rule we get 16ba (from 3 and 10) and 17ba (from 16ba and 1&ndsr"ba” closes
because of 15ba and 17ba. We get 16bb from 10 via aXigin Fig.2 andrr-rule in
Fig.5. Similarly from 2 and 16bb by usingrule we get 17bb. We get 18bba and 18bbb
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—-Oj0pappointment 1.

Optime 2.

OpUjplace 3.

DW(DptimeH Djtime) 4.
Op0j(placentime— appointment 5.
11; —-Opappointment 6.

1 Opdj—-appointment 7.

11, <j-appointment 8.

11,2 —appointment 9.

11, Oj(placentime— appointment 10.

1.1p.2 place/\ti7—> appointment 11.

S

115.2j —(placentime) 12 11p.2j appointment 24.
11p.2; -place 13. 11,2 -time 16.
11, Ojplace 14. 11, Optime— Ojtime  17.

11,.2; place 15.

1.1p ~Optime  18.

11p.2p —time 19. 11, Ojtime  22.
11, Optime 20. 11,2} time 23.
11p.2p time 21.

Fig. 4. Proof of0;0, appointment usingathrepresentation

from 17bb by applying thg-rule ("bba” and "bbb” denote the branches created by the
B-rule). By usingv-rule we get 19bba ( from 18bba and 11). Branch "bba” (19bba)
closes with 15bb. From 18bbb usingrule we get 19bbb and 20bbb. From 10 and
20bbb via axiomA; (in Fig.2) andp-rule (in Fig.5) we get 21bbb. By applyingrule

to 1 and 21bbb we get 22bbb as a result of which the branch "blasés (22bbb and
19bbb).

It should be noted that axiom schemas likg. .., Ag of Example 2 given in Fig. 2
belong to the class of axioms calledlusion axiomsin particular they belong to axiom
sets of the form(J;, ... Oj, — Oy ... O (in > 0,ir, > 0), which in turn characterise the
class ofnormal modal Iogics:ahedinclusion modal logicsAs shown in [3], for each
axiom schema of the above type the correspondicotysionproperty on theaccessi-
bility relation can be given as

RiloRizo"'Rin:—)RiQORi'Z"'ORHﬂ 3)

where "o” denotes the relation compositidt, o Ri, = {(w,w’) e W xW | 3w € W
such thatw,w') € R;; and (W, w") € R;,}. This inclusion property is used to rewrite
items 7.(WoRjohnW1) and 9.(wiRpetew2) Of the proof given in Fig.6 so as to derive
a new path(woRpetetv3) and (wsRjonnW2) as in items 10. and 11. The corresponding
tableaux rule for this property is given asrule (5) in Fig.5. Also, the type of inter-
action axiom schemas of Example 2 involves the interact&twéen thesame mental
attitudeof different agentsThere is also another type where there is interaction hetwe
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w:a
Q) a-rule

w:ap

W: oo
@ —"P g

wip|w: B

WV Wow . .
3 Wv-rule wherewp;w is availableon the branch
(4) W I7'[ rule wherew is newon the branch

w P

w: poiw

.. Wn—1Ps, W
(5) Wps W1 W\;\n/ 1Psn p-rule wherew;,...,w/,_; arenewon the branch and
Whi, Wy Oi, ... 0i,¢ — Oy ... O ¢ €A
Wﬂ—lpinw

a o (a2 | |B B B
T@OAY) TOTY F(OAY) FOIFY| Vi |vo | | |To
Flovy) FOIFY| T(oVYy) T Ty TOigTe | [FOid|FP
FO—W)TOFY| [T(O—Y)FOT Y FOig[F¢| TOPTE
F (= To|T T (= FolF

o) [TolTe] T8 [Folre] — " o

(a) A-formulae (b) v-formulae formulae formulae

Fig. 5. Tableaux rules based on uniform notation for propositional inclusiorafiodics. [3].

different mental attitudesf the same agentThe BDI interaction axioms given in (1) is
of the later type. In the coming sections we will show thatkteM tableau can deal
with both types of interaction axioms.

As pointed out in [3], the main difference between the twaeetypf tableaux, (graph
and path), is in the use of-rule. In the case opath representation one needs to use
a specificv-rule for each logic as can be seen from Fig.3. These rules ttea prop-
erties of the accessibility relations so as to express cexmglations between prefixes
depending on the logic. Whereas in the casgraph representation the accessibility
relations are given explicitly. Also, it has been pointedlioy3] that the approach based
on path representation can be used only for some subclaksesusion axioms and
therefore difficult to extend the approach to the whole ctdsaulti-modal systems.

4 Labelled Tableau for Fibred BDI Logic

In this section we show how to adafEM , a labelled modal tableaux system, to deal
with the fibred combination of BDI logics. In labelled tahleasystems, the object
language is supplemented by labels meant to represent Seratactures (possible
worlds in the case of modal logics). Thus the formulas of llakd tableaux system
are expressions of the forf: i, whereA is a formula of the logic andis a label. The
intuitive interpretation ofA : i is thatA s true at (the possible world(s) denoted hy)
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1. wp: TOptime 14b. ws : F(placeA time)
2. wp: TOw(Optime— Ojtime) 15ba. ws : F place
3. wp:TOpOjplace 16ba. w3 : TOjplace
4. wp: TOpOj(placentime— appointment 17ba. w, : Tplace
5. wp: FO;Opappointment X
6. wq: FOpappointment 15bb. ws : Ftime
7. WoR johnW1 16bb. WRyifeWs
8. wy: Fappointment 17bb. wz: T(Optime— Ojtime)
9. W1 RpeteMV2 18bba.ws : T Ojtime
10. WoR petetV3 19bba.w, : Ttime
11. W3Rj0hnW2 X
12. wg: TOj(placentime— appointment  18bbb.ws : FOptime
13. wy: T (placentime— appointmenyt 19bbb.wy : Ftime
1l4a.wy : T appointment 20bbb W3R petetVa
X 21bbb. WORpeteﬁN4
22bbb.wy : T time
X

Fig. 6. Proof of 0; 0y usinggraphrepresentation.

KEM ’s inferential engine is based on a combination of standabiefiux linear
expansion rules and natural deduction rules supplementad hnalytic version of the
cut rule. In addition it utilises a sophisticated but powélbel formalism that enables
the logic to deal with a large class of modal and non-clasgiggcs. Furthermore the
label mechanism corresponds to fibring and thus it is passildefine tableaux systems
for multi-modal logic by a seamless combination of the (taitdpaux systems for the
component logics of the combination.

It is not possible in this paper to give a full presentatiotK&M for fully fledged
BDI logic supplemented with the interaction axioms giverEixample 2. (for a com-
prehensive presentation see [9]). Accordingly we will timirrselves to a single modal
operator for each agent and we will show how to charactensexioms and the inter-
action of example 2.

4.1 Label Formalism

KEM used abelled FormulagL-formulas for short), where dn-formula is an expres-
sion of the formA : i, whereA is a wff of the logic, and is a label. For fibred BDI
logic (from now onFBL) we need to have labels for various modalities (belief, r@esi
intention) for each agent. However, as we have just expdaiveewill consider only one
modality and thus will have only labels for the agents.

The set of atomic label§);, is then given as

_ i
L = UieAgt(D ’

whereAgt s the set of agents. Everyy' is partitioned into (non-empty) sets of variables
and constantsp' = @&, U &L were®, = {W}, Wi, ...} and®} = {w},w,,...}. & and
@, denote the set of constants and the set of variables. Weddisa set of auxiliary un
indexed atomic label®” = &) = (Wi, W, ...} U P4 = {wy, Wy, ...}, that will be used

in unifications and proofs.
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Definition 1 (labels) A label ue O is either (i) an element of the s€k:, or (ii) an
element of the saby, or (iii) a path term(u’,u) where (iiia) U € @ U @, and (iiib)
ue @coru=(V,v) where(V,v) is a label.

As an intuitive explanation, we may think of a laluet @¢ as denoting a world (given
one), and a label € @y as denoting a set of worldarfyworld) in some Kripke model.
A labelu = (V,v) may be viewed as representing a path froto a (set of) world(sy
accessible fromv (the world(s) denoted by).

For any label = (V,v) we shall callv theheadof u, v the bodyof u, and denote
them byh(u) andb(u) respectively. Notice that these notions are recursivey (toere-
spond to projection functions): B(u) denotes the body af, thenb(b(u)) will denote
the body ofb(u), and so on. We call each ofu), b(b(u)), etc., asegmenbdf u. The
length of a labely, £(u), is the number of atomic labels in #!(u) will denote the seg-
ment ofu of lengthn and we shall ush"(u) as an abbreviation fd(s"(u)). Notice that
h(u) = h‘™(u). Letu be a label and/ an atomic label. We us@/;u) as a notation for
the label(U/, u) if U’ = h(u), or for u otherwise. For any label, ¢(u) > n, we define the
counter-segment-of u, as follows (forn < k < ¢(u)):

c"(U) = h(u) x (- x (W(U) x (- x (h""4(U), wo))))

wherewp is a dummy label, i.e., a label not appearingiifthe context in which such

a notion occurs will tell us whatiy stands for). The counter-segmentiefines what
remains of a given label after having identified the segmélemthn with a ‘dummy’
labelwg. The appropriate dummy label will be specified in the appilices where such

a notion is used. However, it can be viewed also as an indepeatomic label. In the
context of fibringwp can be thought of as denoting the actual world obtained \d@a th
fibring function from the world denoted tg)().

So far we have provided definitions about the structure ofahels without regard
to the elements they are made of. The following definitionslvé concerned with the
type of world symbols occurring in a label.

We say that a label is i-preferrediff h(u) € @'; a labelu is i-pureiff each segment
of u of lengthn > 1 isi-preferred.

4.2 Label Unifications

The basic mechanism &€EM is its logic dependent label unification. In the same
way as each modal logic is characterised by a combinationaafainaxioms (or se-
mantic conditions on the modelKEM defines a unification for each modality and
axiom/semantic condition and then combines them in a reeuend modular way.
In particular we use what we call unification to determine thie the denotation of
two labels have a hon empty intersection, or in other termstiédr two labels can be
mapped to the same possible world in the possible worldss@rea
The second key issue is the ability to split labels and to waitk parts of labels.

The mechanism permits the encapsulation of operations lotasels. This is an im-
portant feature that, in the present context, allows usteetate unifications and fibring
functions. Given the modularity of the approach the firsp sikthe construction is to
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define unifications (pattern matching for labels) corresiimmto the single modality in
the logic we want to study.

Every unification is built from a basic unification defined @mrhs of a substitution
p : 01 — O such that:

p: 1q;c
@, — O for everyi € Agt
@

Accordingly we have that two atomic (“world”) labelsandv o-unify iff there is a
substitutionp such thatp(u) = p(v). We shall usdu;v]o both to indicate that there
is a substitutiorp for u andv, and the result of the substitution. Tleunification is
extended to the case of composite labels (path labels) lagvfol

li;jo = kiff 3p:h(k) = p(h(i)) = p(h(j)) and
b(K) = [bi(i);b(j)]o

Clearly o is symmetric, i.e.|u;v]o iff [v;u]o. Moreover this definition offers a flexible
and powerful mechanism: it allows for an independent comatpn of the elements of
the result of the unification, and variables can be freelanesd without affecting the
result of a unification.

We are now ready to introduce the unifications correspontitize modal operators
at hand, i.e.[y, Oj anddp. We can capture the relationship betwegpandOp by
extending the substitution by allowing a variable of typ& to be mapped to labels of
the same type and of type

pY(WW) e VU P
Then the unificatiorg™ is obtained from the basic unificatiam by replacingp with
the extended substitutignt¥. This procedure must be applied to all pairs of modalities
01,0, related by the interaction axiomy ¢ — Ox¢.

For the unifications forl, andd; (0P anda’) we assume that the labels involved
arei-pure. First we notice that these two modal operatorsS#renodalities thus we
have to use the unification for this logic.

[u;v]aP if £(u) = €(v)
(Vo™ =< [u;v]oT if £(u) < £(v),h(u) € dc (4)
[u;vja? if £(u) < £(v),h(u) € By

It is worth noting that the conditions on axiom unificatiome aeeded in order to pro-
vide a deterministic unification procedure. Tti& andg* are defined as follows:

[s"V)(u);v]o if £(u) > £(v), and
Vo’ = vn = ((v),[h"(u);h(v))]o = [h(u);h(v)]o
’ [u; "W (v)]aif £(u) > £(v), and
vn = £(u), [h(u); h(v)]o = [h(u);h(v)]o

The above unification allows us to unify to labels such thatsagment of the longest
with the length of the other label and the other label unifgvded that all remaining
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elements of the longest have a common unification with thel leéthe shortest. This
means that after a given point the head of the shortest igyalimaluded in its extension,
and thus it is accessible from itself, and consequently we heflexivity.

In this case we have that the shortest label unifies with tgensat with the same
length of the longest and that the head of the shortest iahariA variable stands for
all worlds accessible from the predecessor of it. Thus,mgivansitivity every element
extending the segment with length of the shortest is adadessom this point.

Then a unification corresponding to axiom A6 from Example.is 2

c™(v) if h(u) € dJV andc"(v) is p-pure, and
h/ Y-1(u )E d’\?andc”( v) is j-pure, and

[u'v}o'sm = = [ ) Sm(V)]G

' c™M(u ) ( V) € CDV andc"(u) is p-pure, and
‘V-1(v) € ¢>\§’ andc”( ) is j-pure and

[s"

(W): sV 2(v)]o

This unification allows us to unify two labels such that in am@have a sequence of a
variable of typep followed by a variable of typg¢ and a label where we have a sequence
of labels of typej followed by a sequence of labels of type

The unification ford, and Oj are just the combination of the three unifications
given above. Finally the unification for the logic defined by the axioms A1-A6 is
obtained from the following recursive unification

Wo =

[ [wvgP]
uvor = { [C™(u); (V)] 0%PJ wherewp = [s™(u);S"(v)] oL

o"“P is the simple combination of the unifications for the threedaimperators. Hav-
ing accounted for the unification we now give the inferendesused ilKEM proofs.

4.3 Inference Rules

For the inference rules we use the Smullyan-Fitting ungymotation [7].

. e y(i=12
al:u(a) IBg,i Juvio (B)
az:u

The a-rules are just the familiar linear branch-expansion rolethe tableau method.
The B-rules are nothing but natural inference patterns such adus®onens, Modus
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Tollens and Disjunctive syllogism generalised to the madak. In order to apply such
rules it is required that the labels of the premises unify daedabel of the conclusion
is the result of their unification.
viiu m:u
o % ()
whereW, is a new label.

The v and mt rules are the normal expansion rule for modal operators lulled
tableaux with free variable. The intuition for therule is that if ;A is true atu, then
Alis true at all worlds accessible Vi from u, and this is the interpretation of the label
(WL, u); similarly if ;A is false atu (i.e., -BA is true), then there must be a world, let
us sayw}, accessible fronu, where—A is true. A similar intuition holds wheun is not
i-preferred, but the only difference is that we have to maleaighe fibring function
instead of the accessibility relation

A:u | —A:u (PB)
The “Principle of Bivalence” represents the semantic cerpdrt of the cut rule of the
sequent calculus (intuitive meaning: a formélas either true or false in any given
world). PB is a zero-premise inference rule, so in its umietsd version can be applied
whenever we like. However, we impose a restriction on itdiaggion. PB can be only
applied w.r.t. immediate sub-formulas of unanalySefbrmulas, that is3 formulas for
which we have no immediate sub-formulas with the approptetels in the tree.

A:u
AV
X

[if [u;v]o] (PNC)

The Principle of Non-Contradictio(PNC) states that two labelled formulas are-
complementary when the two formulas are complementarytaidlabelso; -unify.

4.4 Proof Search

LetI = {Xi,...,Xm} be a set of formulas. Thefr is aKEM -tree for I if there ex-
ists a finite sequence7i, %, ..., n) such that (i).71 is a 1-branch tree consisting of
{Xe:itg, .., Xm 1 tm}; (i) 95 = 77, and (jii) for eachi < n, %1 results from; by an
application of a rule oKEM . A branchf of aKEM -tree.Z of L-formulas is said to be
g, -closedif it ends with an application dPNC, open otherwise. As usual with tableau
methods, a sef of formulas is checked for consistency by constructingeM -tree
for . Moreover we say that a formuldis a KEM -consequence of a set of formu-
lasI™ = {X1,..., %} (I Fkem ) A if a KEM -tree for{Xy:ug,..., Xy Un,mA:V}is
closed using the unification for the lodi¢ wherev € cpé, anduy; € &) The intuition
behind this definition is thak is a consequence 6f when we takd™ as a set of global
assumptions [7], i.e., true in every world in a Kripke model.
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We now describe a systematic procedureK&M . First we define the following
notions. Given a branc8 of a KEM -tree, we shall call ah-formulaX : u E-analysed
in @ if either (i) X is of typea and botha : t anda, : uoccur ing; or (ii) X is of typef3
and one of the following conditions is satisfied: (a])?j? :voccurs inf and[u;v]g, then
alsof3; : [u;vjo occurs ind, (b) if BS : v occurs in6 and[u;v]o, then alsoB; : [u;v]o
occurs in@; or (iii) X is of typeu and o : (U, u) occurs inB for some appropriate
U’ of the right type, not previously occurring #, or (iv) X is of typey andyp(x,) : u
occurs inf for some variables, not previously occurring i or (v) X is of typed and
d(cn) : uoccurs inf for some variable, not previously occurring ir.

We shall call a brancl of a KEM -tree E-completedf every L-formula in it iSE-
analysed and it contains no complementary formulas whiemata; -complementary.
We shall say a brancB of a KEM -tree completedif it is E-completed and all the
L-formulas of typef in it either are analysed or cannot be analysed. We shalbcall
KEM -treecompletedf every branch is completed.

The following procedure starts from the 1-branch, 1-node tonsisting of X; :

.,Xm : v} and applies the inference rules until the resultiti§M -tree is either
closed or completed.

At each stage of proof search (i) we choose an open non caeddbedncto. If 6 is
not E-completed, then (ii) we apply the 1-premise rules ufitilecomesE-completed.

If the resulting branch®’ is neither closed nor completed, then (iii) we apply the 2-
premise rules unti® become<$-completed. If the resulting brandi is neither closed
nor completed, then (iv) we choose bfformula of typef which is not yet analysed
in the branch and applyB so that the resultingS-formulas arg3; : U andﬁf U (or,
equivalently3, : U’ and 35 :U), whereu = U if uis restricted (and already occurring
whenh(u) € &c), otherwisel' is obtained fronu by instantiatingh(u) to a constant not
occurring inu; (v) (“Modal PB”) if the branch is noE-completed nor closed, because of
complementary formulas which are rat-complementary, then we have to see whether
a restricted label unifying with both the labels of the coempéntary formulas occurs
previously in the branch; if such a label exists, or can bé lnging already existing
labels and the unification rules, then the branch is closépdwe repeat the procedure
in each branch generated BY3.

1. FOjOpappt Wy 9. T(placentime— appt) (Wl-,W1 Wo)
2. TOpOj(placentime— appt) Wo 10. Fplacentime (Wl,Wl,Wo)
3.TI:IW( ptime— O;time) Wo 11. TOptime— Ojtime (WYY ]p

4. TOpOjplace W 12.TOjplace (W

5. TOptime W) 13. Tplace (W, W wo)
6. FOpappt ( wp) 14. Ftime (Wl,wl,wo)
7. Fappt (Wl,Wl,Wo) 15. TOptime (wl,wo)

8. TOj(placentime— appt) (W1 ,Wp)  16.Ttime (W3 ,wl,wo)

X

Fig. 7. Proof of0;0, usingKEM representation.

Fig.7. shows &KEM tableaux proof using the inference rules in section 4.3 and
following the proof search mentioned above to solve thedwsjunct of (2). The proof
goes as follows; 1. is the negation of the formula to be provée formulas in 2-5 are
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the global assumptions of the scenario and accordingly mingst hold in every world
of every model for it. Hence we label them with a variaWlgthat can unify with every
other label. This is used to derive 12. from 11. and 5. usi@gale, and for introducing
15.; 6. isfrom 1., and 7. from 6. by applyimgrule. Similarly we get 8. from 2., 9. from
8. usingv rule. 10. comes from 9. and 7. through the use of modus tolkepglying

v rule twice we can derive 11. from 3. as well as 13. from 12. Tigtopropositional
reasoning we get 14. from 10. and by a further use ofle on 15. we get 16. (14. and
16.) are complementary formulas indicating a contradicéind this results in a closed
tableaux because the labels in 14. and 16. unify, denotiaigtiie contradiction holds
in the same world

5 Concluding Remarks

In this paper we have argued that BDI logics can be explaingdrims of fibring as
combination of simpler modal logics. Then we have outlinecé labelled tableaux
systems (path, graph and unification). For each of the metl®mbave seen how they
can deal with the Friend’s puzzle as a way to evaluate thafufes. The path approach
requires the definition of new inference rules for each lpbigt then we can use a
simple labelling mechanism. However, it is not clear how Hpproach can be extended
to more complex cases of fibring, for example when we considernormal modal
operators for the mental attitudes of the agents.

The graph approach on the other hand does not require, imaeaay new rule,
since it uses the semantic structure to propagate formoltsetappropriate labels. It
is then suitable for an approach based on fibring, since thgarships between two
labels can be given in terms of fibring. However, when thecstme of the model is
more complicated (for example when the models for the logresgiven in terms of
neighbourhood models) then the approach might not be aydicsince it assumes
relationships between labels/worlds in a model and not moreplex structures. In
addition, the system does not give a decision proceduressitie relationships among
labels are restricted to decidable fragments of first-dimlgic. Thus it is not possible to
represent logic that are not first-order definable and thgydesof an agent logic has
to verify that she is operating within a decidable fragmédtiiret order logic.

KEM, in general similar to the graph approach, does not need ldgpendent
rules, however, similar to the path approach, it needs ldgpendant label unifications.
We have seen that the label algebra can be seen as a form p§f[Bitj thus simple
fibring does not require special attentionKEM ; therefore it allows for a seamless
composition of (sub)tableaux for modal logics. The labgkhaka contrary to the graph
reasoning mechanism is not based on first order logic andcnusleal with complex
structure and is not limited to particular fragment. Ind&&M has been proved able
to deal with complex label schema for non-normal modal Isdrica uniform way [11]
as well as other intensional logics such as conditionalckd®]. For these reasons
we believe thaKEM offers a suitable framework for decision procedure for mult
modal logic for multi-agent systems. As we only describesigtatic fragment of BDI
logics, (no temporal evolution was considered), the futuwek is to extend the tableaux
framework so as to accomodate temporal modalities.
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Abstract. AgentSpeak is a well-known language for programming intelligent
agents which captures the key features of reactive planning systems in a sim-
ple framework with an elegant formal semantics. However, the original language
is too abstract to be used as a programming language for developing multi-
agent system. In this paper, we address one of the features that are essential for
a pragmatical agent programming language. We show how cqrtdfarnsof
AgentSpeak plans can be used to define various types of declarative goals. In or-
der to do so, we first define informally how plan failure is handled in the extended
version of AgentSpeak available dason a Java-based interpreter; we also de-
fine special (internal) actions used for dropping intentions. We present a number
of plan patternswhich correspond to elaborate forms of declarative goals. Fi-
nally, we give examples of the use of such types of declarative goals and describe
how they are implemented ason

1 Introduction

The AgentSpeak(L) language, introduced by Rao in 1996, provides a simple and elegant
framework for intelligent action via the run-time interleaved selection and execution of
plans. Since the original language was proposed, substantial progress has been made
both on the theoretical foundations of the language (e.g., its formal semantics [6]), and
onits use, via implementations of practical extensions of AgentSpeak [5]. However, one
problem with the original AgentSpeak(L) language is that it lacks many of the features
that might be expected by programmers in practical development. Our aim in this paper
is to focus on the integration of one such features, namely the definition of declarative
goals and the use of plan patters. Throughout the paper, we use AgentSpeak as a more
general reference to AgentSpeak(L) and its extensions.

In this paper, we consider the usedafclarative goalsn AgentSpeak programming.
By a declarative goal, we mean a goal thaplicitly represents a state of affairs to be
achieved, in the sense that, if an agent has a g@al . . ., t,), it expects to eventu-
ally believep(t, . .., t,) (cf. [19]) and only then can the goal be considered achieved.
Moreover, we are interested not only in goals representing states of affairs, but goals
that may have complex temporal structures. Currently, although goals form a central
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component of AgentSpeak programming, they are anjylicit in the plans defined by
the agent programmer. For example, there is no explicit way of expressing that a goal
should be maintained until a certain condition holds; such temporal goal structures are
defined implicitly, within the plans themselves, and &y hocefforts on the part of
programmers.

While one possibility would be to extend the language and its formal semantics
to introduce an explicit notion of declarative goal (as done in other languages, e.g.,
[19, 7, 22]), we show that this is unnecessary. We introduce a numipdaiopatterns
corresponding to common types of explicit temporal (declarative) goal structures, and
show how these can be mapped into AgentSpeak code. Thus, a programmer or designer
can conceive of a goal at the declarative level, and this goal will be expanded, via these
patterns, into standard AgentSpeak code. We then show how such goal patterns can be
used inJason a Java-based implementation of an extended version of AgentSpeak [4].

In order to present the plan patterns that can be used for defining certain types of
declarative goals discussed in the literature,ptan failure handling mechanism im-
plemented inJason and some pre-definddternal actionsused for dropping goals,
need to be presented. Being able to handle plan failure is useful not only in the con-
text of defining plan patterns that can represent complex declarative goals. In most
practical scenarios, plan failure is not only possible, it is commonplace: a key com-
ponent of rational action in humans is the ability to handle such failures. After pre-
senting these features disonthat are important in controlling the execution of plans,
we can then show the plan patterns that define more complex types of goals than has
been claimed to be possible in AgentSpeak [7]. We present (declarative) maintenance
as well as achievement goals, and we present different forms of commitments towards
goal achievement/maintenance (e.g., the well-known blind, single-minded, and open-
minded forms of commitment [18]). Finally, we discul@sonimplementations of ex-
amples that appeared in the literature on declarative goals; the examples also help in
showing why declarative goals with complex temporal structures are an essential fea-
ture in programming multi-agent systems.

2 Goals and Plans in AgentSpeak

In [17], Rao introduced the AgentSpeak(L) programming language. It is a natural ex-
tension of logic programming for the BDI agent architecture, and provides an elegant
abstract framework for programming BDI agents. In this paper, we only give a very
brief introduction to AgentSpeak; see e.g. [6] for more details.

An AgentSpeak agent is created by the specification of a set of initial beliefs and
a set of plans. Aelief atomis simply a first-order predicate in the usual notation, and
belief atoms or their negations arelief literals The initial beliefs define the state of the
belief base at the moment the agent starts running; the belief base is simply a collection
of ground belief atoms (or, idason literals).

AgentSpeak distinguishes two types of goalshievement goalandtest goals
Achievement goals are predicates (as for beliefs) prefixed with! thegerator, while
test goals are prefixed with th€’* operator. Achievement goals state that the agent
wants to achieve a state of the world where the associated predicate is true. (In practice,
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these lead to the execution of other plansteét goalstates that the agent wants to test
whether the associated predicate is a belief (i.e., whether it can be unified with one of
the agent’s beliefs).

Next, the notion of driggering events introduced. It is a very important concept
in this language, as triggering events define which events may initiate the execution of
plans; the idea oévent both internal and external, will be made clear below. There are
two types of triggering events: those related to ddelition (‘+') and deletion(‘- ") of
mental attitudes (beliefs or goals).

Plans refer to théasic actionsthat an agent is able to perform on its environ-
ment. Such actions are also defined as first-order predicates, but with special predi-
cate symbols (calledction symbolsused to distinguish them. The actual syntax of
AgentSpeak programs is based on the definition of plans, as followsislfa trig-
gering eventpy,...,b,, are belief literals, and, ..., h, are goals or actions, then
e: b1 &... &by, —hy; ...; hy. isaplan

An AgentSpeak(L) plan hashead(the expression to the left of the arrow), which is
formed from a triggering event (denoting the purpose for that plan), and a conjunction
of belief literals representing@ntext(separated from the triggering event by “’). The
conjunction of literals in the context must be satisfied if the plan is to be executed (the
context must be a logical consequence of that agent’s current beliefs). A plan also has
abody, which is a sequence of basic actions or (sub)goals that the agent has to achieve
(or test) when the plan is triggered.

Besides the belief base and the plan library, the AgentSpeak interpreter also man-
ages a set ofventsand a set ofntentions and its functioning requires threelection
functions The event selection function selects a single event from the set of events;
another selection function selects an “option” (i.e., an applicable plan) from a set of
applicable plans; and a third selection function selects one particular intention from the
set of intentions. The selection functions are supposed to be agent-specific, in the sense
that they should make selections based on an agent’s characteristics in an application-
specific way. An event has the forfte, i), wherete is a plan triggering event (as in
the plan syntax described above) anslthat intention that generated the evenT dor
external events.

Intentionsare particular courses of actions to which an agent has committed in order
to handle certain events. Each intention is a stack of partially instantiated plans. Events,
which may start the execution of plans that have relevant triggering events, exr be
ternal, when originating from perception of the agent’s environment (i.e., addition and
deletion of beliefs based on perception are external eventis)tesnal, when generated
from the agent’s own execution of a plan (i.e., a subgoal in a plan generates an event of
type “addition of achievement goal”). In the latter case, the event is accompanied with
the intention which generated it (as the plan chosen for that event will be pushed on top
of that intention). External events create new intentions, representing separate focuses
of attention for the agent'’s acting within the environment.
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3 Plan Failure

We identify three cases of plan failure. The first cause of failurelach of relevant

or applicable planswhich can be understood as the agent “not knowing how to do
something”. This happens either because the agent simply does not have the know-how
(in case it has no relevant plans) — this could happen through simple omission (the
programmer did not provide any appropriate plans) — or because all known ways of
achieving the goal cannot currently be used (there are known plans but whose contexts
do not match the agent’s current beliefs). The second is where a test goal fails; that is,
where the agent “expected” to believe in a certain condition of the world, but in fact
the condition did not hold. The third is where an internal action (“native method”), or a
basic action (the effectors within the agent architecture are assumed to provide feedback
to the interpreter stating whether the requested action was executed or not), fails.

Regardless of the reason for a plan failing, the interpreter generates a goal deletion
event (i.e., an event for-!¢") if the corresponding goal achievemenrt!g) has failed.

This paper introduces for the first time an (informal) semantics for the notion of goal
deletion as used idason In the original definition, Rao syntactically defined the possi-
bility of goal deletions as triggering events for plans (i.e., triggering eventavitand

-? prefixes), but did not discuss what they meant. Neither was goal deletion discussed
in further attempts to formalise AgentSpeak or its ancestor dMars [12, 11]. Our own
choice was to use this as some kind of plan failure handling mech&nisndiscussed
below (even though this was probably not what they originally were intended for).

The idea is that a plan for a goal deletion is a “clean-up” plan, executed prior to
(possibly) “backtracking” (i.e., attempting another plan to achieve the goal for which a
plan failed). One of the things programmers might want to do within the goal deletion
plan is to attempt again to achieve the goal for which the plan failed. In contrast to
conventional logic programming languages, during the course of executing plans for
subgoals, AgentSpeak programs generate a sequence of actions that the agent performs
on the external environment so as to change it, the effects of which cannot be undone by
simply backtracking (i.e., it may require further action in order to do so). Therefore, in
certain circumstances one would expect the agent to have to “undo” the effects of certain
actions before attempting some alternative courses of action to achieve that goal, and
this is precisely the practical use of plans with goal deletions as triggering events.

It is important to observe that omitting possible goal deletion plans for existing
goal additions implicitly denotes that such goal should never be backtracked, i.e., no
alternative plan for it should be attempted in case one fails. To specify that backtracking
should always be attempted (e.g., until special internal actions in the plan explicitly
cause the intention to be dropped), all the programmer has to do is to specify a goal
deletion plan (for a given gogl addition) with empty context and the same goal in the
body,asin® g¢: true « l!g.".

“ The notation-!g, i.e., “goal deletion” also makes sense for such plan failure mechanism; if a
plan fails there is a possibility that the agent may need to drop the goal altogether, so it is to
handle such event (of the possible need to drop a goal) that plans of the-figrm. .. are
written.
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When a failure happens, the whole intention is dropped if the triggering event of the
plan being executed was neither an achievement nor a tesaddigibrc only these can
be attempted to recover from failure using the goal deletion construct (one cannot have
a goal deletion event posted for a failure in a goal deletion plan). In any other circum-
stance, a failed plan means that the whole intention cannot be achieved. If a plan for a
goal addition ¢! g) fails, the intention; where that plan appears is suspended, and the
respective goal deletion everjt{g, i)) is included in the set of events. Eventually, this
might lead to the goal addition being attempted again as part of the plan to handle the
-1 g event. When the plan fot g finishes not only itself but also the failed g plan
below i® are removed from the intention. As it will be clear later, it is a programmer’s
decision to attempt the goal again or not, or even to drop the whole intention (possi-
bly with special internal action constructs, whose informal semantics is given below),
depending on the circumstances. What happens when a plan fails is shown in Figure 1.

In the circumstance de-

—1g1(0):  ct scribed in Figure 1(a) abpve,
< .. suppose:(t) fails, or otherwise
191(t); after that action succeeds an
e - event for +!g2(¢t) was created
- - but there were no applicable
+191(1): ot +191(0): ct plans to handle the event, or
<= a(n); <= a(n); ?7¢2(t) is not is the belief base,
1g2(1t); 1g2(1); :
i i nor there are applicable plans
?92(t); ?92(t);
S R to handle a+7¢2(t) event. In
any of those cases, the intention
te_-ct 1D - te_-ct 1D - is suspended and an event for
:g_’_(_)’ :9_’_(_)’ —1g1(t) is generated. Assuming
the programmer included a
plan for —!g1(¢), and the plan
(a) An Intention (b) That Intention is applicable at the time the
before Plan Failure after Plan Failure event is selected, the intention
will eventually look as in Fig-
Fig. 1. Plan Failure. ure 1(b). Otherwise the original

goal addition event is re-posted
or the whole intention dropped, depending on a setting ofl&is®ninterpreter that is
configurable by programmers. (See [1] for an overview of how various BDI systems
deal with the problem of there being no applicable plans.)

The reason why not providing goal deletion plans in case a goal is not to be back-
tracked works is because an event (with the whole suspended intention within it) is dis-
carded in case there are no relevant plans for a generated goal deletion. In general, the
lack of relevant plans for an event indicates that the perceived event is not significant for
the agent in question, so they are simply ignored. An alternative approach for handling
the lack of relevant plans is described in [2], where it is assumed that in some cases,
explicitly specified by the programmer, the agent will want to ask other agents how to

® The failed plan is left in the intention, for example, so that programmers could check which
plan failed (e.g., by means d&soninternal actions).
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handle such events. The mechanism for plan exchange between AgentSpeak agents pre-
sented in [2] allows the programmer to specify which triggering events should generate
attempts to retrieve external plans, which plans an agent agrees to share with others,
what to do once the plan has been used for handling that particular event instance, and
so on.

In the next section, besides the plan failure handling mechanism, we also make use
of a particular standard internal action. Standard internal actions, unlike user-defined
internal actions, are those available with theson distribution; they are denoted by
an action name starting with symbol’! Some of these pre-defined internal actions
manipulate the structure used in giving semantics to the AgentSpeak interpreter. For
that reason, they need to be precisely defined. As the focus here is on the use of patterns
for defining declarative goals, we will give only informal semantics to the internal action
we refer to in the next section.

The particular internal action used in this paperdopGoal( g,true) . Any
intention that has the goalin the triggering event of any of its plans will be changed
as follows. The plan with triggering everd g is removed and the plan below that
in the stack of plans forming that intention carries on being executed at the point af-
ter goalg appeared. GoaJ, as it appears in thelropGoal internal action is used
to further instantiate the plan where the goal that was terminated early appears. With
.dropGoal( g¢,false) ,the planfort! g is also removed, but an event for the dele-
tion of the goal whose plan body requireds generated: this informally means that
there is no way of achieving so the plan requiring to be achieved must fail. That
is, .dropGoal( g,true) is used when the agent realises the goal has already been
achieved so whatever plan was being executed to achieve that goal does not need to be
executed any longer. On the other hamtppGoal( g,false) is used when the
agent realises that the goal has become impossible to achieve, hence the need to fail the
plan that required@ being achieved as one of its subgoals.

Itis perhaps easier to understand how these actions work with reference to Figure 2.
The figure shows the consequence of each of these internal actions being executed (the
plan where the internal action appeared is not shown; it is likely to be within another
intention). Note that the state of the intention affected by the execution of one of these
internal actions, as shown in the figure, is not the immediate resulting state (at the end
of the reasoning cycle where the internal action was executed) but the most significant
next state of the changed intention.

4 Declarative Goal Patterns

Although goals form a central component of the AgentSpeak conceptual framework,
it is important to note that the language itself does not provide any explicit constructs
for handling goals with complex temporal structure. For example, a system designer
and programmer will often think in terms of goals such as “mainfainntil @ be-

comes true”, or “prevenP from becoming true”. Creating AgentSpeak code to realise
such complex goals has, to date, been largelpdihocprocess, dependent upon the
experience of the programmer. Our aim in this section is firstly to define a number of
declarative goal structures, and secondly to show how these can be realised in terms
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+1g2(t): ct
<= ee. 3
193(D);
+1g1(t): ct -1go(t): ct
1 . +1ga(t): ct T e-- s
< te20: <~ 190(1);
195(t); - -
' B
+'29(t!z;i(t§t; o +1g0(t): ct
1g4(t); 190Dy ct < 1els
R ’ <- 1g4(t); 194(t);
(a) Initial In- (b) After (c) After
tention .dropGoal(g1(t),true) .dropGoal(gl(t),false)

Fig. 2. Standard Internal Actions for Dropping Goals.

of patternsof AgentSpeak plans — that is, complex combinations of plan structures
which are often useful in actual scenarios. As we shall see, such patterns can be used
to implement, in a systematic way, not only complex types of declarative goals, but
also the types of commitments they represent, as discussed for example by Cohen and
Levesque [8].

As an initial motivational example for declarative goals, consider a robot agent with
the goal of being at some location (represented by the predicalg Y) ) and the
following plan to achieve this goal:

+I(X,Y): bc(B) & B >0.2 « go(X,Y).

where the predicatiec/1 stands for “battery charge”, argb identifies an action that
the robot is able to perform in the environment.

At times, using an AgentSpeak plan as a procedure, can be a quite useful program-
ming tool. Thus, in a way, it is important that the AgentSpeak interpreter does not en-
force any declarative semantics to its only (syntactically defined) goal construct. How-
ever, in the plan abové( X, Y) is clearly meant as a declarative goal; that is, the
programmer expects the robot to belidgeX, Y) (by perceiving the environment) if
the plan executes to completion. If it fails because, say, the environment is dynamic, the
goal cannot be considered achieved and, normally, should be attempted again.

This type of situation is commonplace in multi-agent system, and this is why it is
important to be able to define declarative goals in agent-oriented programming. How-
ever, this can be done without the need to change the language and/or its semantics. As
similarly pointed out by van Riemsdij&t al. [19], we can easily transform the above
procedural goal into a declarative goal by adding a correspondsigyoalat the end
of the plan’s body, as follows:
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+I(X,Y): bc(B) & B >0.2 « go(X,Y): 2I(XY)

This plan only succeeds if the goal is actually (believed to be ) achieved; if the given
(procedural) plan executes to completion (i.e., without failing) but the goal happens not
to be achieved, the test goal at the end will fail. In this way, we have taken a simple
proceduralgoal and transformed it into @eclarativegoal — the goal to achieve some
state of affairs.

This solution forms a plan pattern, which can be applied to solve other similar prob-
lems which, as we mention above, are commonplace in agent programming. Thus, our
approach to include declarative goals in AgentSpeak programming is inspired by the
successful adoption of design patterns in object oriented design [13]. To represent such
patterns for AgentSpeak, we shall make use of skeleton programs with meta variables.
For example, the general form of an AgentSpeak plan for a simple declarative goal, as
the one used in the robot’s location goal above, is as follows:

+ g ¢ «— p ?g.

Here,g is a meta variable that represents the declarative gaosla meta variable that
represents the context expression stating in which circumstances the plan is applicable,
andp represents the procedural part of the plan body (i.e., a course of action to achieve
¢). Note that, with the introduction of the final test goal, this plan to achiefigishes
successfully only if the agent believesifter the execution of plan bogy

To simplify the use of the patterns, we also define pattern rules which rewrite a set
of AgentSpeak plans into a new AgentSpeak program according to a given Saktezn.
following pattern rule, calledG (Declarative Goal), is used to transform procedural
goals into declarative goals. The pattern rule name is followed by the parameters which
need to be provided by the programmer, besides the actual code (i.e., a set of plans) on
which the pattern will be applied.

+ g 1 — p1.
+lg: co — po.

+' g ¢, — pn.

DG, (n>1)
+l g g « true.

tg ca «— p; ?g

tg ca « po; ?g.

tHgl e — pu 7.
+g: true < .dropGoal( g, true).

Essentially, this rule adday at the end of each plan in the given set of plans which has
+! g as trigger event, and creates two extra plans (the first and the last plans above). The

® Note that some of the patterns presented in this paper require the atomic execution of certain
plans, but we avoid including this in the patterns for clarity of presentation; this feature is
available inJasonthrough a simple plan annotation.
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first plan checks whether the gagahas already been achieved — in such case, there is
nothing else to do. That last plan is triggered when the agent perceivestibatbeen
achieved while it is executing any of the courses of actip(l < ¢ < n) which aim
at achievingg; in this circumstance, the plan being executed in order to achiean
be immediately terminated. The internal actionopGoal( g, true) terminates
such plan with success (as explained in Section 3).

In this pattern, when one of the plans to achig¥ails, the agent gives up achieving
the goal altogether. However it could be the case that for such goal, the agent should try
another plan to achieve it, as in the “backtracking” plan selection mechanism available
in platforms such asack [21, 14] and 3APL [10,9]. In those mechanisms, usually
only when all available plans have been tried in turn and failed is the goal abandoned
with failure, or left to be attempted again later on. The following rule, caB&G
(Backtracking Declarative Goal), defines this pattern based on a set of conventional
AgentSpeak plan® transformed by théG pattern (each plan i is of the form
+ g ¢« p):

P
BDG

DG,(P)
-l g true  «— lg.

The last plan of the pattern catches a failure event, caused when a plaR fiails, and

then tries to achieve that same ggalgain. Notice that it is possible that the same plan

is selected and fails again, causing a loop if the plan contexts have not been carefully
programmed. Thus the programmer would need to specify the plan contexts in such a
way that a plan is only applicable if it has a chance of succeeding regardless of it having
been tried already (recently).

Instead of worrying about defining contexts in such more general way, in some
cases it may be useful for the programmer to apply the following pattern, ¢zieds
(Exclusive BDG), which ensures that none of the given plans will be attempted twice
before the goal is achieved:

+l g ¢ «— by
+lg: co — bo.

+ g ¢ — by

+lg: g < true.
+l g not pI( g) & ¢ « +pl(g); br.
+lg: not p2( g) & co «— +p2( g); bo.

+gonot p n(g) & cn « +pn(g); bn.
-l g true  «— lg.
+g: true  — -p1( g); -p2( g); ... .dropGoal( g, true).

In this pattern, each plan, when selected for execution, initially adds a pgligj ; the
goalg is used as an argumentpcso as to avoid interference among applications of the
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pattern for different goals. The belief is used as part of the plan contexts (note the use
of not p i inthe contexts of the plans in the pattern above) to state the plan should not
be applicable in a second attempt (of that same plan within a single adoption of goal
for that agent).

In the pattern above, despite the various alternative plans, the agent can still end
up dropping the intention with the goalunachieved, if all those plans become non-
applicable. Conversely, in lalind commitment goahe agent can drop the goal only
when it is achieved. This type of commitment toward the achievement of a declarative
goal can thus be understoodfasatical commitmeritL8]. TheBCG, r pattern below
defines this type of commitment:

P

BCG,
F(P)
+l g true  « lg.

This pattern is based on another pattern rule (represented by the véw)ablés often
BDG, although the programmer can chose another pattern EB®G if a plan should
not be attempted twice). Finally, the last plan keeps the agent pursuing the goal even
in case there is no applicable plan. It is assumed that the selection of plans is based on
the order that the plans appear in the program and all events have equal chance of being
chosen as the event to be handled in a reasoning cycle.

For most application8CG-style fanatical commitment is too strong. For example,
if a robot has the goal to be at some location, it is reasonable that it can drop this goal
in case its battery charge is getting very low; in other words, the agent has realised that
it has become impossible to achieve the goal, so it is useless to keep attempting it. This
is very similar to the idea of a persistent goal in the work of Cohen and Levesque: a
persistent goal is a goal that is maintained as long as it is believed not achieved, but still
believed possible [8]. In [22] and [7], the “impossibility” condition is called a “drop
condition”. The drop conditiory (e.g., “low battery charge”) is used in the Single-
Minded Commitment $MC) pattern to allow the agent to drop a goal if it becomes
impossible:

P

SMC, s
BCG, spc(P)
+f: true «— .dropGoal( g, false).

This pattern extends tHeCG pattern adding the drop condition represented by the
literal f in the last plan. If the agent comes to beligldt can drop goal, signalling
failure (refer to the semantics of the internal actidropGoal in section 3). This
effectively means that the plan in the intention whergppeared, which depended on
g to carry on execution, must itself fail (gsis now impossible to achieve). However,
there might be an alternative for that other plan which does not depepdsmthat
plan’s failure handling may take care of such situation.

As we have a failure drop condition for a goal, we can also have a successful drop
condition, e.g., because the motivation to achieve the goal has ceased to exist. Suppose
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a robot has the goal of going to the fridge because its owner has asked it to fetch a beer
from there; then, if the robot realises that its owner does not want a beer anymore, it
should drop the goal [8]. The belief “my owner wants a beer” isrttagivationm for

the goal. The following pattern, called Relativised Commitment GR&IG) defines a

goal that is relative to a motivation condition: the goal can be dropped with success if
the agent looses the motivation for it.

P

RCGy
BCG%BDc,*('P)
-m: true < .dropGoal( g, true).

Note that, in the particular combination BCG and BCG above, if the attempt to
achieveg ever terminates, it will always terminate with success, since the goal will be
dropped only if either the agent believes it has been achieved achievBC®Yyor m

is removed from belief base.

Of course we can combine the last two patterns above to create a goal which can be
dropped if it has been achieved, has become impossible to achieve, or the motivation
to achieve it no longer exists (representing an open-minded commitment). The Open-
Minded Commitment patterrOQMC) defines this type of goal:

P

OMCy f.m
BCG, spc(P)

+f: true  «— .dropGoal( ¢, false).
-m: true < .dropGoal( g, true).

For example, a drop condition could be “no beer at locati®i{)” (denoted below
by = b(X,Y) ), and the motivation condition could be “my owner wants a beer” (de-
noted below bywb). Consider the initial plan below with representing the single known
course of action to achieve gdéX,Y)

HI(X,Y): bc(  B) & B >0.2 — go(X,Y).

When the patter®MC x vy -»(x,v),wb iS applied to the plan above, we get the fol-
lowing program:

+I(X,Y): 1(X,Y) «— ftrue.
+I(X)Y): bc(B) & B > 0.2 <« go(X,Y); ?I(X)Y).
+I(X,Y): true — N(XY).
-NEX,Y): true — N(XY).

+-b(X,Y): true «— .dropGoal(l(X,Y), false).
-wh: true < .dropGoal(I(X,Y), true).

Another important type of goal in agent-based systemsraiatenance goalghe
agent needs to ensure that the state of the world will always be sughttbts. When-
ever the agent realises thats no longer in its belief base (i.e., believed to be true), it
attempts to bring aboygtagain by having the respective declarative (achievement) goal.
The pattern rule that defines a Maintenance G | is as follows:

(0]



P

MG, F
g.
-g: true  «— lg.
F(P)

The first line of the pattern states that, initially (when the agent starts running) it will
assume thag is true. (As soon as the interpreter obtains perception of the environment
for the first time, the agent might already realise that such assumption was wrong.) The
first plan is triggered whep is removed from the belief base, e.g. becag$®s not
been perceived in the environment in a given reasoning cycle, and thus the maintenance
goalg is no longer achieved. This plan then creates a declarative goal to aghiEve
type of commitment to achievingif it happens not to be true is defined By which
would normally beBCG given that the goal should not be dropped in any circumstances
unless it is has been achieved again. (Realistically, plans for the agent to attempt pro-
actively to prevent this from even happening would also be required, but the pattern is
useful to make sure the agent will act appropriately in case things go wrong.)

Another useful pattern is a Sequenced Goal AdoptB@A). This pattern should
be used when various instances of a goal should not be adopted concurrently (e.g., a
robot that needs to clean two different places). To solve this probleng@#epattern
adopts the first occurrence of the goal and records the remaining occurrences as pending
goals by adding them as special beliefs. As one such goal occurrence is achieved, if any
other occurrence is pending, it gets activated.

SGA; .4

t: not fil ) & ¢ « Hg( g).

t: il ) & ¢ «— +( g).

+Ifg( g): true — Hl( g); ! g -fIC  g).
-fg( g): true — -l g).

fIC ) i g) «— Hg( g).

In this patternt is the trigger leading to the adoption of a ggalk is the context for

the goal adoptiorfj(  ¢) is the flag to control whether the gagais already active; and

fg( g) is a procedural goal that guarantees thatwill be added to the belief base to
record the fact that some occurrence of the goal has already been adopted, then adopts
the goal! g, as well as it guarantees thiht will be eventually removed whethérg
succeeds or not. The first plan is selected whésnnot being pursued; it simply calls
thefg goal. The second plan is used if some other instance of that goal has already
been adopted. All it does is to remember that this goahs not immediately adopted

by addingfl( ¢) to the belief base. The last plan makes sure that whenever a goal
adoption instance is finished (denoted by the removal fof d&elief), if there are any
pending goal instances to be adopted, they will be activated throudd thall.

5 Using Patterns inJason

Jasonis an interpreter for an extended version of AgentSpeak(L) and is availyge
Sourceunder GNU LGPL athttp://jason.sourceforge.net [4]. It imple-
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ments the operational semantics of AgentSpeak(L) as given in [6]. It also implements
the plan failure mechanism and the pre-defined internal dctised in the patterns
described in Section 4. Since these features are enough for programming declarative
goals,Jasonalready supports them. However, it would be clearly not acceptable if the
programmer had to apply the patterns by hand.

To simplify the programming of sophisticated goals by the use of patterns, we ex-
tend the language interpreted #gsonto include pre-processing directives. The syntax
for pattern directives is:

directive ::=
"{" "begin" <pattern-name>"("<parameters>")" "}"
<agent-speak-program>
ll{ll Ilendll II}II

We have implemented a pre-

processor fodasonwhich also handles
patterns as illustrated in Figure 3. Each
Code pattern is implemented in a Java class
il that receives an AgentSpeak program

and returns another program, trans-
formed as defined by the respective

e rocessor & ' pattern. This implementation allows us,

and even users, to make new patterns
available in a straightforward manner.
4 One simply has to create a new Java
class for the new pattern and register this
Code class with the pre-processor
In the remainder of this section,
4 we will illustrate how theJason pre-

processing directives for the use of pat-
terns can be used to program a clean-
ing robot for the scenario described in [7]
Fig. 3. JasonPre-Processing and Patterns(Where the robot was implemented using
Jadex [15, 16]). The first goal of the robot
is to maintain its battery charged: this is
clearly a maintenance godiG). The agent should pursue this goal when its battery
level goes below 20% and should remain pursuing it until the battery is completely
charged. In the program below, based on the perception of the battery level, the belief
battery _charged , which indicates that the goal is satisfied, is either removed or
added to the belief base, signalling whether the corresponding achievement goal must
be activated or not.

AgentSpeak Interpreter

" The internal action used here is not yet available in the latest public reledasaf but will
be available in the next release.
8 Note that this too will only be available in the next releasdason
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+battery _level(B): B < 0.2 « -battery _charged.
+battery _level(B): B = 1.0 « +battery _charged.

{ begin mg("battery  _charged", bcg("battery  _charged")) }
+!battery  _charged : not I(power _supply)
go(power _supply).
+lbattery  _charged: I(power  _supply) <« plug _in.
{ end }

The first plan of the pattern for thieattery _charged goal moves the agent
to the place where there is a power supply, if it is not already there (according to its
I(power _supply) belief). Otherwise, the second plan will plug the robot to the
power supply. The@lug _in action will charge the battery and thus change the robot's
state that is perceived back throulghttery _level(B) percepts (which generate
+battery _level(B) events).

The second goal the robot might adopt is to patrol the museum at night. This goal is
therefore activated when the agent perceives sunset (represented by thenaytent).
Whenever activated, the goal can be dropped only if the agent perceives dawn (repre-
sented by the evenhight ). The following program defingsatrol  as this kind of
goal using &RCG pattern withnight as the motivation:

+night: true «— lpatrol.

{ begin rcg("patrol", "night") }
+lpatrol: battery _charged <+ wander.

{ end }

The agent will never have the beligatrol in its belief base, since no plan or
perception of the environment will add this particular belief. The goal is, in some
sense, deliberately unachievable, while RCG maintains the agent committed to the goal
nevertheless. However, it is considered as achieved (finished with success) when the
motivation condition is removed from the belief base. Note that the context for the
Ipatrol plan is that the battery is charged, therefore while the maintenance goal
battery _charged is active, the robot does not wander, but it resumes wandering
as soon the battery becomes charged again. We are thus using this belief to create an
interferencebetween goals (i.e., charging the battery precludes patrolling).

The last goal the robot might adopt is to clean the museum during the day whenever
it perceives waste around. Since the robot can perceive various different pieces of waste
around, it would accordingly generate several concurrent instances of this goal. How-
ever these goals are mutually exclusive: they cannot be achieved simultaneously; trying
to go in two different directions must be avoided, and expressing this at the declarative
level avoids too much work on implementing application-specific intention selection
functions (in the context of AgentSpeak). It is indeed another kind of interference be-
tween different goals. Th8GA pattern is used in the program below to ensure that
only oneclean goal instance is being pursued at a moment in time. The event that
triggers this goal iswaste(X,Y)  (some waste being perceived at location X,Y), and
the context isxot night
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{ begin sgg"+waste(X,Y)", "not night", "clean(X,Y)") }
{ end }

{ begin omd("clean(X,Y)", "night", "waste(X,Y)") }
+Iclean(X,Y): 1(X,Y) «— pick; go(bin); drop.
+lclean(X,Y): not I(X,Y) — go(X,Y).

{ end }

+battery _charged: true «— .suspend(clean(X,Y)).
-battery  _charged: true «— .resume(clean(X,Y)).

In the program above, an open-minded commitment pat@ki{) is used to cre-
ate theclean(X,Y) goal withnight as the failure condition (at sunset, the goal
should be abandoned with failure) an@ste(X,Y) as the motivation (if the agent
came to believe that there is no longer waste at that location, the goal could be dropped
with success). The last two plans are used to suspend and resume the goal when the
battery _charge goalis active. Of course we could abdttery _charge in the
context of the plans (as we did in tipatrol  goal); however, using thesuspend
internal action is more efficient because the goal becomes actually suspended (until
resumed with the respectiveesume internal action) rather than being continuously
attempted without any applicable plans.

6 Conclusions

In this paper we have shown that sophisticated types of goals discussed in the agents
literature can be implemented in the AgentSpeak language with only the extensions
(and extensibility mechanisms) availableJason In fact, this is done by combining
AgentSpeak plans, forming certain patterns, for each type of goal and commitment to-
wards goals that agents may have. Therefore, our approach is to take advantage of the
simplicity of the AgentSpeak language, using only its well-known support for proce-
dural goals plus the idea of “plan patterns” to support the use of declarative goals with
complex temporal structures in AgentSpeak programming.

Besides the use of internal actions suchdespGoal (that are available idason
for general use, independently of this proposal for declarative goals), our proposal does
not require either::j syntactical or semantical changes in the language (as done, for
example, in [22, 7]); nori¢) the definition of a goal base (cf. [19]) which is also usual
in other approaches. Van Riemsdégk at. [20] also pointed out that declarative goals
can be built based on the procedural goals available in 3APL, by simply checking if
the corresponding belief is true at the end of the plan execution. What they proposed
in that paper corresponds to dBDG pattern. In this work, we further define various
other types of declarative goals, represented thepatisrnsof AgentSpeak programs,
and presented an implementationJason (using a pre-processor) that facilitates this
approach for declarative goals. Another advantage of our approach is that, as complex
types of goals are mapped to plain AgentSpeak using patterns, programmers can change
the patterns to fit their own requirements, or indeed create new patterns easily.
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In future work we intend to formalise our approach based on the existing operational
semantics and to verify some properties of the programs generated by the patterns,
including a comparison with approaches that use a goal base to have declarative goals.
An example of an issues that might be of particular interest in such comparison is how
the use of plan patters will affect other aspects of agent-based development such as
debugging. In the future, we also plan to support conjunctive goals sych @aéwhere
bothp andq should be satisfied at the same time, as done in [19]), possibly through the
use of plan patterns as well. Furthermore, we plan to investigate other patterns that may
useful in the practical development of large-scale multi-agent systems.
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Abstract. In this paper, we describe the declarative agent program-
ming language Jadl (JJAC Agent Description Language). Based on three-
valued logic, it incorporates ontologies, FIPA-based speech acts, a (pro-
cedural) scripting part for (complex) actions, and allows to define proto-
cols and service based communication. Rather than relying on a library
of plans, the framework implementing Jadl allows agents to plan from
first principles. We also describe the framework and some applications
that have been implemented.

1 Introduction

The growth of interconnected devices, as well as the digitisation of content, has
led to ever more complex applications running on ever more diverse devices.
In recent years, the concept of service has become an important tool in coping
with this development. Broadly speaking, services allow loosely coupled software
entities to interact. Rather than providing a fixed and rigid set of interfaces,
services provide means to adapt software to the ever faster changing environment
of businesses. However, while the growing number of devices and networks poses
a challenge to software engineering, it also opens the door to new application
areas and offers possibilities to provide services on a new level of integration,
context awareness, and interaction with the user.

In order to leverage the current and developing network and device technolo-
gies, a programming paradigm is needed that embraces distributed computing,
open and dynamic environments, and autonomous behaviour.

Agent technology is such a paradigm. While there are many different areas
and theories within the agent community, most work to make true the idea of
an open, distributed, dynamic, and intelligent framework.

Without wanting to go into all the diverse subjects that research into agents
encompasses, we want to point out some of the more prominent concepts and
ideas here. On the level of single agents, BDI [1] has arguably been one of the
most influential ideas. By assigning high level mentalistic notions to agents a new
level of abstraction has been reached which allows to program agents in terms
of goals rather than means. Agents contain not only functionality, but also the
ability to plan (or alternatively a plan library) in order to achieve set goals. On

82



the other hand, reactive behaviour is often desirable within agents, and should
be supported in some way.

Research into interaction between agents is another important field. Here,
agent communication languages attach semantic information about the “state
of mind” of the sending agent [2]. Also, in order to enable interaction between
agents, they need to understand each other. Ontologies allow agents to use a
shared vocabulary, and to de-couple syntax and interpretation.

Agent-based technologies provide one possible and much sought-after ap-
proach to containing the complexity of today’s soft- and hardware environment.
However, while agents have been the subject of research for more than a decade,
there are hardly any applications in the industry. There are differing views as to
the reason for the slow uptake. Some blame a lack of “killer applications”, or the
general disconnect between research community and industry players. Others
say that there is no problem at all, because industry uptake only happens at a
certain maturity level has been reached [3]. Another reason that agent technolo-
gies have not been so successful is the lack of dedicated programming languages
that allow the programmer to map agent concepts directly onto language con-
structs, and frameworks that cater for the needs of enterprise applications, such
as security and accounting.

In this paper, we present the agent programming language Jadl (JIAC Agent
Description Language). The thrust of the paper is to give a rather broad overview
over the language — a planned series of papers will go into the different areas
and cover them in greater detail.

The structure of this paper is as follows. After a broad overview over the
different elements of Jadl (Section 2), we will describe its different features in
some detail. In particular, we highlight knowledge representation in Section 3,
followed by Section 4 with some words about programming the agents using
reactive and planning elements. Section 5 finalises this part with a discussion
on high-level communication. After introducing the framework that implements
Jadl in Section 6, we proceed by presenting some of the projects that have
been implemented using the framework (Section 7), and wrap up with some
conclusions in Section 8.

2 Jadl Overview

Before we delve into different aspects of the language, it is important to give
a broad overview over the language, in order to allow the reader to place the
different elements of the language within their respective context.

Jadl is an agent programming language developed during the last few years
at the DAI Laboratory of the Technische Universitit Berlin. It is the core of
an extensive agent framework called JIAC, and has originally been proposed by
Sesseler [4]. As JTAC has been developed in cooperation with the telecommunica-
tions industry, it has until now not been available to the general public (though
this might change soon, so watch this space!). Its stated goal is to support the
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creation of complex service-based applications. In Sections 6 and 7 we describe
the framework and some exemplary implementations based on JIAC.

Jadl is based on three-valued predicate logic [5], thereby providing an open
world semantics. It comprises four main elements: plan elements, rules, ontolo-
gies, and services.

While the first three elements are perhaps not too surprising, we should say
a word or two about the last part, services. While we go into details in Section 5,
we note here that agents communicate via services. From the perspective of the
agent execution engine, a service call is handled the same way internal (complex)
actions are executed. This is possible as services have the same structure as
actions, having pre- and post conditions, as well as a body that contains the
actual code to be executed. Reducing (or extending) communication to only
consist of service calls allows us to incorporate advanced features like security
and accounting into our framework. Also, programming communication becomes
easier as all messages are handled in a clearly defined frame of reference.

Agents consist of a set of ontologies, rules, plan elements, and initial goal
states, as well as a set of so-called AgentBeans (which are Java classes im-
plementing certain interfaces). The state of the world is represented within a
so-called fact base which contains instantiations of categories (which are defined
in ontologies). AgentBeans contain methods which can be called directly from
within Jadl, allowing the agent to interact with the real world, via user interfaces,
database access, robot control, and more.

In the following sections, we will detail some different areas of Jadl, namely
knowledge representation, agent behaviour, and communications.

3 Knowledge Representation

The language Jadl was designed to specifically meet the needs of open and
dynamic agent systems. In a dynamic system where agents and services may
come and go any time, the validity period of local information is quite short.
Therefore, any system that allows and supports dynamic behaviour needs to
address the issue of synchronisation and sharing of information. One answer to
this is addressed by research in the area of transaction management (e.g. [6]).
Our approach, however is to incorporate the idea of uncertainty about bits of
information into our knowledge representation and thus allow the programmer to
actively deal with outdated, incomplete or wrong data. Even leaving aside for a
moment that there are unsolved issues when it comes to transaction management
in multi-agent systems, we felt there are many cases when a real transaction-
management would have been too much and it is quite acceptable and probably
even more effective to just identify the bits of information that are inconsistent
and afterwards update those bits.

We realised the concept of uncertainty by using a situation calculus that
features a three valued logic. The use of logic allows us to use powerful and
well known Al-techniques within a single agent. The third truth value is added
for predicates that cannot be evaluated, with the information available to a
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particular agent. Thus, a predicate can be explicitly evaluated as unknown. This
is an integral part of the language, and the programmer is forced to handle
uncertainty when developing a new agent. Consequently, JIAC allows to handle
incomplete or wrong information explicitly.

Jadl allows to define knowledge bases which are the basis of most of the rest
of the language. Every object that the language refers to needs to be defined in
an ontology. Jadl implements strong typing, i.e. contrary to for example Prolog,
variables range over categories, rather than the full universe of discourse.

Categories are represented in a tree-like structure. Each node represents a cat-
egory, with attached a set of (typed) attributes. Categories “inherit” attributes
of ancestors.

Categories are specified as follows:

CatDecl = (cat CatName (ext CatName+) AttributeDecl*), where
AttributeDecl = (AttName Type Keywords)

Keywords encode meta-information about the attributes.

To note here is that we allow multiple inheritance. Categories inherit all
attributes of all ancestors. As attribute names are silently expanded to include
the category structure, naming conflicts are avoided.

In addition to categories, Jadl allows to define functions and comparisons
(which essentially are functions with a boolean, or rather 3-valued return type).
The interpretation of functions is given by operational semantics. In practise,
functions are encoded in Java.

While Jadl uses its own language to describe ontologies, we have developed a
OWL-light to Jadl translator which allows JIAC agents to use published OWL-
based ontologies.

Complex actions, or plan elements, describe the functional abilities of the
agent. They in turn might call Java-methods, or use the Jadl scripting language.
There are different types of plan elements — (internal) actions, and protocols
and service invocations. All of them though have the same global structure. They
consist of three main elements (in addition to the action name):

’ (act ActName pre PreCond eff Effect Body) ‘

Pre-condition and Effect are described using logical formulae, consisting of ele-
ments defined in associated ontologies. It should be noted here that Jadl does not
always allow the full power of first order formulae. For example, pre-conditions
and effects can only consist of conjuncts. Also, formulae have to be written in
disjunctive normal form. The body of an action can be either a script, a service,
or an inference. Once the exectuion of this body is finished, the results are writ-
ten to the variables, and afterwards the effect-formula is evaluated with these
results to determine whether the action was successful. This way JIAC ensures
that the actual result of an action does match the specified effect. Furthermore,
protocols usually inherit the effect of their associated service. They may however
have their own precondition, as there may be multiple protocols for a service -
not all of which have to be applicable at a certain state.
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4 Agent Behaviour

4.1 Goals and Action selection

As Jadl is meant to be interpreted in a BDI-like architecture, it includes the
concept of achievement goals. These goals are implemented as simple formulae
which an agent tries to fulfill once the goal is activated.

’Goal = (goal Condition) ‘

Once an agent has a goal, it tries to find an appropriate action that fulfills
that goal. Such an action may either be a simple script or a service that is
provided by another agent. For this selection, there is no difference between
actions that can be executed locally and actions that are in fact services. The
actual selection is done by comparing the formula stated in the goal (including
the respective variable bindings) with the effects of all actions known to the
agent. In this matching process, the literals of the formulae are compared, and
if compatible, the values from the goal variables are bound to the corresponding
variables of the action. After the action is completed, the results are writen to
the original variables of the goal and the goal formula is evaluated to ensure that
the goal is actually reached. If that is not the case, the agent is replanning its
actions, and may try to reach the goal with other actions. One fact that should
be mentioned here is that this matching of course considers the types of the
variables. As these types may also include categories that come from ontologies,
the matching process does also consider the semantic information that is present
in those ontologies, e.g. inheritance.

4.2 Reactive Behaviour

Jadl allows to define rules. These rules are a means to realize the reactive be-
haviour of an angent. More specifically, a rule can give the agent a goal, whenever
a certain event occurs. Rules are implemented in a rather straightforward fash-
ion, consisting of a condition and two actions, one of which is executed when the
condition becomes true, and the other when the condition becomes false.

’Rule = (rule Condition Action Action) ‘

Specifically, whenever an object is either added, removed, or changed in the
fact base, the conditions that match the object type of the fact in question are
tested against it, and execute the true or false action-part respectively. If the
test yields unknown, no action is taken. The restriction of applicable rules to
the matching object types is purely for efficiency purposes — if tested, rules
whose condition does not match the fact will always yield unknown. Actions can
themselves be either a new goal or a call to an AgentBean. In the former case,
a new planning task for the agent is effectively created.
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4.3 Planning

In the literature, there are numerous agent programming languages available. We
can roughly classify them as logic based (such as AgentSpeak(L) [7, 8], 3APL [9,
10], Golog [11, 12], and MetateM [13, 14]) and Java based (such as Jack [15], Jade
[16], Cougaar, [17] and MadKit [18]). The languages are mostly in the prototype
stage, and provide high level concepts that implement some notion of BDI [19].

Generally, the concept of having beliefs, desires, and intentions, is “trans-
lated” into belief bases, goals, and a plan library. In particular, possibly with
the exception of Golog and Cougaar, which allows for planning from first prin-
ciples, all those languages assume a library of fully developed plans (modulo
some parameters). A general execution cycle therefore maps internal and ex-
ternal states via some matching function to one or more plans, which are then
(partially) executed.

While this approach certainly has its merits, in particular when it comes to
execution speed, it is by no means clear that planning from first principles is
not a viable alternative, certainly if approached with caution. The language we
are presenting here has been used to implement numerous complex applications,
showing that planning has its place and its uses in agent programming.

(Complex) Actions Before we detail the execution algorithm, we need to
introduce the plan elements which are combined to plans which then are executed
by the agent.
Plan elements can take a number of different forms. These include actions,
as well as protocols, and services, which we will detail in the next subsection.
Actions, rather than being atomic elements, can be scripts. Jadl script pro-
vides keywords for sequential and parallel execution, conditionals, calls to Agent-
Beans, and even the creation of new goals, which then lead to new planning ac-
tions. It should be clear to the reader that extensive use of the scripting language,
and especially the ability to trigger new plans, should be used with caution.
For a discussion on protocols and services, we refer the reader to Section 5.
While it is out of the scope of this paper to describe the action language
in detail, we want to give the reader an impression in Figure 1. As Jadl is
logic based, variables need to be bound and unbound to actual objects that are
stored in the fact base. Also, formulae can be evaluated in order to ascertain
their values. Sequential and parallel execution, as well as branching instructions
can be used. Note further the keywords iseq and seq in the example. While
the latter reflects a simple sequential execution of following elements, the former
iterates through the given list (in this case a list of e-mail objects) and executes
the sequence for each element. The branch statement executes the body if the
test condition evaluates to true.

Plan Generation and Execution While Jadl can be used to provide a library
of fully developed plans, its execution environment allows for planning from first
principles. It employs the UCPOP algorithm [20], which generates a set of partial
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(seq
(unbind ?coredata)
(unbind ?7emaillist)
(unbind ?7email)
(eval (att coredata ?c ?coredata))
(eval (att email ?coredata 7emaillist))

(bind 7havelt false)

(iseq 7emaillist (var 7emailObj:EMailAddress)
(seq
(branch (isTrue (var ?havelt))
cont
(par
(eval (att email 7emailObj 7email))
(bind 7havelt true)
)
)
)
)

(bind 7e 7email)

Fig. 1. Code Snippet of a complex script

plans based on a goal state and a set of actions. The partial plans are then
“flattened” by a scheduler to create a full plan.

In order to create partial plans, the system first tries to reach the goal state
by using local plan elements only, as this is considered the fastest and cheapest
way of reaching a goal. If no plan can be found, the directory facilitator (DF) of
the agent platform is contacted, and all available services are downloaded to the
planning agent. Then, a second planning cycle is run, this time with the services
registered at the DF included in the search. To limit the search space as far as
possible, the algorithm ever only considers plan elements (and therefore services)
that are relevant. Here, relevancy is determined by using ontology information
on pre-conditions. So, a plan elements written for cars will be considered when
looking for a BMW, but plan elements dealing with houses will not be used to
expand the plan.

4.4 Scheduling and Failure Handling

In order to arrive at a full plan, the partial plans need to be ordered in a con-
sistent fashion. As scheduling can be computationally expensive, the algorithm
does little optimisation, and mainly ensures that the causal links (i.e. the order
of actions that depend on each other) are met. Actions that are executed in
parallel are not checked for consistency.
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The actual execution has fall-back mechanisms on several levels. As can be
seen in Figure 2, the execution of a goal (which can be either a single goal, or
one of a number of steps that have been computed by the planner) is approached
as follows. First, the locally known plan elements are matched against the goal.
If one is found, and its pre-conditions are met, it is executed. If the precondi-
tions are not yet fulfilled, the planner tries to find further planelements, that
may meet the preconditions recursively. If either the goal or some preconditions
cannot be met with the locally known planelements, a request is sent to the di-
rectory facilitator (DF), and the goal is again matched against the received set of
services. As mentioned before, elements that are atomic actions for the planner
(and execution model) can be complex actions, and even service calls. We will
describe service calls in details later, and want to mention only that in the case
of service calls, unsuccessful service invocations are also repeated with different
service providers before re-initiating the process of finding a new action. Also
note that the re-initialisation only occurs once, as otherwise a loop could occur.

Arction
sueecessfal?

Fig. 2. Fulfilling a goal
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5 High Level Communications

Protocols and services are used for communication purposes. In order to allow
for an open system, agents solely communicate using service calls. Actual mes-
sages follow the FIPA ACL standard [21]. Rather than either exposing its whole
functionality, or alternatively having an implicit representation of functionalities
that might or might not be used by other agents, JIAC forces the programmer to
define explicitly the functionalities that the agent exposes to the outside. This is
done by explicitly configuring the list of services that are exposed to other agents.
Each service has attached a number of protocols that can be executed during the
service invocation, allowing for a conscious design of protocols. Figure 3 shows
a small example which provides a time-synch service.

Figure 3 details a service definition. The example service is defined as an
action (act timeSyncService) which has four elements. Firstly, a variable 7t
of type TimeActualization is declared. The type is defined in the TimeSync
ontology. Second, we have the pre-conditions which must hold for the service
to be executed. In our example, this is set to true, but can be any conjunc-
tive formula (and can include unkown attributes as well. Thirdly, the effect
of executing the service is described. The example service sets the attribute
locallySynchronized of the object assigned to 7t to true. Finally the actual
service description starts.

A service consists of a service object, which is defined by a name, a set of
protocols, and some ontologies. We should note here that the set of protocols
includes protocols for negotiation as well as service provision. Figure 3 for exam-
ple defines two protocols. The first describes the actual service protocol which
implements the body of the service, while the contractNet protocol has the flag
multi true which defines it as a one-to-many negotiation protocol that is used
for provider-selection.

The actual linking of protocols to services happens during runtime. Whenever
an agent decides to execute a service it looks up the corresponding protocols
(which are identified by their names) an tries to negotiate the protocol with
the service-partner. If they can find a common protocol, both protocol-sides are
intiated, otherwise the service fails.

Channelling communication through services makes security much easier to
implement. This is because agents can only interact through the clearly defined
service invocation, rather than any sort of interaction. Secondly, services can
define additional meta-data such as costs, AAA, or QoS in a clear and consistent
manner, allowing agents (and their owners) to have clear policies concerning the
provision of functionalities to third party contacts. Again, allowing for simple
message exchanges makes accounting very complex.

The last two points, security and accounting, are important aspects of any
industrial application of agent technology. Only if we can guarantee a certain
level of security, and only if we can ensure that services offered can actually be
accounted according to clear and definable policies can we ever hope to convince
industry players to consider agent technology as a viable alternative to today’s
technologies.
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(act timeSyncService
(var 7t:TimeActualization)
(pre true)
(eff
(att locallySynchronized 7t true)
)
(service
(obj Service:DAI_1
(name "timeSyncService")
(protocols
[Protocol:
(obj Protocol
(name "timeSyncServiceProtocol")
(provider true)
)
(obj Protocol
(name "contractNet")
(multi true)

)

(ontologies
{string:
"de.dailab. jiac.ontology.Service:DAI_1"
"de.dailab.scb.ontology.TimeSync:DAI_1"

Fig. 3. Example of a service definition in Jadl
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Meta-Protocol

As mentioned before, service calls are wrapped by a meta-protocol in JIAC (see
Figure 4), which deals with session handling, security, accounting, provider and
transport selection, and error handling, leaving the programmer to concentrate
on the actual functionality and protocol interaction.

request
service L. i
negotiation service
request
protocol protocol
. propose
provider protocols
propose
A
protocol provider . provisioning
selection selection (2 der
accept-proposal accept-proposal done

q accept .
provider sem.ig provider

agree

Fig. 4. Graphical representation of the meta-protocol

In order to trigger a service invocation, the agent must have failed to satisfy a
goal which using just actions that are available by the agent itself. This includes
services, that the agents provides by himself. If such a situation occurs, the agent
sends a request to the DF, which answers with a list of services that could fulfil
the goal. The agent then chooses one service, and notifies the DF, which again
sends back a list, but this time of agents that are providing the requested service.

As Figure 4 shows, a service invocation consists of three distinct phases.
During the initiation phase, the user and provider(s) agree on a protocol to use.
This includes security negotiations, as well as accounting and QoS requirements.

Once this is done, a (optional) negotiation protocol is triggered, during which
the actual provider agent is chosen. Only then, the actual service is invoked.

To note here is that while a service provision is always a one-to-one com-
munication, the actual service selection allows for one-to-many communication.
If the negotiation protocol is empty, the first service provider is chosen. The
meta protocol catches any errors that might occur during service provision (i.e.
time outs, or cancel- and not-understood messages), and reacts accordingly. For
example, in case of a failed service provisioning, it returns to the selection phase
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and chooses another agent that can provide the service. Only once no more
agents are available does the service provisioning fail (from the point of view of
the agent). In that case, a re-plan action is triggered.

For a more detailed description of the meta-protocol we refer the reader to
[22].

6 JIAC

In the preceding sections we have described the Jadl language. Now, we describe
the JTAC framework which implements Jadl.

JIAC consists of a (java-based) run-time environment, a methodology, tools
that support the creation of agents, as well as numerous extensions, such as
web-service-connectivity, accounting and management components, device in-
dependent interaction, an owl-to-Jadl translator, a OSGI-connector and more.
An agent consists of a set of application specific java-classes, rules, plan ele-
ments, and ontologies. Strong migration is supported, i.e. agents can migrate
from one platform to another during run-time. JIAC’s component model allows
to exchange, add, and remove components during run time. Standard compo-
nents (which themselves can be exchanged as well) include a fact-base compo-
nent, execution-component, rule-component, and more. A JTAC agent is defined
within a property file which describes all elements that the agent consists of.

JIAC is the only agent-framework that has been awarded a common criteria
EALS3 certificate, an internationally accepted and renowned security certificate.

Conceptually, an agent system consists of a number of platforms, each of
which has its own directory facilitator and agent management system. The DF
registers the agents on the platform, as well as the services that they offer. We
have investigated a number of different techniques to connect different DF’s,
such as P2P and hierarchical approaches. On each platform, a number of agent
“lives” at each moment. Agents themselves implement one or more agent roles.
Each role consists of the components that are necessary to implement it. Usually,
this will include plan elements, ontologies, rules, and AgentBeans. Here, Jadl and
the elements that can be described using it come into play.

Currently we finalise a new version of the tool-suite which is based on Eclipse.
Programming in Jadl, as well as creating and running JIAC agents is supported
on different levels. Additional to text-based support elements such as syntax
highlighting and code folding, most Jadl elements can be displayed and edited in
a graphical interface, removing the sometimes awkward syntax as far as possible
from the user, and allowing her to focus on functionality rather than syntax
debugging.

In addition to the tools that support Jadl itself, we have created a num-
ber of additional tools. A security tool provides methods to manage certificates,
and ensure secure communication between agents. An accounting tool provides
the user with means to create and manage user databases and related elements
such as tariff information. The Agent configurator allows to display and mod-
ify agent’s components during run-time, and to change goals, plan elements,
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and so forth. We have also incorporated advanced testing and logging features,
to facilitate debugging and the general quality of the produced code. Without
wanting to go into details, we have extended the Unit-test approach to agents,
thereby providing a test-environment where interactions of agents can be tested
automatically, for example in conjunction with a cruise-control server.

While tools help to hide the inherent complexity, they can only partially
support the programmer during the design phase of a project. Recognising this,
JIAC provides users with a methodology which is rooted in the concepts of
Jadl, and of JIAC. Here, we focus not only on design but also on practical
needs of project management. The JTAC methodology describes the interaction
between customer, designer, and project manager, and uses the agile program-
ming approach [23]. Continuous integration is another important element of the
methodology, and is supported by above described testing environment.

Both, the methodology and the tool-suite support re-use of components. On
the tool side, we are currently implementing a repository which can can be
accessed via the network, and which holds functionality that can be included in
projects. On the methodology side, special care is taken to enable re-use during
analysis, design, and implementation. It also encourages programmers to refine
new functionality to a re-usable form towards the end of the project, facilitating
further the re-use of components.

Most importantly, the service concept supports re-use of functionality by
design. Each created service can be invoked by other agents, thereby offering the
most natural re-use of functionality.

Another extension to JIAC is the IMASU (Intelligent Multi-Access Service
Unit). With it, interfaces between agents and (human) users can be described
abstractly. The unit creates an appropriate user interface for a number of devices,
such as web-browsers (HTML), PDA’s and mobile phones (WML), and telephone
(VoiceXML) [24].

7 Implemented Applications

To give the reader an idea about the power of the framework, we present some
of the projects that have been implemented.

BerlinTainment This project is aimed at simplifying the provision of informa-
tion over the internet. In order to provide cultural and leisure related function-
ality to visitors of Berlin, a personalised service based on the JIAC framework
has been developed. Agents provide and integrate information from restaurants,
route planners, public transport information, cinemas, theatres, and more. Using
BerlinTainment, users can plan their day out, make reservations, be guided to
the various locations, and be informed about touristic sites from one place, and
with various devices [25].

PIA (Personal Information Agent) concerns the collection, dissemination, and
provision of personalised content. It employs agents on three layers. Firstly,
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extractor agents monitor sources of information and extract content provided in
different formats, such as HTML pages, PDF, and Microsoft Word documents.
Secondly, filter-agents analyse the content based on preferences of the users.
Thirdly, presentation agents control the presentation and output of the filtered
data, again based on the users preference and device. PIA is used internally in
our institute to collect information concerning research projects and grants, as
well as providing personalised news-letters [26].

8 Conclusion

In this paper we have presented the agent programming language Jadl. Based on
three-valued logic, it provides constructs to describe ontologies, protocols and
services, and complex actions. JIAC agents use a planner to construct plans
from those actions. There, internal actions and service invocations are handled
transparently to the planning component.

The Jadl language and its framework, JIAC, provide arguably all elements
that are needed for a successful agent deployment. JIAC provides tools, a method-
ology, and a host of extensions that provide extensions like webservice-interaction,
OSGlI-connectors, accounting, security, and network components that support
the creation of complex services in commercial settings.

We do not claim to have created a language that the best choice for creating
anything related with agents. However, we have tried to show that Jadl covers a
host of issues that we think should be covered by agent programming languages.
Using JIAC, several large implementations have been done, and shown to us the
merits of the language.
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Abstract. Social commitments are developed for multi-agent systems
according to the current practice in law regarding contract formation
and breach. Deafeasible commitments are used to provide a useful link
between multi-agent systems and legal doctrines. The proposed model
makes the commitments more expressive relative to contract law, im-
proving the model for the life cycle of the commitments. As a conse-
quence, the broader semantics helps in modelling different types of con-
tracts: gratuitous promises, unilateral contracts, bilateral contracts, and
forward contracts. The semantics of higher-order commitments is useful
in deciding whether to sign an agreement or not, due to a larger variety
of protocols and contracts.

1 Introduction

Artificial agents and the contracts they make are ubiquitous, while at the same
time, there is a lack of application of the current practice in law to multi-agent
systems (MAS). From the point of view of law, there is a philosophical debate
regarding when to attach person-hood to artificial agents. The actual context of
web services representing business entities and agents interacting with services
implies legal responsibilities for each agent. From the engineering point of view,
agents have to be built and synchronized with the norms and values of society.

Social commitments were introduced as a way to capture the public aspects of
communications [1] and research has been focused on the development of agent
communication languages and flexible interaction protocols [2,3]. As commit-
ments appear to be sometimes too restrictive (direct obligations) and sometimes
too flexible, allowing unconstrained modification of commitments, social commit-
ments should be more flexible than usual obligations but also more constrained
than permissions [1]. On this line, we apply principles of contract law as an ob-
jective measure to decide on the flexibility of the operations on commitments,
beginning with a commitment-based representation of different types of agree-
ments from contract law. The main advantage of applying current practice in
law to model commitments within multi-agents systems is that the principles of
contract law are verified and polished during years of economical and judicial
practice.
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Modeling agent communication implies several approaches: mental (BDI and
modalities), social (which highlights the public and observable elements like so-
cial commitments that agents exchange when conversing), and argumentative
(based on agent reasoning capabilities). When participating in an agreement,
agents should use their mental states, share information and reason about new
facts. We seek to synchronize the social commitments developed for MAS with
the existing legal doctrines, which the law applies in case of contract formation.
We define a framework by using the temporalised normative positions in de-
feasible logic [4] to introduce defeasible commitments for representing contract
laws [5] in the model of the life cycle of commitments.

2 Temporalised normative positions

For defining defeasible commitments, we are using the temporalised normative
positions [4]. A theory in normative defeasible logic (NDL) is a structure (F, Ry,
Ry, Ra, Ro, =) where F is a finite set of facts, Rx Ry Ra Ro are respectively
a finite set of persistent or transitive rules (strict, defeasible, and defeaters) for
knowledge, intentions, actions, and obligations, and > representing the superi-
ority relation over the set of rules.

A rule in NDL is characterized by three orthogonal attributes: modality,
persistence, strength. As for modality, Rx represents the agent’s theory of the
world, R4 encodes its actions, Ro the normative system or his obligations, while
R; and the superiority relation capture the agent’s strategy or its policy. A per-
sistent rule is a rule whose conclusion holds at all instants of time after the
conclusion has been derived, unless a more powerful rule, according to the supe-
riority relation, has derived the opposite conclusion. A transient rule establishes
the conclusion only for a specific instance of time [4].

Strict rules are rules in the classical sense, that is whenever the premises are
indisputable, then so is the conclusion, while defeasible rules are rules that can
be defeated by contrary evidence. For "sending the goods means the goods were
delivered”, if we know that the goods were sent then they reach the destination,
unless there is other, not inferior, rule suggesting the contrary. Defeaters are
rules that cannot be used to draw any conclusions. Their only use is to prevent
some conclusions, as in ”if the customer is a regular one and he has a short
delay for paying, we might not ask for penalties”. This rule cannot be used to
support a "not penalty” conclusion, but it can prevent the derivation of the
penalty conclusion.

—t, =% and ~% denote transitive rules (strict, defeasible, defeaters), while
—f, =% and ~% denote persistent rules (strict, defeasible, defeaters), where
X € {K, I, A, O} represents the modality. A conclusion in NDL is a tagged literal
where +A%¢:t means that ¢ is definitely provable of modality X, at time ¢ in
NDL (figure 1); and +0%¢:t means that ¢ is defeasibly provable of modality
X, at time ¢t in NDL (figures 2, 3). Here 7 € {t,p}, ¢ stands for transient,
while p for a persistent derivation. A strict rule r € R is Ax — applicable if
r € Ry xVa : ti, € A(r) : a : ty is Ax — provable. A strict rule r € R, is
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Ax — discarded if v € Rg x3ay : ty € A(r) : ag : ty is Ax — rejected, and
similarly for 0. The conditions for concluding whether a query is transient or

+A%: If P(i+1) = +A%q: t then
qg:teF,or
Jr € R x[q:t] r is Ax — applicable

+AR:If P(i+ 1) = +A% g : ¢ then
qg:teF,or
Ir e R’;X[q :t] r is Ax — applicable or
I el: ¢ <tand +A%q:t € P(1..4).

Fig. 1. Transient and persistent definite proof for modality X

persistent, definitely provable is shown inthe figure 1. For the transient case,
at step i + 1 one can assert that ¢ is definitely transient provable if there is a
strict transient rule r € R% with the consequent ¢ and all the antecedents of r
have been asserted to be definitely (transient or persistent) provable, in previous
steps. For the persistent case, the persistence condition allows us to reiterate
literals definitely proved at previous times. For showing that ¢ is not persistent
definitely provable, in addition to the condition we have for the transient case, we
have to assure that, for all instances of time before now the persistent property
has not been proved. According to the above conditions, in order to prove that
q is definitely provable at time ¢ we have to show that ¢ is either transient, or
persistent definitely provable [4].

+0%: If P(i + 1) = +9%q : t then
(1) +Axq:t € P(1..3) or
(2)—Ax ~q:te P(1..i) and
(2.1) Ir € Rsq,x[q : t]: r is Ox-applicable and
(2.2) Vs € R[~ q : t]: s is Ox-discarded or
Jw € R(q :t): wis dx-applicable or w > s

Fig. 2. Transient defeasible proof for modality X

Defeasible derivations have an argumentation like structure [4]: firstly, we
choose a supported rule having the conclusions ¢ we want to prove, secondly
we consider all the possible counterarguments against ¢, and finally we rebut
all the above counterarguments showing that, either some of their premises do
not hold, or the rule used for its derivation is weaker than the rule supporting
the initial conclusion ¢. A goal ¢ which is not definitely provable is defeasibly
transient provable if we can find a strict or defeasible transient rule for which

100



+0%: If P(i+ 1) = +0%q : t then
(1) +A%q:t € P(1..i) or
(2)-Ax ~q:te P(1..7), and
(2.1) 3r € RY, x[q: t]: r is Ox-applicable, and
(2.2) Vs € R[~ q : t]: either s is Ox-discarded or
Jw € R(q : t): w is Ox-applicable or w > s; or
(3)3t' eI': ¢’ <t and +9%q : t' € P(1..4) and
(3.1) Vs € R[~q: t"],t' <t” <t, s is Ox-discarded, or
Jw € R(q:t"): w is Ox-applicable and w > s.

Fig. 3. Persistent defeasible proof for modality X

all its antecedents are defeasibly provable, ~ ¢ is not definitely provable and for
each rule having ~ ¢ as a consequent we can find an antecedent which does not
satisfy the defeasible provable condition (figure 2). For the persistence case, the
aditional clause (3) from figure 3 verifies if the literal ¢ : ¢ has been persistent
defeasibly proved before, and this conclusion remained valid all this time (there
was no time t“ when the contrary ~ ¢ was proved by firing the rule s, or the
respective rule was no stronger than the one sustaining ¢).

3 Types of commitments

The classical definition of a conditional commitment states that a commitment
is a promise from a debtor x to a creditor y to bring about a particular sentence
p under a condition ¢. Starting from this definition we provide a generalized
commitment abstract data type.

Definition 1. A commitment is a relation

C:L($7y7 qn : [tissue]7 [*]Pm . [tmaturityD : [tezpiration}

with optional literals within square brackets, representing the promise p made
by debtor x to creditor y in exchange of which the action q is requested, where
the time of maturity tmaturity shows the time remaining until the promise p™
is satisfied by the debtor x if the request ¢ holds until time tissue and *x €

{+A4,-A,+0,-9,?} is an optional tag used to express informing messages.

The parameters m and n help us to define meta commitments or higher-order
commitments. Their role is to provide a rich semantics used to express a large
variety of contractual clauses or negotiation patterns: m is a measure of the
promises made by the debtor, while n is a measure of the requests made by the
debtor (figure 4). We define two operators for the composition of commitments:
o4 which deals with requests and o, which deals with promises.
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o :
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request a promise : bilateral contract
request a request Oq conditional promise : Oq :
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mll — (G (xy.Ci(yx.aL1),p)

requests (n) 3 e

Fig. 4. Types and composition of the commitments

3.1 Contractual commitments

When m € [1,2) we name the resulting commitments contractual commitments.
Next, we discuss each type of contractual commitments from a legal point of
view.

The example "I will give you the item g; in 5 days.” is represented by
C?(me,you,1,g; : 5), defined by law as gratuitous promise.

Definition 2. In a Gratuitous Promise (n=0, m=1) the debtor x promises the
creditor y to bring about p until tyaturity without requesting anything (n = 0).

CIO (lﬂ, Y, ]-apl : tmatu'r'ity)

The example "I will give you the item ¢; in 5 days after you will pay the
price” will be represented by C{(me, you, pay(you) : tpay, g1 : tpay + 5), and 71
will give you the item g; as long as the oil price is 135$” by Ci (me, you, price =
135 : tyrices 91 tprice +5). In the first example the condition is brought about by
the creditor y, while in the second the condition is an environment fact and does
not necessarily depend on y. The law defines such a commitment a unilateral
contract, involving an exchange of the offerer’s promise (p) for the oferee’s act
(¢), with the completion of the act required to indicate acceptance.

Definition 3. A Unilateral Contract (n=1, m=1) involves an exchange of the
offerer’s promise p for the oferee’s act q, where the debtor x promises the creditor

y to bring about p until tmarurity if condition g holds at time t;gsye-

011 (SU, Y,q: tissue7p : tmaturity)
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Consider the examples "I will give you the item g; no later than 5 days, if you
promise me in maximum 1 day that you will pay the price no later than 3 days”
represented as C] -(me,you, C9(you,me, 1, pay : 3) : 1,g; : 5) and "I will give
you the item g; no later than 5 days, if the bank promises me in maximum one
day to pay the price no later than 3 days” as Ci 5 (me, you, CY (bank, me, 1, pay :
3) : 1,91 : 5). According to contract law, a contract in which both sides make
promises is called a bilateral contract.

Definition 4. In a Bilateral Contract (n=1, m=1.5) both sides make promises,
the debtor x promises the creditor y to bring about p if the creditor y promises
x to bring about p;.

011.5($7 Y, C?(ya z, 17p1)7p)

We note that a C} 5 commitment is somehow weaker than a C} commitment.
This fine grained mechanism opens the possibility of designing agents with dif-
ferent levels of attitude towards risk and it also refines the idea of leveled com-
mitment contracts [6].

"I will give you the item g1 no later than 5 days, if you promise me to pay the
price no later than 3 days under the condition that oil price reaches 135$; my
offer expires in 10 days.” is represented by C? . (me, you, Ci (you, me, 0il Price =
135, pay : 3) : 10, ¢1 : 5).

Definition 5. In a Conditional Bilateral Contract (n=2, m=1.5) the debtor x
promises the creditor y to bring about p if agent y promises x to bring about py
under condition q;.

012A5(x7y7 Cll(yaxvqlapl)yp)

Here n = 2 means that agent x has two requests: it requests the promise C}
which contains the second request ¢;. On the other hand, m = 1.5 means that it
promises p and also p; which, being an inner promise, in our model weighs only
0.5. The above semantics includes a form of negotiation because, at the creation
of the inner commitment, both C%; and C{ commitments are open offers (see
section 4). Therefore, the agents are not committed to them and they may be
canceled anytime in this state, without considering it a breach.

3.2 Request commitments

When m € [0,1) the debtor does not promise anything directly, called re-
quest commitments. For both m = 0 and n = 0 we have a free commitment
C§(z,y,1,1), while n # 0 gives the following types of requests.

"Please pay me the price of the product g; in two days” is represented as a
request act C& (me, you, price : 2, 1)1.

Definition 6. In a Request Act (n=1, m=0) the debtor x requests the creditor
y to bring about q until time t;ssye-

Cé (.Z', Y,q: tissuca 1)

! With n = 1 we denote ¢* = ¢ and p° = 1.
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Observe that the debtor does not promise anything. The acceptance of the above
request is made simply by causing the sentence g or performing the requested
action. If the requested act is a negative sentence, it represents a taboo [7] or
interdiction.

"Please promise me that you will pay for the item in 3 days” is represented
as Cj 5(me, you, CY(you, me, 1,pay : 3),1).

Definition 7. A Request a Promise (n=1, m=0.5) is used by a debtor x to
request the creditor y to promise until teppiration that it will bring about p1 wntil

tmaturity

0&5(37» Y, C?(?ﬁ r,1,p1: tmatum’ty) : teacpirationa 1)
obtainable from C} o, CY.

The acceptance of the request is done by creating the inner commitment CY(y, x, 1,p; :
tmaturity) until the deadline tezpiration. When the time-out elapses the request
commitment reaches the failed state. If the creditor wants to explicitly reject the
request, it will respond by creating the negative commitment —~C%(y, z, 1, pay :
3) : 5, having the same deadline with the request commitment?. The meaning of
the above rejection is ”I will not commit to you to bring about p; in 3 days; I
will reconsider your request after 5 days”.

”Ask me to give you the money” is shown as C2 (me, you, Ca (you, me, money, 1), 1)
and "Please request the bank to pay you” as C3(me, you, C} (you, bank, pay, 1), 1).

Definition 8. In a Request a Request (n=2, m=0) the debtor x requests the
creditor y to request the sentence qi from another agent z° until time t,

Cg(xa Y, C?(yv 2,41, 1) : tezpi'ration7 1)

obtainable from CY o, CY.

"Please buy me shares as soon as their price reaches 10$” is represented by
C2 s (me, you, C1 (you, me, price = 10, buy), 1).

Definition 9. In a Request a Unilateral Contract (n=2, m=0.5) the debtor x
requests the creditor y to commit to bring about py if the condition q1 holds

0(2)_5(377 Y, Cll (y> 2, qlapl) : tezpirationa 1)

obtainable from C9 o, Ct.

3.3 Guarantee commitments

In these commitments the debtor promises that a specific commitment will exist
in a given window of time.

For "I guarantee you that the bank will commit in maximum 7 days to give
you the credit” we use the formula CY(me, you, 1, C9(bank, you, 1, credit) : 7).

2 Otherwise a form of negociation may arise.
3 The agent z may be the debtor .
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Definition 10. In a Guarantee to Commit (n=0, m=2) the debtor x guarantees
the creditor y that a special commitment will exist until texpiration

CS((L‘, Y, 17 C?(Z, Y, 1,p1) : texpz‘ration)
obtainable from CY o, CY.

If z = y the creditor manifests its own intention to commit or it guarantees that
it will make the respective gratuitous promise no longer than tczpiration- It can
be seen as a precommitment or an intention to commit.
"If you have all the papers, I promise you that the bank will commit in maxi-
mum 7 days to give you the credit” is represented as Ci (me, you, papers, C{ (bank, you, 1, credit) :
7).
Definition 11. In a Conditional Guarantee to Commit (n=1, m=2) the debtor
x guarantees the creditor y that a specific commitment will exist until teypiration
if condition q holds

021 (.Z', Y,q, C?(Z, Y, 17p1) : texpiration)
obtainable from Cf{ o, CY.

We represent "I commit you to sell my house to you next year at the price
20000$” by C9-(me,you, 1, Cf (me, you, 20000, house) : 365)).

Definition 12. In a Forward Unilateral Contract (n=0.5, m=2) the debtor
x guarantees the creditor y that a specific unilateral contract will exist until
tezpi'ration .
CS'S(I7 Y, 17 Cvll (Zv Y, ‘h»Pl) : tezpi'ration)

According to contract law, the particular case in which z = z is a form of a
forward contract, obtainable from CY o, C}. Applying the composition operators
04 or o, we can also model forward bilateral contracts and forward conditional
bilateral contracts.

3.4 Informing commitments

We see the informing act as a form of commitment in the sense that the agent
who propagates some information guarantees its validity. In other words, it is
committed to the creditor that the notified fact is true, based on the debtor’s
view of the world. Contract law names such type of statement terms. The truth
of the term is guaranteed by the agent that made the statement. We use this
type of commitment to allow information sharing between agents. The literature
shows that information sharing is a key-point in the coordination of multi-agent
systems.

The situation "My partner informs me that he has already sent the money,
while the bank says that the payment has not been made yet” is coded with
CY(partner,me, 1, +0%pay) and CY(bank,me, 1, —d% pay). The agent me will
fire both defeasible rules ry : CY(partner, me,1,+0%pay) = pay and ry
C?(bank, me, 1, —d%-pay) = —pay, but it will give more credit to the statement
of the bank ro > rq.
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Definition 13. In a Fact Notification the debtor x informs creditor y if a spe-
cific sentence p is +A%p, —A%p, +0%p, or —0%p according to its defeasible
theory D.

O (., 1,%p)

"I inform you that agent z has an active commitment for delivering to me the
item g; within 3 days” is represented by C3(me,you, 1, + A% CY (2, me, 1, g1 : 3)),
which may help “me” in the negotiation process with "you”.

Definition 14. In a Commitment Ezistence Notification the debtor x informs
the creditor y about the existence of a specific commitment according to its de-
feasible theory D.

C3(x,y,1,%CY (2, w,1,p))

"If you promise me to keep it secret I will tell you if z is committed to me or
not to deliver g;” will be C2(me, you, CY(you, me, 1, secret), *CY(z,me, 1, g1)),
an example of a confidentiality agreement. This situation may arise during ne-
gotiations for a larger contract, when agents may need to divulge information
about their operations to each other, also known as non-disclosure agreement.

Definition 15. In a Conditional Notification the debtor x informs the creditor
y about the existence of a specific commitment if condition q holds until t;.

Cg(xvyvq : tiv?ci)('szv 17p))

Asking for represents a composition between a request commitment and an
informing commitment, e.g., "Please tell me if the payment was made”, repre-
sented as C3 (me, bank, CY(bank, me, 1, Tpay), 1).

Definition 16. In an Asking For the debtor x asks the creditor y about the
existence of a specific fact p.

C3(z,y, Cy,x,1,7p), 1)

4 Commitment life cycle

During its life cycle, a commitment may be in one of the following states: open
offer, active, released, breached, fulfilled, canceled, or failed (figure 5), which are
also useful to be considered from a legal perspective.

First consider a gratuitous promise C{(z,y,1,p : tmaturity) : texpiration. Un-
der the donative-promise principle, a simple, unrelied-upon gratuitous commit-
ment is unenforceable since there is no consideration [8] or no element of ex-
change. Therefore, the breach of a C? commitment attracts only social sanctions
or trust sanctions. The use of normative foundation of trust attached to a CY
commitment serves to promote business relations. In case the creditor y has re-
lied on the commitment, one can make use of the doctrine of promissory estoppel.
This doctrine comes from the equity part of the law and it prevents one party
from withdrawing a promise made to a creditor, if that creditor has relied on
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Fig. 5. The life cycle of a gratuitous commitment

that promise and acted upon it. The only remedy of contract law that can be
applied in this case is reliance damages [8]. Also, the law stipulates that this
reliance must be foreseeable. In the context of open agent systems we define a
foreseeable fact as one which has been notified to the potential breacher. For
instance, in a supply chain scenario, the creditor must notify the promiser that,
based on the CY commitment, it has signed other contracts: I inform you that,
based on your gratuitous promise, I commit to deliver item g; to my client z
within 3 days”. This is represented by CS(me,you,1,+AL C?(me,z,1, g1 : 3)).
On the other hand, the estoppel is ”a shield, not a sword”. It cannot be used as
the basis of an action of its own. Hence, we implement estoppel with defeaters.

—b promise(p : tm,y) : ti
=" riskProne : t;
—>§( promissoryFEstoppel : t;
ro : promise(p : tm,y) : t;, riskProne : t; =Y create(z,c) : t;
r1:create(z,c) i ti =4 ¢ t;
roicititm =t =5 et
r3:c:ti,cancel(z,c) 1 t; = —c: t;
ry:c:ti,release(y,c) : ti =% et
rs : breached : t; :>po reliance Damages : ti13,c : t;
re : specificPer formance : t; wpo —c:t;
r7 s execute(p) : t; =Y p i tigo
78 : assign(y, z,¢) i ti,c ity =0 mc b, CY (2,2, 1,0 tn) < £
79 : delegate(w, z,¢) : ti,c: t; =B —c: i, Oz, y, 1,p: tm) : &

Fig. 6. Sample of rules for commitment operations
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Possible operations on commitments: create, cancel, release, assign, and del-
egate (figure 6) are discussed next, considering their effect on a gratuitous com-
mitment ¢ = C?(x,4,0,p : t;,). Similar rules are defined for other types of
commitments, the main difference results from what acceptance means for each
type of commitment. For instance, the acceptance of a gratuitous commitment
means reliance and acted upon it, the aceptance of a unilateral contract means
the execution of the required task, the acceptance of a bilateral contract means
the creation of the required promise, etc.

Create. Consider that agent = has the intention to satisfy sentence p for
agent y, until deadline t,,. Its policy is risk prone, meaning that it creates the
gratuitous commitment ¢, while it has no guarantee that its partner will give
something in exchange. Moreover, the interaction is made under the doctrine of
promissory estoppel. The above intentions drive the agent to create the com-
mitment ¢ (rule ro, which being transient, the create action is executed once).
The creation of a commitment, an action typically undertaken by the debtor,
is equivalent to an open offer in contract law. Therefore, it is derived only as
persistence knowledge (rule r1) and is not considered an obligation in this state®.

Cancel. The debtor z may cancel a commitment with no penalties only if the
commitment is an open offer (rule r3). The breached state is reached when the
time for accomplishing the promise elapses. This state activates the mechanism
for computing reliance damages, which usually suppose the creation of another
commitment or contrary-to-duty obligation®. In some situations, a commitment
may be active even after it is breached, allowed by defining rule r5 as defeasible.
Therefore, a normative agent may block the derivation of that conclusion in order
to force the execution of the specific commitment ¢ (rule r¢)%. When the time-
out of an open offer commitment expires, the state of the commitment becomes
failed (rule r3).

Release. If the acceptance has been made, this operation releases the debtor
from its gratuitous commitment (rule r4). The agent x executes p, but the effect
is expected to be seen after two time steps (rule 7). The defeasible rule r7 leaves
space to treat some exceptions.

Assign. The assign operation, transferring the rights held by the creditor y
to another party, the assignee z, may be executed only by the creditor y and the
state of the commitment is preserved (rule rg). Common law favors the freedom
of assignment, unless there is an express prohibition against it, requiring that it
must occur in the present, to assign in the future having no legal effect.

Delegate. The delegate operation, transferring the duties held by the debtor
2 to another party z, is executed only by the debtor x and the state of the

4 Bquivalent to a proposed or attempted commitment.

5 The sooner it notifies by executing the cancel operation, the lower the reliance dam-
ages.

6 In common law [8] expectation damages and no specific performance are granted as
the usual remedy in case of breach. Since contracts, more often, are essentially about
profit, the granting of expectation damages provides an acceptable substitute to the
innocent party. While the state of granting of a performance remedy would amount
to doing unnecessary harm to the party who has committed the breach [6].
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commitment is preserved (rule rg). The creditor must be informed of the act of
delegation. In case z breaches, the creditor y may elect to treat this failure as a
breach of the original commitment and to sue the delegator x or to choose the
role of a third party beneficiary.

In the case of the life cycle of a unilateral contract, the debtor z can revoke
his commitment anytime before acceptance. When the condition g becomes true,
the commitment becomes active. Until then, the debtor may cancel without
considering this as a breach. Most courts now hold that creditor y must give
notice of its acceptance after it has done the requested act. If it does not do
that, the commitment that was formed by the act may be canceled without
breach (of course, the debtor must return the money). Therefore, the acceptance
of a C{ commitment can be viewed as a compound operation: execution of the
q and a fact notification C9(z,y,1, +0%q) . Due to the late activation of the
C} commitment the promiser x has maximal protection. What happens if the
creditor executes a part of the ¢ condition and notifies about this? The common
law stipulates that an option contract was formed, which protects the creditor
y from the debtor’s ability to cancel the commitment (i.e. partPerformance —
optionContract, optionContract ~ —=Ci(x,y,q,p : tmaturity))- If acceptance is
late (tissue < tacceptance < tmaturity), it becomes a counter-offer and it creates
the power of acceptance for the initial debtor x.

5 Using higher-order commitments

5.1 English auction

We illustrate the usage of commitments in the English auction (figure 7). Ac-

ro1 : deliver(gi) : ts —% CY(b,a,1,+0%g1 : t7)) : t3
rag @ deliver(g1) : ts =% g1 : tr

T23 1 g1 : tg —)Zé C?(b, a, 1,+8f(g1 : t7)) : t3

To4 1 pay : tg —Y release(a, b, CY(b,a,1,12 1 tg)) : tg

Fig. 7. Sample rules for English auction

cording to contract law, when an item is put up for auction, this is usually not
an offer, but rather a solicitation of offers (bids) or an invitation to treat. The
English auction protocol uses the pattern "request a unilateral contract””. There-
fore, the auctioneer a has to compose a request commitment with a unilateral
contract (f1 in figure 8, where ”-” is used to express existential quantification)

7 For the simplified Net bill protocol [9] which ignores the cryptography-related aspect
and also the existence of a third party agent, unlike the complete version of the
Net bill protocol [10] we would use the "request a conditional bilateral contract”
C3s(x,y, C5(y, z, Ci (x,y, Deliver, EPO), receipt), 1).
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fi: Cos(a,—,Ci(—,a,g1:tr,bid > 10:t9):3,1) :
f2 : C’ll(b7 a,gi t7, 12 tg) 12

f3 : Cll(b’,a,gl :t7,11 :tg)) 2

fa: 020'5((1, l)/7 1,+AII)<—\Cll(b,,(l, g1 :t7,11: tg))) 1 i3
f5: 020'5((1, b, 1, -I-A%Cll(b, a,g1:t7,12: tg))) 1 i3

fe: deliver(gr) : ts

f7 : C’?(a, b, 1,+(9ng1 : t7)) )

fg : C?(b, a, 1,+A%gl : t7)) ct7

fg : C?(b, a, 1, -‘r@%lQ : tg)) ct7

Fig. 8. A trace in English auction

for item gy with starting price 10$, and bids expected for 3 time steps. In case
of accepting the bids, a has to deliver the item g; in 7 time steps, while b has to
pay for it in 9 time steps.

Suppose that two bids are received (fo and f3) at t2, both open offers. Hence,
at this stage, both b and b’ may cancel their C{ commitments without breach,
and a also may cancel its CZ 5 commitment, because the inner commitment is not
active yet (according to current practice in law). The above commitments reach
the active state and they become obligations only if a accepts them. The bidders
have made offers according to the auctioneer request regarding the deadline for
sending bids and tpqturity. In other encounters they might react with different
terms, which would be considered a counter-offer and a more complex form of
negotiation would arise.

At t3, when the deadline for receiving bids expires, a clears the auction,
considering the bids that conform to the request and accepting the winning one
(lower level aspects of coordination are not shown). It may explicitly reject one
bid (f4) and accept the other one (f5). In a unilateral contract the completion of
the requested act is necessary to indicate acceptance. Most courts now hold that
creditor y must also give notice of its acceptance after it has done the requested
act. Therefore, the acceptance of a O} commitment can be viewed as a compound
operation: execution and a commitment notification. Due to the late activation
of C} the promiser has maximal protection. At this time, the existence of the
requested commitment C7 is verified and Cg 5 is discharged, leaving Cf.

The defeasible derivation rule ros allows to treat some exceptions®. When
the partner informs that the item has arrived (fg), the strict rule ro4 fires, Cf
becomes active, and when the item arrives after 4 time steps by releases it.
With the payment made, the auctioneer would release the debtor b from its
commitment (rule r34), otherwise the mechanism for treating exceptions should
be activated according to a’s policy.

8 For instance, due to an accident the item has not arrived.
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5.2 Considering risk in the supply chain

Consider the contract between two agents me and you, with agent me having
to deliver the item, while agent you having to pay for it. There is more than

Risk Commitments Meaning
risk prone C?(me, you, 1, deliver)A I commit to deliver the item and I
C(Z)(me, you, Cf(you7 me, 1, pay), 1) request you to commit to pay for it
moderate risk prone C?(me, you, 1, deliver)A I commit to deliver the item
Cé(me., you, pay, 1) and I request you to pay for it
risk neutral C’i_\.s(m,e7 you, Cf (you, me, 1, pay), I commit to deliver the item
deliver) if you commit me to pay for it
moderate risk averse Cll(me, you, pay, deliver) I commit to deliver the item
after you pay for it
risk averse C3 (me, you, pay, CY(me, you, 1, deliver))|I will commit to deliver the item
if you pay me

Table 1. Risk attitudes between two agents

one possibility to represent this process, depending on the commitments signed
between them, identified by five levels of risk attitudes (table 1). Now consider

Risk Commitments Meaning
risk averse C;'S(me, you, C’?(sup7 me, 1, deliver’), |If my supplier commits to deliver my input
C?(WL(:A, you, 1, deliver) item, I commit to deliver my output item
risk neutral Cg; (me, you, C’ll.s(sup, me, If my supplier commits to deliver my input
C?(me, sup, 1, pay’), deliver’), item if I promise him to pay,
CY (me, you, 1, deliver)) I commit to deliver my output item
risk prone Cf'g(me, you, C’l1 (sup, me, pay, deliver),|If my supplier commits to deliver
CY(me, you, 1, deliver) my input item if I pay it,
I commit to deliver my output item

Table 2. Risk attitudes considering a third party

the situation when agent me is conditioned by its supplier sup. In order to deliver
its output item, it has to obtain first its input item (table 2) with other possible
attitudes towards risk.

Assuming agent me has a risk prone strategy (=74 riskProne : t;), it will cre-
ate commitments C (me, you, 1, deliver) and C2(me, you, CY (you, me, 1, pay), 1).
The acceptance of C9(me, you, 1, deliver) appears when agent you relies on it
and it also notifies agent me about this reliance®. Once the acceptance occured,
the commitment reaches the active state (=}, C{(me,you, 1, deliver)) and thus
it becomes an obligation for agent me. On the other side, agent you has no
obligation at all, knowing only that its partner has requested to promise to pay

9 Such a notification may look like this: "I (agent me), based on a gratuitous

promise, commit to deliver item g; to my client z within 3 days”, represented by
O3 (you, me, 1, + AL CF (you, 2,1, g1 : 3)).
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for the item!Y. In case of a risk neutral strategy, the acceptance occurs at the
creation of the inner commitment (—Y create(you, CY{(you, me, 1, pay)) ). Thus,
each agent has one obligation: —¥ CY(me, you, 1, deliver) for agent me and
—% C’?(you, me, 1, pay) for agent you. In case of a risk averse strategy the ac-
ceptance of the unilateral contract is done by the completion of the requested act,
in this case the payment. Therefore, agent me has the obligation to deliver the
item only after it had received the payment (pay —% C{(me,you, 1, deliver)).
In table 2 agent me has the obligation to deliver its output item only in case
it has active contracts with its supplier regarding its input item. A similar risk
averse strategy can be adopted on the other side of the flow within the supply
chain. In this situation, the contracts with the suppliers become active only if
demand exists for the items, a part of the market fluctuations being taken by
the supplier instead of me.

6 Related work and conclusions

Ideas from legal reasoning have been applied to social commitments [1,7], but
without the use of the contract law, although the rich semantics of higher-order
commitments [7] introduces concepts like: ought, pledge, taboo, convention, col-
lective commitment, obligation, claim, privilege, power, and immunity.

The declarative contracts using RuleML [11] use a semantic part for con-
tracts, while contracts have already been represented with defeasible logic and
RuleML [12]. By introducing commitments, we offer a more flexible solution for
contract monitoring and for agents reasoning on current actions.

Causal logic has been used [13] for protocol engineering, leading to a formal
method for protocol design, and more realistic commitments can also be mod-
elled in event calculus [14]. Our commitments are addressed in a more contrac-
tual style, with the deadlines attached to commitments offering a more realistic
approach from a contractual point of view.

Commitments between a network of agents have also been analyzed [3], but
without time constraints. Our higher-order commitments are closer to the leveled
commitment contracts [6], with different attitudes towards risk.

Verdicchio and Collombetti [15] treat the semantics of communicative acts
in terms of social commitments, instead of the classical approach, with a pre-
commitment similar to our commitment having the open offer state derived
from contract law. Our higher-order commitments have a similar semantics to
the derivative communicative acts [15], but we also cover the completion of the
requested act.

By introducing defeasible commitments in the execution of contracts, we ob-
tain two main advantages. On the one hand, agents can reason with incomplete
information, including confidential contractual clauses. On the other hand, this
framework is suitable for exceptions and legal reasoning: (i) concerning resolu-
tion of a dispute, strategies are explainable; (ii) skeptical mechanism; (iii) allows

10 1 the case of a moderate risk prone strategy, agent me requests agent you to effec-
tively pay for the item and not only to promise to pay.
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preferences; (iv) linear complexity; (v) fine-grained mechanism to deal with ex-
ceptions in the same manner for expected or unexpected ones.
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Abstract. Goals are used to define the behavior of (pro-active) agents.
It is our view that the goals of an agent can be seen as a knowledge base of
the situations that it wants to achieve. It is therefore in a natural way that
we use Dynamic Logic Programming (DLP), an extension of Answer-
Set Programming that allows for the representation of knowledge that
changes with time, to represent the goals of the agent and their evolution,
in a simple, declarative, fashion. In this paper, we represent agent’s goals
as a DLP, discuss and show how to represent some situations where the
agent should adopt or drop goals, and investigate some properties that
are obtained by using such representation.

1 Introduction

It is widely accepted that intelligent agents must have some form of pro-active
behavior [19]. This means that an intelligent agent will try to pursue some set of
states, represented by its goals. At the same time, goals will serve as explanations
for agent’s actions. Goals have two distinct, though related, aspects: a procedural
that can be identified with the sequence of actions that the agent attempts to
perform in order to achieve a goal; and a declarative that can be associated with
the set of states that the agent wants to bring about. In this paper we will focus
on the declarative aspect of goals.

Recently, there has been an increasing amount of research devoted to the issue
of declarative goals and their properties [18, 6, 13,16, 17, 15]. Agent programming
languages with declarative goals open up a number of interesting possibilities
to the programmer, such as checking if a goal has been achieved, if a goal is
impossible, if a goal should be dropped, i.e., if the agent should stop pursuing
a goal, or if there is interference between goals [18, 15]. Having declarative goals
also facilitates the task of constructing agents that are able to communicate them
with other agents [13]. In [18,15,13] the reader can find examples illustrating
the need for a declarative aspect to goals.

As dynamic entities, agents often must adopt new goals, and drop existing
ones, and these changes in the adopted goals can be made dependent on the

* Supported by the AlBan Program, the European Union Programme of High Level
Scholarships for Latin America, no. E04M040321BR,
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state of affairs. There has been a great deal of research to identify when an
agent should change its goals [5,16, 15, 18]. For example, an agent should drop
a goal when it believes that the goal is no longer achievable (maybe represented
by a failure condition [18]). As for adopting new goals, after a negotiation is
successfully closed there may be new obligations [7] that the agents involved
have committed to, that lead to the revision of the agent’s goals and, possibly,
the adoption of new ones.

In this paper, we will address the problem of representing and reasoning
about dynamic declarative goals using a logic programming based approach.

In [12,8], the paradigm of Dynamic Logic Programming (DLP) was intro-
duced. According to DLP, knowledge is given by a series of theories, encoded
as generalized logic programs', each representing distinct states of the world.
Different states, sequentially ordered, can represent different time periods, thus
allowing DLP to represent knowledge that undergoes successive updates. Since
individual theories may comprise mutually contradictory as well as overlapping
information, the role of DLP is to employ the mutual relationships among dif-
ferent states to determine the declarative semantics for the combined theory
comprised of all individual theories at each state. Intuitively, one can add, at
the end of the sequence, newer rules (arising from new or reacquired knowledge)
leaving to DLP the task of ensuring that these rules are in force, and that previ-
ous ones are valid (by inertia) only so far as possible, i.e. that they are kept for as
long as they are not in conflict with newly added ones, these always prevailing.

It is our perspective that the declarative goals of an agent can be seen as a
knowledge base encoding the situations it wants to achieve. There has been, in
the past years, an intense study of the properties of DLP to represent knowledge
bases that evolve with time [2, 8, 11]. However, up to now, there hasn’t been much
investigation of how DLP could be used to represent, in a declarative manner,
the goals of an agent. Since DLP allows for the specification of knowledge bases
that undergo change, and enjoys the expressiveness provided by both strong and
default negations, by dint of its foundation in answer-set programming, it seems
a natural candidate to be used to represent and to reason about the declarative
goals of an agent, and the way they change with time.

In this paper we will represent the goal base of an agent as a Dynamic Logic
Program, and investigate some of its properties. Namely, we will see that the
semantics of DLP will allow us to straightforwardly drop and adopt new goals
by updating the goal base of the agent, and will allow those operations to be
conditional on the current state of affairs.

Furthermore, an agent can distinguish between maintenance and achievement
goals. A maintenance goal represents a state of affairs that the agent wants to
hold in all states. For example, a person doesn’t want to get hurt. An achievement
goal represents a state of affairs that, once achieved, is no longer pursued. For
example, an agent that has as goal to write a paper for a congress, after it believes
it has written the paper, it should no longer consider this as a goal. Therefore,

! Logic programs with default and strong negation both in the body and head of rules.
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to correctly define the conditions for dropping a goal, we also investigate how to
express maintenance and achievement goals using DLP.

For our purpose, we will use a simple agent framework to be able to clearly
demonstrate the properties obtained by using DLP. Agents in this framework
are composed of data structures representing its beliefs, goals, committed goals
(intentions) and reasoning rules. We propose three types of reasoning rules: 1)
Intention Adoption Rule: used to commit to a goal by adopting a plan to achieve
it; 2) Goal Update Rule: used to update an agent’s goals using the DLP seman-
tics; 3) Intention Dropping Rule: used to drop previously committed goals.

The remainder of the paper is structured as follows: in the next Section we are
going to present some preliminaries, introducing DLP and the agent framework
we are going to use. Later, in Section 3, we are going to define the semantics of
the goal queries and in Section 4 the reasoning rules. In Section 5, we discuss
some situations related to when to drop and adopt new goals, and how to use
the DLP semantics to represent these situations. In Section 6 we give a simple
example of a multi-agent system illustrating how DLP could be used to represent
goals, to finally draw some conclusions and propose some further research topics
in Section 7.

2 Preliminaries

In this section we are going to give some preliminary definitions that will be
used throughout the paper. We start by introducing the language and semantics
of Dynamic Logic Programming and, afterwards, we introduce the simple agent
framework that we will adopt to demonstrate our investigations.

2.1 Dynamic Logic Programming

Let IC be a set of propositional atoms. An objective literal is either an atom A
or a strongly negated atom —A. A default literal is an objective literal preceded
by not. A literal is either an objective literal or a default literal. The set of
objective literals is denoted by £} and the set of literals by EE’”Ot. A rule r
is an ordered pair Head (r) «— Body (r) where Head (r) (dubbed the head of
the rule) is a literal and Body (r) (dubbed the body of the rule) is a finite set
of literals. A rule with Head (r) = Lo and Body (r) = {L1,..., L,} will simply
be written as Lo « Li,...,L,. A generalized logic program (GLP) P, in K,
is a finite or infinite set of rules. If Head(r) = A (resp. Head(r) = not A)
then not Head(r) = not A (resp. not Head(r) = A). If Head (r) = —A, then
—Head (r) = A. By the expanded generalized logic program corresponding to the
GLP P, denoted by P, we mean the GLP obtained by augmenting P with a
rule of the form not -Head (r) < Body (r) for every rule, in P, of the form
Head (r) < Body (r), where Head (r) is an objective literal?. Two rules r and r’
are conflicting, denoted by r x /', iff Head(r) = not Head(r'). An interpretation

2 Expanded programs are defined to appropriately deal with strong negation in up-
dates. For more on this issue, the reader is invited to read [9, 8]. From now on, and
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M of K is a set of objective literals that is consistent i.e., M does not contain
both A and —A. We define the set Z as the set of all interpretations. An objective
literal L is true in M, denoted by M F L, iff L € M, and false otherwise. A
default literal not L is true in M, denoted by M E not L, iff L ¢ M, and false
otherwise. A set of literals B is true in M, denoted by M E B, iff each literal in
B is true in M. Only an inconsistent set of objective literals, In, will entail the
special symbol L (denoted by In |= L1). L can be seen semantically equivalent
to the formula A A —=A. An interpretation M of K is an answer set of a GLP P
ift M" = least(PU{not A| A¢ M}), where M/ = M U{notA|A¢g M}, Ais
an objective literal, and least(.) denotes the least model of the definite program
obtained from the argument program by replacing every default literal not A by
a new atom not.A. For notational convenience, we will no longer explicitly state
the alphabet K. As usual, we will consider all the variables appearing in the
programs as a shorthand for the set of all their possible ground instantiations.

A dynamic logic program (DLP) is a sequence of generalized logic pro-
grams. Let P = (Pi,...,Ps), P'=(P],....,P)) and P"=(P/,...,P)) be DLPs.
We use p(P) to denote the multiset of all rules appearing in the programs
Py,...,Pg, and (P,P’) to denote (Pi,...,Ps,P{,...,P.) and P UP” to denote
(PLUP/,...,PsUP).

In the past years there have appeared several semantics for a DLP. We are
going to use the Refined Dynamic Stable Model semantics defined below, because
of its nice properties, as investigated in [9)].

Definition 1 (Semantics of DLP). /8, 1] Let P = (P1,..., Ps) be a dynamic
logic program over language K, A be an objective literal, p (P), M’ and least(.)
be as before. An interpretation M is a (refined dynamic) stable model of P iff

M’ =least ([p(P) — Rej(M,P)]U Def(M,P))
Where:

Def(M,P) = {not A | pr € p(P), Head(r) = A, M F Body(r)}
Rej(M,P)={r|reP; I eP;,i <j<s,rxr',ME Body(r')}

It is important to notice that a DLP might have more than one stable model.
Each stable model can be viewed as a possible world that follows from the knowl-
edge represented by the DLP. We will denote by SM (P) the set of stable models
of the DLP P. Further details and motivations concerning DLPs and its seman-
tics can be found in [8].

2.2 Agent Framework

In this subsection we are going to define the agent framework3 that we will
use throughout this article. We will start by introducing the concept of agent

unless otherwise stated, we will always consider generalized logic programs to be in
their expanded versions.

3 The agent framework defined in this section could be seen as a modified (simplified)
version of the agent framework used in the 3APL multi-agent system [4].
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configuration, which consists of a belief base representing what the agent believes
the world is, a goal base representing the states the agent wants to achieve, a set
of reasoning rules and a set of intentions with associated plans representing the
goals that the agent is currently committed to achieve. We are going to make
precise, later in Section 4, how the reasoning rules of the agents are defined. We
are considering that the agent has, at its disposal, a plan library represented by
the set of plans, Plan. A plan can be viewed as a sequence of actions that can
modify the agent’s beliefs or/and the environment surrounding it, and is used
by the agent to try to achieve a committed goal.

Our main focus in this paper is to investigate the properties of represent-
ing the goal base as a Dynamic Logic Program. We are not going to give the
deserved attention to the belief base. We consider the belief base as a simple
interpretation. However, a more complex belief base could be used. For exam-
ple, we could represent the belief base also as a Dynamic Logic Program and
have some mechanism such that the agent has an unique model for its beliefs*.
Elsewhere, in [14], we explore the representation of 3APL agent’s belief base as
a DLP.

Definition 2 (Agent Configuration). An agent configuration is a tuple (0,7,
II, R), where o € T is an interpretation representing the agent’s belief base, v a
Dynamic Logic Program representing it’s goal base, II C Planx L™ the intentions
of the agent and R the set of reasoning rules.

We assume that the semantics of the agents is defined by a transition system.
A transition system is composed of a set of transition rules that transforms one
agent configuration into another agent configuration, in one computation step.
It may be possible that one or more transition rules are applicable in a certain
agent configuration. In this case, the agent must decide which one to apply.
This decision can be made through a deliberation cycle, for example, through a
priority among the rules. In this paper, we won’t specify a deliberation cycle.
An unsatisfied reader can consider a non-deterministic selection of the rules.

We are interested in knowing what an agent believes and what are its goals.
To this purpose, we start by introducing, in the next definition, the belief and
goal query languages.

Definition 3 (Belief and Goal Query Language). Let ¢ € L7 and ¢’ €
L. The belief query language, Lp, with typical element B, and the goal query
language, Lg, with typical element k are defined as follows:

TeLlp B¢ e Ly 6,8 € L then BAB € Lg
T€eLg G¢/€£g

Notice that we don’t include default literals in the goal query formulas. This
is because we believe that it would only make sense for an agent to pursue a
situation that the agent is completely sure when it is achieved. For example, if

4 For example, a belief model selector that would select one of the stable models of
the belief base to represent the agent’s beliefs.
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an agent had the goal of not (by default) failing an exam, not fail, it would
be possible for the agent not to study for the exam and still satisfy this goal
(considering that the agent is not a genius) by simply not checking its mark.
On the other hand, default literals can be quite useful for the belief queries.
For example, for cautious agents in emergency situations, if an agent is not sure
that a place is safe (not safe), it could trigger the goal of moving to a safer
location. We will explain better how this could be represented when we discuss
goal adoption and dropping, in Section 5.

Now, we will start by defining the semantics of the belief query formulas
(EB). The semantics of the goal query formulas (=¢), one of the key interests
of this paper, will be defined later in Section 3.

Definition 4 (Semantics of Belief Formulas). Let B¢, 3,3 € Lg be belief
query formulas and (o,v,II, R) be an agent configuration. Then, the semantics
of belief query formulas, Ep, is defined as:

<0-7’Y’H’R> ':BT
<0‘,’y,H,R> ):B 5/\6/ < <0'a’77H7R> ':B B and <U’7aH>R> ):B B/

Although this is a quite simple agent framework it will be enough for the
purpose of this paper.

3 Semantics of Agent Goal Bases

As defined in the previous section, we are considering the goal base of the agent as
a Dynamic Logic Program. We will use the stable models of the goal base of the
agent to determine the goals that it should achieve. Since the logic programs used
in DLP use default negation, we can have situations where one DLP has more
than one stable model, each internally consistent, but entailing contradictory
conclusions between them. For example, consider a goal base consisting of the
logic program with the following two rules:

a < not —a. —a «— nota.

This program has two stable models, namely {a} and {—a}. Even though each
of them is consistent (recall that models are interpretations which, themselves,
are consistent), they are contradictory in the sense that one entails a while the
other entails —a. This contradiction could be seen as undesirable. However, as
argued by Hindriks et al. in [6], the goal base of an agent doesn’t have to be
consistent since, for example, the goals of an agent can be achieved at different
times. We add to this that these apparently contradictory goals can just be seen
as alternative ones. The semantics of the intention adoption rules, defined below,
makes sure that the agent doesn’t concurrently pursue inconsistent intentions®.

5 [17] uses a default logic system to be able to express contradictory goals, but no
mechanism to drop goals is proposed. We propose a system based on the stable
models of the goal base, with the same expressiveness as the system in [17], and
with the possibility of elegantly drop goals.
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However, we shouldn’t directly consider the stable models of the goal base
(7) of an agent as its goals, because the agent shouldn’t counsider a goal if it
already believes that the goal is currently achieved. A naive way of solving this
problem is to refine the stable models of the goal base by removing the goals
that are entailed by the belief base: GM = {M \ o | M € SM(v)}. But, by
doing so, we partially lose expressiveness of having conditional goals. Consider
the following illustrative example:

Ezample 1 (Conditional Goals). Let the goal base of an agent be the DLP com-
posed of one GLP, with the intended meaning that the agent has as goal to buy
a Ferrari if it won the prize, otherwise it would like to buy a Beetle. The goal of
getting an insurance will depend on which car the agent will buy.

buy_ferrari «— win_lottery.
buy_beetle <+ not win_lottery

get_insurance «— buy_ferrari.

We must consider the agent’s belief base to determine what its goals are.
Which car to buy will depend on whether it believes to have won or not the
lottery, since obviously winning the lottery would not be a feasible goal for the
agent.

The next definition formalizes an agent’s Goal Models. The agent’s Goal
Models will be used to represent the agent’s goals and they are obtained by
refining the stable models of the agent’s goal base in such a way that the agent
takes in consideration its beliefs, and doesn’t consider a formula as a goal if this
formula is entailed by its belief base. In the previous example, if win_lottery is
entailed by the beliefs of the agent, buy_ferrari would be one of its goals.

Definition 5 (Goal Models). Let (0,7, II, R) be an agent configuration. Then,
the set of Goal Models (GM) of the agent is defined as:

GM (0,7) ={M\ o | M e SM((y,%(0)))}
where ¥(o) ={L —| L € o}

Notice that, similarly to interpretations, the Goal Models are individually
consistent, but two different goal models can be mutually contradictory. As ar-
gued previously, we want to express agents with contradictory goals. Therefore,
to express the goals of an agent, we are going to use simultaneously all of its
Goal Models.

The definition below formalizes the semantics of the goal query formulas.

Definition 6 (Semantics of Goal Query Formulas). Let G, k, k" € Lg
be a goal query formula and {o,v,II, R) be an agent configuration. Then, the
semantics of goal query formulas, E¢q, is defined as:

<U7 77 H7 R> ':G T

(0,7, I R) =¢ Gp < IM.(M € GM(o,7) N M [= ¢)
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The next proposition states that the agent cannot have a goal that is entailed
by the belief base.

Proposition 1. Let {o,7v,II, R) be an agent configuration, then:
(V¢ € 0).({0,7, I, R) B Go)

Proof. It is trivial from the way the Goal Models are constructed and by the
Definition 6 of the Semantics of Goal Query Formulas

4 Reasoning Rules

We now define the types of reasoning rules an agent can have. We begin following
[17], introducing the Intention Adoption Rule that is used by the agent to commit
to a goal by associating a plan to it.

Definition 7 (Intention Adoption Rules). Let 5 € Lg be a belief query
formula and k € Lg be a goal query formula, and m € Plan be a plan. The
Intention Adoption Rules is defined as, k < [ | m. We will call, 8 the guard of
the rule and k the head of the rule.

Informally, the semantics of the Intention Adoption Rules is that if the goal
base satisfies the head of the rule (kx = G¢) and the agent beliefs in the guard
(8) of the rule, the plan 7 is adopted to try to achieve the goal in the head of rule
by adding the pair (7, ¢) to the agent’s intention base. However, as discussed
by Bratman in [3], a rational agent shouldn’t incorporate new intentions if it
conflicts with the current intentions. For example, a rational agent wouldn’t
adopt the intention of going on vacations if it has committed to clean its house.

Taking this into account, we now formalize the semantics of the intention
adoption rules.

Definition 8 (Semantics of Intention Adoption Rules). Let (0,7, II, R)
be an agent configuration, k < [ | ® € R, is an Intention Adoption Rule, where

R = G(b! and I = {(71—17 ¢1)7 ey (ﬂ—n7 (bn)}

<0777H7R> ):G” <O-7P)/7H1R> ’:Bﬁ {¢177¢n1¢}#J—
(0,7, 11, R) — (0,7, T U{(,9)}, R)

Notice that the condition of consistency of the agent’s intentions is maybe
not yet the best option to avoid irrational actions, Winikoff et al. suggest, in
[18], that it is necessary also to analyze the plans of the agent, as well as the
resources available to achieve the intentions. However, this is out of the scope
of this paper. The reader can also notice that the conjunction of goals cannot
be expressed by only considering the intention adoption rule. It is necessary to
increment the goal base of the agent. Consider that we want to program an
agent with the following goal a1 A, ..., Aa,. We can express this goal by having
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the following rules in the goal base conj_as < aq,...,a, and conj_as <, where
conj_as is a new variable in the goal base. The goal conj_as will only be achieved
if the conjunction a1 A, ..., Aa, is true.

We have just introduced a rule to adopt new intentions. Considering that
intentions are committed goals, if the goal that the intention represents is no
longer pursued by the agent, it would make sense to drop it. Therefore, we
introduce into our agent framework the Intention Dropping Rule. Informally,
the semantics of this rule is to remove from its intention base, any intention
that is no longer supported by the goal base of an agent. The next definition
formalizes this idea.

Definition 9 (Intention Dropping Rule). Let (0,7, II, R) be an agent con-
figuration, where {(w,¢)} C II. Then:
<U7’77H7R> Fa G(b
(0,7, 1, R) — (0,7, II\{(7, )}, R)

As the intention dropping rule is defined, the agent could stop executing
a plan if a goal is no longer entailed by the goal base. Stopping abruptly the
execution of the plan could be undesired since there might be some cleaning
actions to be taken after the goal is achieved. For example, if an agent’s goal is
to bake a cake, it would execute an appropriate plan, gathering the ingredients,
the utensils, and setting up the oven. After the cake is baked the agent would
still have to wash the utensils and throw the garbage away, these actions could
be seen as clean up actions. To handle this issue, we could propose a more
complex system of intentions, where there would be two plans associated with
the committed goal, one used to achieve the goal and another used to do the
cleaning up. When the goal is achieved the agent would execute the cleaning
up plan. However, this issue is not our main interest here in this paper, and
therefore we will limit our system to the intention dropping rule proposed in the
definition above.

To be able to use the update semantics of DLP it is interesting to have a rule
that can update the goal base of an agent with a generalized logic program. We
will call this rule as Goal Update Rule. We will investigate in the Section 4, how
to use the Goal Update Rule to adopt, drop or modify goals.

Definition 10 (Goal Update Rule). Let P be a Generalized Logic Program
and B € L be a query formula. The Goal Update Rule is defined as the tuple,
(B, P)y. We will call 8 as the precondition of the goal update rule.

Informally, the semantics of the goal update rule (3, P), is that when the pre-
condition, 3, is satisfied the goal base of an agent is updated by the generalized
logic program P.

Definition 11 (Semantics of Goal Update Rules). Let (0,7, II, R) be an
agent configuration, the semantics of a Goal Update Rule, (8, P) € R is given
by the transition rule:

<Ja’y’H7R> ':B B
(0,7,11, R) — (0, (7, P), I, R)
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5 Adopting and Dropping Goals

In this section we are going to investigate how to represent, in our system,
situations where an agent has to adopt or drop goals. We begin, in Subsection
4.1, by investigating how to represent failure conditions for goals. We will also
define, in this Subsection, how to represent maintenance and achievement goals,
since they are important concepts to be analyzed by an agent when it is intending
to drop a goal. Later, in Subsection 4.2, we discuss some possible motivations
of why an agent should adopt a goal and also investigate how to represent these
motivations in our agent framework. Finally in Subsection 4.3, we identify some
further properties of our framework.

5.1 Goal Dropping

In this subsection, we are going to investigate some situations where the agent
must drop a goal and discuss how this could be done with our agent framework.

Winikoff et al. in [18], suggests some properties that the agent should have
with respect to its goals, one of these properties is being able to define failure
conditions. The idea is that when the failure condition is true the goal should be
dropped and, furthermore, the agent should remove it from its intention base in
case it had committed to it.

We can easily define failure conditions for goals using Dynamic Logic Pro-
grams, since failure conditions can be viewed as conditional goals. Consider the
following example.

Example 2. Consider an agent that has to write a paper until a deadline of a
conference. We could represent this situation using the following DLP, composed
by a single GLP with a single rule, write_paper < not deadline_over. The agent
will consider write_paper as a goal only if the deadline is not over.

Another situation where the agent should drop a goal (or an intention) is
when the goal (or intention) has been achieved, i.e., when the belief base entails
the goal (or intention). By Proposition 1, we have that the agent will never
entail a goal formula that is believed to be achieved. Hence, the agent can use
the Intention Dropping Rule to drop intentions that are no longer goals of the
agent.

Up to now we haven’t explored the full expressiveness of Dynamic Logic
Programs, by the simple fact that we didn’t need, in any of the examples, the
update semantics of DLP. We are going to use the semantics of DLP to be able
to construct agents that can have maintenance as well as achievement goals.

In what circumstances an agent should drop a goal will depend in which type
of goal it is. If it is an achievement goal, once it is achieved the goal must be
dropped and not pursued in the future anymore. And if it is a maintenance goal,
it will only be dropped when it is currently entailed by the agent’s beliefs. But
if in the future the goal is no longer entailed by its belief base, the agent will
have to pursue this goal once more.
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To be able to differentiate between these types of goals, we are going to de-
fine a special predicate, only appearing in the goal base, with signature, mainte-
nance(. ), stating that the goal as argument is a maintenance goal. The following
definition makes this precise.

Definition 12 (Maintenance and Achievement Goals). Let (0,7, II, R) be
an agent configuration. We will call the goal ¢ as a maintenance goal iff

(0,7, I, R) E¢ Gmaintenance (¢) A (0,7, II, R) Ec G¢
We call the goal ¢ an achievement goal iff
(0,7, I, R) ¥ Gmaintenance (¢) A (0,7, I, R) E¢ Go

We are going to use the semantics of DLP to define a goal update operator
that updates the goals of the agent by dropping the achievement goals that have
been achieved. The idea is to apply the goal update operator whenever the belief
base of the agent is changed (this could be done by a deliberation cycle).

Definition 13 (Goal Update Operator - {2). Let {(o,v,II, R) — {(o’,~', II', R)
be a transition in the transition system, where (o,v,II, R) and (¢’,+',II', R) are
agent configurations, and I'(c) = {not L «— not maintenance(L) | L € c}. We
define the goal update operator, 12, as follows:

Q(vy,0") =+"=(7,I'(o"))

We must be sure that with the goal update operator defined above, new goals
are not created and only the goals that have to be dropped are removed from
the Goal Models. The next theorem states that when the goal update operator
is used, no achievement goals that are achieved will be entailed by the agent,
regardless of its future beliefs. For example, consider that an agent has achieved
a goal ¢ and has updated its goal base with the goal update operator. If the agent
doesn’t adopt ¢ as a goal once more, or changes its status to a maintenance goal,
¢ will not be a goal of the agent even if in the future, the agent’s belief base
doesn’t entail ¢.

Theorem 1. Let {0,7,II, R) be an agent configuration and o’ be another belief
base, such that (o,v,II, R) Eq G¢ and o’ = ¢. Then:

(Vo € I).({(c",~',II, R) ¥ Gmaintenance(¢) = (¢",~, II, R) ¥ G®)
where v = 2(v,0").

Proof. Proof: Since o' |= ¢ the goal update operator will update v with a rule r,
{not ¢ — not maintenance(p)}. As (o”,~',II, R) ¥ Gmaintenance(¢), the rule
r will be activated rejecting all the rules with head, ¢. Hence (c”,~',II, R) ¥ G¢.

By proposition 1 we have that the maintenance goals will not be entailed by
the agent if it believes that it is currently achieved.
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5.2 Goal Adoption

Agents often have to adopt new goals. The reasons for adopting new goals can be
varied, the simplest one, when dealing with pro-active agents, would be because
the agent doesn’t have any goals and it is in an idle state.

We follow [16], and distinguish two motivations behind the adoption of a
goal: internal and external. Goals that derive from the desires of the agent, rep-
resented by abstract goals, have an internal motivation to be adopted. External
motivations, such as norms, impositions from other agents, and obligations, can
also be a reason for the agent to adopt new goals. An example of a norm, in the
daily life, is that a person should obey the law. Obligations could derive from
a megotiation where an agent commits to give a service to another agent e.g.
your internet provider should (is obliged to) provide the internet connection at
your home. Agents usually have a social point of view e.g. a son usually respects
his father more than a stranger, and it may be the case that an agent imposes
another agent some specific goals e.g. a father telling the son to study.

Dignum and Conte discuss, in [5], that an agent usually has abstract goals
that are usually not possible to be achieved by a simple plan, but the agent
believes that these abstract goals can be approximated by a set of concrete goals.
Notice that the beliefs of the agent must be taken in consideration to adopt new
concrete goals. For example, if an agent has the desire to obey the law and it
believes that if it drives too fast it will break the law, it might have the goal of
driving slower. On the other hand, it would be acceptable for the agent to talk
on the mobile phone while driving a car, if an agent believes that by doing so it
is not breaking the law, even though, by doing so, it might be violating the law.

Using DLP as the goal base of an agent we can partially simulate this behav-
ior. Consider an agent with the a goal base consisting of one GLP, {—~drive_fast «—
obey _law; obey law —;maintenance(obey_law) «—}. As the agent will have the
abstract maintenance goal of obeying the law (however there might be no plan
to achieve it), it will try not to drive fast.

To be able to commit to obligations, changes in norms, or changes in desires,
we need to be able to change the goal base during execution. For example, if a
new deal is agreed to provide a service to another agent, the agent must entail
this new obligation. By using the Goal Update Rule, an agent can update its
goal base in such a way that it can incorporate new goals in several situations:

Adopt New Concrete Goals - As discussed previously, the agent may have
some desires that can be represented by abstract goal x that is usually not
really achievable, but the agent believes that it can be approximated by
some concrete goals (K1, ..., k). Consider that the agent learns that there
is another concrete goal k; that, if achieved, can better approximate the
abstract goal, k. The agent can update its goal base using the following
Goal Update Rule, (concrete_goal(rk;, k), {ki — K}), as K is a goal of the
agent, it will activate the new rule, hence the new concrete goal, x;, will also
be a goal of the agent;

Norm Changes - Consider that the agent belongs to a society with some norms
that have to be obeyed (norms,...,norm,) and furthermore that there is a
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change in the norms. Specifically, the norm; is changed to norm/, hence the
agent’s goal base must change. We do this change straightforwardly, using
the goal update rule, (change(norm;,norm.),{not norm; «—;norm} <}).
This update will force all the rules, r, with Head(r) = norm; to be rejected
and norm; will no longer be a goal of the agent. Notice that there must
be some coherence with the change in the norms. For example, the agent
shouldn’t believe that on change(norm;,norm;) and at the same time on
change(norm;, norm;);

New Obligations - Agents are usually immersed with other agents in an en-
vironment and, to achieve certain goals, it might be necessary to negotiate
with them. After a negotiation round, it is normal for agents to have an
agreement that stipulates some conditions and obligations (e.g. in Service
Level Agreements [7]). The agent can again easily use the goal update rules
to incorporate new obligations, (obligation(¢), {¢ «—}), as well as dismiss
an obligation when an agreement is over, (—obligation(¢), {not ¢ «});

Impositions - Agents not only negotiate, but sometimes have to cooperate with
or obey other superior agents. This sense of superiority is quite subjective
and can be, for example, the obedience of an employee to his boss, or a
provider towards his client. It will depend on the beliefs of the agent to
decide if it should adopt a new goal or not, but this can be modeled using
the goal update rule, (received(achieve, ¢, agent;) A obey(agent;), { ¢ —}).
Meaning that if it received a message from agent; to adopt a new goal
¢, and the receiving agent believes it should obey agent;, it will update
its goal base. Notice that more complex hierarchy could be achieved by
means of preferences between the agents. However, it would be necessary
to elaborate a mechanism to solve possible conflicts (e.g by using Multi-
Dimensional Dynamic Logic Programming [10]).

5.3 Further Properties

We still can identify some more properties that could be elegantly achieved by
using the goal update rule:

Defining Maintenance and Achievement Goals We can define a goal as a
maintenance goal if a certain condition is satisfied. For example, an initially
single male agent finds the woman agent of its life and marries it. After
this is achieved, it might like to be married with this agent until the end of
its life. This can be represented by the goal update rule (married(girl), {
married(girl) «; maintenance(married(girl)) «<}). The opposite can also
be easily achieved, using the goal update rule. A goal that initially was
a maintenance goal can be dropped or switched to an achievement goal.
For example, consider that the previous agent had a fight with its agent
wife and, after the divorce, it doesn’t want to marry again. This can be
represented by the goal update rule, (divorce(girl), { not married(girl) «—
; not maintenance(married(girl)) <—}). We define a new achievement or
modify a maintenance goal to an achievement by using the following goal
update rule (achieve(d), { ¢ «; not maintenance(g) —1});
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Defining and Modifying Failure Conditions and Conditional Goals - As

discussed, failure conditions are used to define when a goal has to be dropped.
It is possible that the agent is not aware of all the failure conditions for a goal,
or there has been a change in the environment such that the previous failure
is not enough or, furthermore, it is not a valid failure condition anymore. Us-
ing the goal update rule, we are able to define new, modify or even eliminate
failure conditions. Consider the example where the agent has to write a paper
until a deadline and the deadline is postponed, we can use the following goal
update rule, (postponed_deadline, {write_paper < postponed_deadline}).
Conditional goals can be defined using a similar goal update rule.

6 Example

Consider a scenario containing two agents, a father and a son. Furthermore
consider that the father agent is the head of a mob family. The son agent wants
to obey the law but only if by doing so he doesn’t disobey its father. Obeying
the law can be viewed as an abstract goal that will be approximated by more
concrete goals. These concrete goals can also been seen as the norms that the
society imposes on the son agent. However, according to his social viewpoint, his
father is more important than the society itself.
The goal base of the son agent can be represented by the following DLP:

=kill «— obey_law, not disobey_father.
disobey_father — received (father, ¢,command) , not ¢.
¢ — received ( father, ¢, command) .
obey_law «+— .

maintenance (obey_law) «— .

Considering an initially empty belief set, the son agent has a unique Goal
Model, namely {maintenance(obey_law), obey_law,—kill}. Consider that, sub-
sequently, his father orders him to kill one of the mobsters of the rival family.
Hence, the son receives the achievement goal of killing, modifying its beliefs to
{received(father, kill, command)}. Therefore, the Goal Model of the son agent
changes to {maintenance (obey_law), obey_law, kill}°.

The son agent, after committing to the goal of killing, will create a plan to
achieve it and, after executing the plan (killing the mobster), the agent updates
its goal base with the rule

not kill «— not maintenance (kill) .

And the Goal Model of the son is again {maintenance(obey_law), obey_law,
—kill}. Consider now that the politicians, being annoyed by the gambling in city,

6 Notice that —kill is not in the Goal Model because we are using the expanded version
of the GLPs
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resolved to consider it illegal. Accordingly, the goal base of the son is updated
with the GLP consisting of the following rule:

—gamble «— obey_law, not disobey_father.

The Goal Model of the son agent would change to {maintenance(obey_law),
obey_law, —kill, ~gamble}. However, his father, not being happy with this deci-
sion, orders his son to continue the gambling activities. Hence, {received(gamble,
¢, command)} is added to his beliefs and the Goal Model of the son changes to

{maintenance(obey_law), obey_law, —kill, gamble}

This example illustrates how a programmer can use the Goal Update Rule to
represent changes in the norms (considering gambling illegal) and use DLPs to
represent concrete goals (not killing and not gambling). Furthermore, we could
represent, in this small scenario, a social point of view of an agent (the son’s
social point of view) and how to give the correct preference on the goals according
to this view.

7 Conclusions

In this paper, we introduced a simple agent framework with the purpose of in-
troducing the agent’s goal base as a Dynamic Logic Program. We investigated
some properties of this framework. We were able to express, in a simple manner,
conditional, maintenance and achievement goals, as well as identify some situa-
tions where the agent would need to adopt and drop goals, and how this could
be done in this framework.

Since the objective of this paper was to investigate the use of DLP as the
goal base of an agent, we didn’t investigate what additional properties we could
have by also using the belief base as a DLP. We also didn’t give an adequate
solution for conflicting intentions, since it would probably be also necessary to
analyze the plans of the agent as well as its resources [18] to be able to conclude
which goals to commit to.

Further investigation could also be done to solve possible conflicts in the so-
cial point of view of the agent. For example, if the agent considers the opinion
of his mother and father equally, it would be necessary to have a mechanism
to solve the conflicts since the agent doesn’t prefer any one of them more than
the other. [10] introduces the concept of Multi Dimensional Dynamic Logic Pro-
gramming (MDLP) that could represent an agent’s social point of view. Further
investigation could be made in trying to incorporate the social point of view of
an agent as a MDLP in our agent framework.

Even though this is still a preliminary report, we believe that DLP is a
promising approach in which to represent the declarative goals of an agent,
since it easily allows for the representation of the various aspects associated with
agents’ goals, and their updates, while enjoying a formal well defined semantics.
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Abstract. In this paper, we propose a collaborative framewortealize a Vir-
tual Enterprise (VE) for the domain of Micro Assdmbrhe framework is de-
veloped using 3APL technologies [5] and employsitlea of viewing Web-
Service composition as a planning problem [10]. #&scribe the implementa-
tion of the framework and experiment with two miassembly work cells.

1 Introduction

In today’s business world, being innovative anchsianding competitive pressure
from contemporary business vendors are a key toesscfor any business vendors.
With dynamic nature of consumer demands, businesdors often need a sophisti-
cated mechanism to tap those momentous market dism&ne such mechanism
which will facilitate as well as satisfy the busisevendors need is the concept of a
Virtual Enterprise (VE). A VE is a conglomeratiohdifferent business vendors un-
der one hood (to meet the market demands arisarg Gonsumers) by sharing their
own resources and expertise, which — sometime -Actae provided by a single
business vendor. Each of the business vendorscipattng in a VE has different
resource capabilities. Here a resource is anytthiagis necessary for the production
of a product. It can be a machine, a software pmgra component, a service, etc.
Each resource might have a cost associated witRuithermore, there might be a
resource, which can be used in the assembly obdupt and is available in several
places. The diversifying nature of a VE causesrbgeneity which slows down the
process of forming collaborations among the vendors

Our goal is to develop a framework that facilitatedlaborations and seamless
flow of information exchange among the partnera ME. We explore this idea using
the agent technologies provided by the 3APL frantéy®).

We develop a prototype VE using the proposed cotlaive framework in the
Micro Assembly domain. Micro Assembly is the domaihere parts in micron sizes
are assembled using computer enabled micro assendsly cells. We target this
domain for the following reasons) (it is considered as a better alternative to Micro
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Electro Mechanical Systems (MEMS) where parts laviarying material properties
cannot be manufacturedi)(it is a completely new methodology for developprgd-
ucts in manufacturing sector, and hence, not masinbss vendors possess the whole
range of tools and resources to accomplish micserably related tasks such as micro
assembly planning, simulation and actual physioghlémentation; andii{) each
business vendor possesses different micro assermebburces which — when used
together — can accomplish most of the customeregtiquelated to Micro Assembly.

As many parts in the Micro Assembly domain are m&ded using computer pro-
grams and the VE is virtually available on the iin&t, we need a multi-agent devel-
opment platform in which agents with various calitids can be created. Each agent
should have their own belief, capabilities, goafs] rules for reasoning. This platform
should also facilitate the agent communication eoliaboration. This is the reason
why we choose 3APL as our implementation platform.

The paper is organized as follows: Section 2 prewid review of some past and
recent developments of Virtual Enterprises usingnadpased approaches. Section 3
highlights the 3APL framework. Section 4 describies collaborative system design.
Section 5 discusses the development of collabardtamework using 3APL. Section
6 discusses VE formation for Micro Assembly domaging the proposed collabora-
tive framework and Section 7 is the conclusions.

2 Literature Review

In this section, background information about \dttanterprises as well as a review
of agent based systems is provided. Other issugsagsiagent communications, agent
interaction protocols, and distributed problem swvapproaches in agent based sys-
tems are also discussed.

In [12], it is observed that Co-operative or Coment Engineering (CE) techniques
are the reason for forming collaborative workingiemnment among company levels.
In [3], a consortium of companies is called a \attEnterprise (VE) which allows for
the development of a working environment to marelger part of different resources
towards achieving a common goal. Common informatiefinition and sharing prob-
lem while forming Virtual Enterprises are discussed4]. The paper also discusses
the issues of interaction among the companiesvitiaagree upon a contract to form
virtual enterprise.

In [8], the concept of forming Virtual Enterprises usingmtgbased systems is pro-
posed. In this conceptualization, partners of auslrenterprise are considered as
software agents. This paper also discusses differgent communication protocols
such as KQML and KIF. A significant agent commutima protocol proposed by US
Defense Advanced Research Projects Agency’'s (DARRfwledge-Sharing Effort
known as Knowledge Query Management Language (KQlpyesented in [7]. The
language includes variety of primitives, assertiasl directives which allow agents
to query other agents, subscribe to other agemifcss, or find other agents for dis-
tributed problem solving. KQML assumes that eaoknadgs built with its own knowl-
edge bases. This allows other agents to extrémtmation from the knowledge base
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of that particular agent. In the context of miassembly, a sample KQML message
between two agentBath_PlannerandService_Locaterthe former requests the latter
for information about providers of a certain seevigith the help of ontological in-
formation is

(tell :sendePath_Planner:receiverService_Locater

:ontology Micro_Assembly_ontology content publiSh(vice)).

In [6], Knowledge Interchange Format is emphasizé@é. is a language for inter-
changing knowledge between heterogeneous progtéifishas a declarative seman-
tics which allows agents to understand a KIF regtion without any interpreters.
It allows expressing arbitrary sentences using firsler predicate calculus. It has
constructs to represent knowledge in the domapresent non monotonic reasoning
rules and define objects, functions and relati#iB.has been employed in the devel-
opment of the Process Specification Language (PSlanguage specifically designed
to facilitate correct and complex exchange of pssdaformation among manufactur-
ing systems [13].

In [10], it is observed that web services markup) allow agent technologies to
efficiently capture the ‘meta’ data associated wlith services and reason about them.
This paves way for agent technologies to perfortoraated web services discovery,
execution, composition and interoperation. In awtted web services discovery, the
software agent automatically discovers the webisesvbased on user constraints,
which is performed manually in the current Worldd&/iweb (WWW). In automated
web services execution, the software agent dissowWer web services based on user
constraints, understands the requirements for ¢neices, and executes them auto-
matically. In automated web services compositiod amteroperation, the software
agent selects the required web services, compasetaroperate them to accomplish
the requested complex task.

In [11], a need is identified to automate the psscef discovering, executing,
composing, and monitoring services. Automationnefe no human intervention and
allows for the use of software agents. For a sofivegent to automatically process
and execute a service, a machine understandalieptes of the service is required.
One such language which provides descriptions dhatmachine understandable is
OWL-S which is evolved as a collaborative work d8¥8 Technologies, Carnegie
Mellon University, Nokia, Stanford University, SRiternational, and Yale Univer-
sity.
In [2], the importance of using ontologies in maaifiring domain is explained.
The paper emphasis on the need for developingrrafitelogical structures especially
to the manufacturing domain so that more sophigtitantelligent applications can be
developed.

3 3APL Language

An Abstract Agent Programming Language (3APL) depetl at Universiteit
Utrecht is a new agent oriented programming languag developing agents with
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cognitive capability, as given in [5]. The languagemes with programming con-
structs that allows developing agents with comptental states. A 3APL agent de-
veloped using this language is a tuple of the feBnG, P, A> where,

* B s Belief base,
¢ G is Goal base,
e Pisasetof Practical reasoning rules and
e Als an Action base.
Each of this component is briefly explained next.

3.1 Belief Base

A belief base encodes the agent knowledge aboapésating environment and is
a set of first order sentences. For example, a&btlat a robot at room A is repre-
sented by the atomat(Robot, RoomA other belief that a robot is not at the roam
then it is at the room next tois expressed by the sentehi,y(-at(Robot,¥ 0 nex-
tto(x,y)= at(Robot,y). Notice that a belief base can contain non-gdednsentences.

3.2 Goal Base

A goal base consists @foals-to-dogoals. 3APL considers goals of procedural
type. Under this view, a goal can be considere@rasmperative program. A goal
defines a plan of actions for an agent to exectite. language allows for the defini-
tion of simple and complex goals.

Simple goals (also called basic goals) are of thypes: basic action, test goal, and
achievement goal. For example, a simple goalilikgiireUDDI() allows an agent to
inquire the UDDI registry.

Complex goals (also called composite goals) areposed from basic goals and
are used to specify complex actions such as seqseari@ctions, disjunctive goals, or
non-deterministic choices, etc. Conventional progring constructs such as ;' and
‘+’ are used to create complex goals. For exammeakl; goak” defines a sequence
of goals and §oakh+goak” defines a disjunctive goal.

3.3 Practical Reasoning Rules

A 3APL agent can manipulate its goals by using firacreasoning rules. These
reasoning rules allow an agent to find plans, whielp him/her achieve its goals.
They also allow the agent to monitor its goal bddese rules facilitate thgractical
reasoningwhich an agent can use to decidet¢ adopt a plan for achieving a goal,
(ii) to revise a plan if necessary. The set of peattules is built from semi-goals and
first order formulas where semi-goals are definiedilar to goals using a new set of
variables.

1 The sentence might or might not be valid.
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A practical reasoning rule is of the form
Mo |,
where

* T1is the head of a the rule,

e ¢ isthe guard of the rule and

e T is the body of the rule,

« Global variables are free first order variablethia head of the rule, and

¢ Local variables are non global first order variahitethe body of a rule.
A practical rulert— ¢ | U says that if the agent adopts some goal or pland be-
lieves thatp is true, then it may consider adoptinigas a new goal.

3.4 Action Base

Action base defines the set of primitive actionsl{asic actions) that an agent can
execute. This set of basic actions defines the bikges of an agent with which an
agent can change its mental state of belief alt®utarking environment.

4 Framework Design

We follow the idea behind the design of this sysfellews the model proposed in
[8] and [9]. We view each partner in a VE as aardgvho has its own knowledge
about the environment, its actions (basic and cer)pits set of practical rules, and
its own goals. A VE is a collection of agents wtallaborate to achieve a common
goal. As we have discussed above, most activitighd Micro Assembly domain are
controlled by computer programs. As such, eachpaiis implemented as a software
agent who can offer their services (or actiongtteers. Our framework facilitates the
communication between agents and allows usersddytbtem to simulate the VE. The
overall design of our framework is depictedrigure 1.

Central to our system is a central manager ageichvidn a 3APL agent. This agent
facilitates the communication between differentrageand creating solutions for us-
ers’ requests.

An agent can advertise its services in a servigecttiry, which is implemented as
a part of our system. A 3APL service directory dgarovides other agents in the
system the capability to find service providerfgttcan satisfy their needs. This agent
communicates with other agents through the agemiages. In our implementation,
each service is specified by its inputs and itxetien method.

One issue in a collaborative framework is the seitally differences between dif-
ferent agents. This is also an issue in our framkevi@e follow others by addressing
this issue using ontologies and develop ontolofpeghe Micro Assembly domain.
To incorporate ontologies into our system, a 3ABerd is developed. This agent also
communicates with other agents through the agemiagex. We call this the meta-
information of services.

134



We note that in [1], design and development of logfies for physical devices are
explained.

Physical Resources Path Planning Resources Simulation & Analysis Resources

lAgents of Manufacturing Resource 1 Agents of Manufacturing Resource 2 Agents of Manufacturing Resource 3
(Physical Micro Assembly Work Cell) {Path Planning Resources) [Simulation & Analysis Resources)

Implement Services
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Service Directory Service l\- ' ‘
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Providers Providers
Ontnlogles Meta Informaticn g; Requirements
— = | Enterprice Agent Manager | g
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Information Providers
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Figure 1. Collaborative System for Virtual Enterprise

5 Framework Implementation

This section discusses the implementation of thkalworative framework as
shown in Figure 1. It consists of following agents:

User Agent

Virtual Enterprise Agent (or Enterprise Agent Maegg
Ontology Agent

Service Directory Agent and

PoONPE
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5. Service Provider Agents
All these agents are implemented using 3APL ang the in 3APL platform.

Plug-in programming construct is provided by 3AR&tform so that agents can use
the plug-in as their working environments and asdes methods available in them.
With the help of plug-ins, agents in 3APL platfooman access the external JAVA
methods, virtually allowing an agent éxecutea service provided by another agent.
For each agent in the our system, an associatediplis developed to assist the for-
mation of Virtual Enterprise in real time. Detailddscriptions of 3APL agents used in
the collaborative system are given below.

5.1 User Agent

User Agent provides the user interface to the bolative system. This agent is
probably the simplest agent in the system. It antbehalf of real world entities such
as human users, software applications, or everr bigness vendors who may need
to accomplish a task.

5.2 Virtual Enterprise Agent

The Virtual Enterprise Agent coordinates the vasiaativities in the collaborative
framework. It is responsible for processing useesjuests (from the user agent) and
providing an initial solution (i.eplan) for these requests. In the course of finding this
solution, it queries the Ontology agent for met@imation and uses this information
to find a list of best available service providéss querying the Service Directory
agent.

The Virtual Enterprise Agent also serves as a beangine for other agents who
need to find service providers for their own neddgure 2 shows a view of collabo-
rative framework implemented in 3APL platform widkveloped plug-ins and partici-
pating software agents
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Figure 2. Collaborative System for VE using 3APL

5.3 Ontology Agent

The Ontology Agent in the collaborative system jes the necessary meta-
information for the VE agent to further process thput from the user agent. For
demonstration purpose, some sample ontologiesraeted using Stanford’s Protégé
editor. Figure 3 displays a part of the ontology developed fa khicro Assembly

domain.

The ontologies developed for the collaborative esystire deployed in a Tomcat
web server. Any modifications to the existing ootpés are done through the ontol-
ogy agent. This is achieved by means of a Ontofdgyg-in developed to assist the
ontology agent. Ontology plug-in contains some ddsihctions for querying and

modifying existing ontologies.
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Figure 3. Sample Ontology

5.4 Service Directory Agent

The Service Directory Agent in the collaborativetsyn is used to maintain a ser-
vice directory where service provider agents wilblish their services. This will
facilitate other agents in the collaborative systespecially VE agents, to access the
available services and use them to process theagsett's input. Oracle UDDI regis-
try is used as the service directory in this callative system. Oracle UDDI registry
comes along with the Oracle Application Server 18ghis UDDI registry, instead of
saving normal WSDL descriptions for services, OWld&criptions of services are
saved. Requests from other agents for availableicesrin the UDDI registry are
made through this service directory agent. A serdicectory plug-in is developed for
the agent to accomplish this task. The plug-ineisedbped with methods to connect to
the service directory, publish OWL-S services i@ service directory and inquire for
available services. A screen shot of oracle UDDigtey is shown with some sample
services is shown iRigure 4.

5.5 Service Provider Agent

Real business services in the collaborative systenprovided by the service pro-
vider agents. Services provided by these agengerfitom software resources to ac-
tual physical implementation. Along with describithg service capabilities, the con-
figurations of actual physical implementations also described using OWL. A sam-
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ple OWL description of a physical work cell can baccessed at
http://128.123.245.156:9090/ontology/Device.owl

Fle Edt Vew Go Bookmarks Tock Help Q1

@& -0 QL 4 Ho«d ]
Business Search Results u
Humber of matches: 15

CADDesign
Descrption: CAD Drawing and Design for Micro Asscmbly and Mano Manufachuring
AD25A437-2601-492E-92E2-DFBDO4A 5858

Design Sclutions Inc
Description: CAD design fo all manwfacturing dorasins, especialy to the domain of Micro Asserbly
92B26EI2-ACAS-4318-A143-B302C06359DD

Desien
Description: CAD Drawing and Design Analysis for Micro Assernbly
SABLI6D1-301C-43B5-BC35-BC150C31133A

DesignGurs
Descrpion Inovative Design Solutions to Micro Assembly, Nano Assembly
DES101CF-9Da7-41F6.9138-9A340FTAC1 71

MaterialGurus
Descrption Micro and Nano Assermbly Components and Workstations
2093FE42-D46 D-4E3D-0F8T-DD42DE292C10

NMST
Decorphion Tnnovative bulding techriques for Misro and Nano Asserbly systems
0C97CA2D-FTD9-4B49-BIFC-FODA162DBBCY

1 Innovative Simulation Solutions to Micro Assembly, Nano Assetibly
35 1946-47DE-AF88-FDTI06CET1 A7

Simulation]

Desesiption Micro and Nano Assernbly Simulation
[FE2F81C3-7B00-4999. ASRE-B233AC12525C

SimilationEsperts
Descrpion: High precision sirmdation for Micro and Nano Assernbly
61E2755F-4579-4409-9FD4-BIICF 7356936

ShuulafionGury
Deserphon Micro and Nano Assembly graphical sivulation
TD3BIDID-DO0D-4DEE-AD11-FEFIZEZZACA

= Building fture Micro and Meno Assembly systems
444961 9E-3B89-4B20-A5EB-CICTFBITD1ER

| Dons

Figure 4. Oracle UDDI registry showing sample services far tollaborative system

This allows the Virtual Enterprise agent to knowrenabout the actual hardware
implementation of devices. The collaborative systemtains multiple service provid-
ers who will serve the needs of a user agent. Eatiin of services by these agents is
accomplished through the service directory plugihich provides methods for pub-
lishing the services into the UDDI registry.

6 Example Scenario

In this section, an example scenario is providethfthe Micro Assembly domain
to the collaborative system. Micro Assembly is ¢desed as an alternative to MEMS
based product development, where it is difficultanufacture a product with differ-
ent parts having varying properties. As explaimegrievious sections, it is completely
a new area of product development where businasdove have limited number of
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sophisticated infrastructures and resources toraglish a complete micro assembly

based product development. In this application &dena user agent wants to assem-
ble various micron sized parts (for eg. cams) otromi sized pins. Here, the goals of
user agent are identification and formation of penships with potential business

vendors and execution of their associated services.
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Figure5. Interactions among the agents in the collaboratystem

Possible interactions that will happen in this @odirative framework are listed be-
low (refer to figure 5) and are elaborated subsetiyue

Interactions between Service Directory Agent antviSe Provider Agents.
Interactions between Virtual Enterprise Agent amdalbgy Agent.
Interactions between Virtual Enterprise Agent ardvise Directory Agent.
Interactions between User Agent and Virtual EnisgpAgent.
Interactions between Service Provider Agents aret lBgent.

ghrwbdPE

6.1 Service Directory Agent €-> Service Provider Agents
To demonstrate this interaction, a set of servic@iger agents have been designed
and implemented. These include service directoentsmcapable of providing

1. Services based on software applications suassEmbly sequence generators,
3D path planners and virtual prototyping and anslgsivironments
2. Services based on actual physical resourcesasugticro assembly work cells.
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A brief description of some of these resourcesr@iped along with their OWL
and OWL-S descriptions.

In order to assemble micron sized parts on micioedspins, two micro assembly
work cells as shown in figure 6, having differeas@mbling capabilities are designed
and developed. An ontology is developed to desdtibecapabilities in terms of work
cell specifications. For example, work cell 1 isveleped with gripper having the
capability of assembling pins and cams in the sange of 100 — 200 microns (diame-
ter) and a few millimeters in length. Due to thge@dimit, all OWL descriptions and
grounding files necessary for the operation ofeékample are omitted. They are ac-
cessible fronhttp://web.nmsu.edu/~gobinath/file.htm

The maximum and minimum gripping force exerted hg gripper on its target
object and its operating conditions are also dbedriby an OWL element. The type
of parts that the gripper can handle is given leyftiowing OWL element

<parts_it_handle rdf:resource="#Cams"/>
<parts_it_handle rdf:resource="#Pins"/>

Similar to first micro assembly work cell, the sedanicro assembly work cell
with tweezers is also described using OWL. Thislwamaccessed at the URL
http://128.123.245.156:9090/mawc?2.owigure 6 display two work cells used in our

experiment.
Work piece
Supporting
platen o

Gripper unit

Micro stage:

ibtation ’
isolstion table  Linea Translation 3tage

Figure 6. Micro Assembly Work Cells (Left: Work Cell 1, Righwork Cell 2)

The assembly services of these two micro assembiit aells are made available
as web services. As the assembly service requingsiqgal components (cams and pins
in this case) to be assembled, a software validgirogram is developed to validate
the dimensions of input components with the cafgbilf the respective micro as-
sembly work cell. For example, in micro assemblykaeell 1, the validation program
validates the input by comparing the dimensionshef gripper and the parts to be
assembled. If the validation program returns theitpe results, further steps will be
taken to ship the parts to the respective workloehtion. This validation program is
also made available as web services whose groui@imgnation in OWL-S format is
given in the above mentioned URL.
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Apart from the work cells, virtual prototyping enmnments have been developed
which form part of the VE resourceBigure 7 provides a snapshot of two virtual
environments, which can be used to study alterreegesmbly and path plans, etc.

Figure 7. Different Virtual Environments (Virtual Environmel, Virtual Environment 2)

These virtual environments are also accessiblevelaservices. Service grounding
information for one of the these VEs is describe®WL-S format and is available at
http://web.nmsu.edu/~gobinath/file.htm

Some of the software resources within the collaidramework include micro
assembly sequence generators as well as 3D pathepta Grounding information for
one of the micro assembly sequence generatorsrifieieg an optimal sequence of
assembling a target set of micro parts) using Gerdgorithm is detailed below in
3APL format.

Sample message transfers that will take place gldhie interaction between a ser-
vice provider agent (say, Micro Assembly Work Geilbvider) and the service direc-
tory (SD) agent while publishing a service areelisbelow:

Send(SD_Agent, inform, publish ()),
Send(SD_Agent, inform, serviceName (Micro AsseWfblk Cell)),
Send(SD_Agent, inform,

serviceDescription (http://128.123.245.1%80/ontology/Implementer.owl))
Send(SD_Agent, inform, requires (path planning))
Send(SD_Agent, inform, requires (simulation))

After receiving these messages from the serviceigeo agent, service directory
agent publishes the service in the Oracle UDDIstegi
6.2 User Agent €-> Virtual Enterprise Agent

In this interaction, the user agent sends the inpgiirements to the virtual enter-
prise agent. Below are some sample input requirtsmierthe VE agent:
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Send (VE_Agent, inform, domain (Micro_Assembly)),
Send (VE_Agent, inform, input ()),

Send (VE_Agent, inform, radius (pinl, 0.5)),
Send (VE_Agent, inform, radius (pin2, 0.5)),
Send (VE_Agent, inform, radius (pin3, 0.5)),
Send (VE_Agent, inform, radius (cam1, 0.6)),
Send (VE_Agent, inform, radius (cam2, 0.6)),
Send (VE_Agent, inform, radius (cam3, 0.6)),
Send (VE_Agent, inform, goal ()),

Send (VE_Agent, inform, on (caml, pinl)),
Send (VE_Agent, inform, on (cam2, pin2)),
Send (VE_Agent, inform, on (cam3, pin3))

This sequence of message states that the user likeikd assemble three pingirl,
pin2, pin3) of radius 0.5 into three cams of radius 0.6 cpigpinl oncaml pin2
oncam2 andpin3 oncam3

6.3 Virtual Enterprise Agent €-> Ontology Agent

For the VE agent to process users’ request, itsyeedreate a plan for doing it and
who can provide the necessary services requirededoute this plan. This information
is available in the meta-information managed by @rdology agent. The VE agent
first queries the Ontology agent for meta-informatabout the services available in
the system and devises a plan to achieve the gbtie users (as done in [10]).

In our experimental scenario, ontology for the Mi&ssembly domain is devel-
oped and deployed in a Tomcat Application Servefe(rtoFigures 2 and 3). Some
sample 3APL messages for this interaction are ghedow

Send (Ontology_Agent, inform, queryForMeta (Micresémbly))
Send (Ontology_Agent, inform, whatis (pinl))
Send (Ontology_Agent, inform, whatis (cam1))

Once the Ontology Agent receives the input from Y& agent, the Ontology
Agent processes the input to find the correspondiriglogy (in this case the ontology
of Micro Assembly domain) and queries the ontolégyind possible relationships
between the input and the concepts it containetjubie ontology plug-in. For sample
input messages from VE agent, the ontology agesporeds by sending the following
messages,

Send (VE_Agent, inform, metalnfo (Micro_Assembly))
Send (VE_Agent, inform, steps ())

Send (VE_Agent, inform, physical_implementation ())
Send (VE_Agent, inform, planning ())

Send (VE_Agent, inform, simulation ())

Send (VE_Agent, inform, isObject (pinl, true))

Send (VE_ Agent, inform, isObject (cam1, true))
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6.3 Virtual Enterprise Agent €-> Service Directory Agent

With the meta information and the original inpute tVE agent now requests the
service directory agent for service providers. $hmple messages of this interaction
are given below.

Send (SD_Agent, inform, serviceProviderfor (physiogplementation))
Send (SD_Agent, inform, serviceProviderfor (plagiin
Send (SD_Agent, inform, serviceProviderfor (simaig)

After receiving these messages, the service dingetgent searches the UDDI reg-
istry for available service providers. In a UDDbigtry, there may be more than one
service provider who can serve the user agentistirgguest. Those service providers
are known as potential partners in VE context. Ftbenlist of potential service pro-
viders, the service directory agent should choaseleest service provider for the user
agent. Before the selection of a best service pasyithe Service directory agent will
check for the requirements for each of the potestavice providers. The require-
ments for a service provider may be correct inputeven some services from other
service providers. If all the requirements of as&er provider are satisfied and it also
satisfies the requirements of user agent, the erlirectory agent will announce the
service provider as best partner. If user ageetgirement does not match with the
service providers’ requirements, then service dimycagent will announce the un-
availability of service providers. After findingdtservice providers, the service direc-
tory agent returns the access point URLs of eacheofdentified business vendors to
the VE agent. Message transfers during this interaare

Send (VE_Agent, inform,

accessPointURL (http://128.123.245.156:9090/ontplmgplementer.owl)),
Send (VE_Agent, inform,

accessPointURL (http://128.123.245.156:9090/ontglpignning.owl)),
Send (VE_Agent, inform,

accessPointURL (http://128.123.245.156:9090/ontplsignulator.owl)),

The resulting access point URLs are then sent & lgent for execution.

6.5 Service Directory Agent €-> User Agent

After obtaining the access point URLs of serviceviter agents, the User agent
executes the services available at the servicdgeosites.
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7 Conclusion and Future Work

In this paper, a collaborative system is develofefbrm a Virtual Enterprise for
the domain of Micro Assembly. 3APL language is usedevelop the agents which
constitute the collaborative system. Ontology foichd Assembly domain is devel-
oped to provide a common ground to share the irdtion contained in it among the
agents. Although it is still an ad-hoc developmehis prototypical system demon-
strates that agent technologies can be very useMME development, a rather new
area to agent researchers. In the future, we wiikddto study and develop method-
ologies for a systematic development of VE in therm Assembly domain.
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Abstract. This paper presents a framework to represent generic protocols. We
call generic protocols, agent interaction protocols where only a gdregraviour

of the interacting entities can be provided. Our framework is groundetth@n
AUML graphical formalism. From this formalism, we identified five fundamtal
concepts on top of which we defined the formal specifications for tinecfneork.

We address a lack in protocol representation by emphasising the diescop
actions performed in the course of interactions based on generic piatdte
framework is formal, expressive and of practical use. It helpsudjgle interaction
concerns from the rest of agent architecture. Several applicatiefslexist for
our framework. First, we used it to address two issues faced in thendefsigient
interactions based on generic protocols. At a more concrete level,ahgfork
can be used to publish the protocols agent interactions are based on iti-a mu
agent system.

1 INTRODUCTION

Interaction is one of the key aspects in agent-orientedydedi allows agents to put
together the necessary actions in order to perform complsstcollaboratively. The
coordination mechanism needed for a safe execution of tegms is often governed
by a sequence of message exchanges: interaction protatislly, only a general
description of how agents should behave during the intenagis provided. Such pro-
tocols are called generic protocols. An issue in open andrbgéneous multi-agent
systems (MAS) is concerned with the description of geneni¢tgeols, especially with
respect to their correct interpretation. A subsequentissthe need to decouple inter-
action concerns from the rest of agent architecture.

To date, there has been some endeavour to develop new gna&pesentation for-
malisms. The formalisms developed thus far have severalldreks. They usually fo-
cus on data exchange through a communication channel (Ru8REN [7]). Some oth-
ers are either informal (or semi-formal) (e.g., AUML [1]) demand advanced knowl-
edge in logics (e.g., the formal framework in [10]). Therefahere is an obvious need
for a formal, yet practical and expressive generic proteeplesentation framework.
Additionally, such a framework should provide the buildirigcks to help decouple the
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interaction concerns from the rest of agent architecture.adfiress this need in this
paper.

The solution we arrived at is a framework for the descriptibigeneric protocols.
It complies with most of the criteria required of a convei@afpolicy in [6]. The phi-
losophy of our framework is to start from AUML, which is a weltablished agent in-
teraction representation formalism. But we depart from AUbY addressing the lacks
and incompleteness which limit it. A common trend in profo@presentation con-
sists of describing only the sequence of message exchatigesver, some actions are
needed to produce these messages and handle them whepdeésiwe will see later,
some actions might be executed beyond the communicatiehdeving an interaction.
Thus, in addition to the description of message exchangdramework introduces the
description of actions needed in the course of an intenacfibis provides us with the
ability of describing the behaviour agents will exhibit vehplaying a role in a protocol.
A particular aspect in our framework is our focus on generatqrols. This keeps us
from providing a complete representation for actions. Weptiuced action categories
to fix this weakness.

Our framework offers several advantages. It builds on tlaplgcal representation
in AUML, which eases the message exchange perception foahutasigners. In ad-
dition, it offers the means to depict what happens beyondrthgsage exchange level.
The framework is expressive, formal and of practical usepfotocol representation.
Particularly, we offer at least the same expressiveness AdML (and its extensions)
without introducing new control flows. Rather, we only usergvdescription and (if
necessary) three connectoasid, or andxor. We also ease the implementation of pro-
tocols in our framework by providing a XML representations An application, we
used our framework to address two issues in agent interadéeign of open and het-
erogeneous MAS: (1) an automatic derivation of agent istema model from generic
protocol specifications, in order to address the issue ofistancy during interactions
based on generic protocols in an heterogeneous MAS; anch(@halysis of generic
protocol specifications in order to enable agents to dynaligiselect protocols when
they have to perform a task in collaboration. A more prattisage of our framework
is the possibility to publish protocol specifications foeaginteractions in a MAS.

The remainder of this paper is organised as follows. Se@idiscusses some re-
lated work. Section 3 introduces the fundamental conceptsse in the framework and
presents both the specifications and their semantics ddekttiscusses some properties
one can check for a protocol represented following this &awnrk. Finally, section 5
concludes the paper.

2 RELATED WORK

Several formalisms have been developed to representdtitargrotocols. In this sec-
tion, we discuss the most suitable ones for agent interactio

AUML [1] and its extensions are graphical frameworks fortpmwl diagram rep-
resentation. These frameworks, though practical and easse, are informal (or semi
formal). It is then hard to check properties or even definestraantics of a protocol
represented in these formalisms. [15] and [2] automate rdmeslation process from
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AUML to a textual description, which is more machine readalhe advantage of this
automatic translation, though undebatable, is weakenedany other AUML original
limitations, f.i., the lack of emphasis on action repreaéoh in protocol representation.

Some formal frameworks have been proposed for protocoésemtation. [14] de-
fined a framework using concepts similar to ours. Howeveouncase agents are not
represented in protocol specifications. They are expeotpthy (in a protocol config-
uration and instantiation standpoint) roles at runtim@] [hade significant advances
in the area of protocol representation for agent interacflthis work developed a for-
mal framework which combines Propositional Dynamic Logid &éelief and intention
modalities (PDL-BI). The framework covers a broad spectafiissues related to agent
interactions. However, it requires advanced knowledgedick. In our opinion, logics
is useful to define the semantics and check some propertipsdimcols. But due to the
complexity it may introduce, we believe that it should bedsd at the specifications
stage, as usually done in programming languages. Additjp*dDL-BI focuses on the
messages exchange. But, as we showed above, agent iteactiocols demand more
than message exchange.

IOM/T [3] is a more recent language for interaction représéon. Our work,
though sharing some similarities with IOM/T, departs frdron the following points.
Firstly, we focus on generic protocols, where we considerege actions. Secondly,
the behaviour of the agents in IOMT/T (the actions they panjds not associated with
the events which occur in the MAS. Thirdly, the language wdike. However, we
believe that a protocol description language is supposediclarative one. Especially
for open and heterogeneous MAS. We address this need ingher oy developing a
formal framework for generic protocols representationt famework is a declarative
language and offers expressiveness as well as ease of use.

3 THE FRAMEWORK

We introduce the fundamental concepts our framework isdbage Then, we present
the specifications and the semantics of these concepts.

3.1 FUNDAMENTAL CONCEPTS

Our framework is based on the AUML protocol diagram. Therea# identified five
fundamental conceptgrotocol role, evenf actionandphase A graphical illustration
of these concepts is given in Fig. 1.

Definition 1. Protocol

A protocol is a sequence of message exchanges betweentdtleasles. The ex-
changed messages are described following an Agent Comatiomid.anguage (ACL)
e.g., FIPA ACL [5], KQML [9].

More formally, a protocol consists of a collection of roBs which interact with
one another through message exchange. The messages lekbigltectionM and
the exchange takes place following a sequefizeA protocol also has some intrinsic
properties® (attributes and keywords) which are propositional corstehat provide
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role: Rl role: R2
| I event: message

| | messagell reception

message2

—— action

pr ot ocol
Fig. 1. Graphical illustration of concepts in generic protocols.

def

a context for further interpretation of the protocol. Weept=< ©, R, M, >. In
Q, the message exchange sequence, each element is deneted-B%*— r,, to be

QoM —1
interpreted as “the role, sends the message;, to r,, and thatm, is generated after
actiona,’s execution and the prior exchangeref,_,”. Additional elements may be
introduced in this representation, but we do not discuss tinethis paper.

Definition 2. Generic Protocol

A generic protocol is a protocol wherein the actions whicke &ken, to handle,
produce the contents of exchanged messages, etc. cannwbrbaghly described. A
complete description of these actions depends on the aathie of each agent playing
a role in the protocol.

Note that the attributes and keywords we use in the currersiore have been
identified from our experimentations. Currently, we onlye ubree attributesclass
return_.valueandparticipantscount classis the type of processing performed through
the execution of an interaction based on this protocol (&g.userequestto denote
that the participant performs some task on behalf of théaboit). return_value when
any, depicts how the final result is represenfedticipantscountis the number of dis-
tinct participant roles in the protocol. As for keywordsyesal ones can be used in the
current version. For examplincrementalProcessieans that some partial results may
be considered for the ongoing process. Some more expesraenineeded to extend
these attributes and keywords.

Each of the communicating entities is called a role. Rolesuaderstood as stan-
dardised patterns of behaviour required of all agents ptpgiipart in a given functional
relationship in the context of an organisation [4].

Definition 3. Role In our framework, a role consists of a collection of phaseswg
will see later in Section 3.2, a role may also have global @usi (which are executed
outside all phases) and some data other than message covaeables

def

Vr € R,r =< ©,,Py,As, V >, where®, corresponds to the role’s intrinsic prop-
erties (e.g., cardinality) which are propositional cotgethat help further interpret the
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role, Py, the set of phased, the set of global actions arM the set of variables. The
roles can be of two types: (Ijitiator, the unique role of the protocol in charge of
starting its execution; ()articipant, any role partaking in an interaction based on the
protocol.

The behaviour of a role is governed by events. An event is@miatchange which
occurs in the environment of the MAS. An informal descriptif the types of events
we consider in our framework is given in Table 1. A more forin&rpretation of these
events is discussed in Section 3.3. The behaviour a roletadope an event occurs is
described through actions.

Event Type Description

Change The content of a variable has been changed
Endphase The current phase has completed.
Endprotocol |The end of the protocol is reached.
Messagecontefithe content of a message has been constrycted.
Reception A new message has been received.
VariablecontenfThe content of a variable has been construgted.
Custom Particular event (error control or causality).

Table 1.Event Types.

Definition 4. Action

An action is an operation a role performs while executingisTdperation trans-
forms the whole environment or the internal state of the agerrently playing this
role. An action has a categomy, a signatureX’ and a set of events it reacts to or pro-

def
duces. We note :e< v, X, E >.

Since our framework focuses on generic protocols, we cay molvide a general
description for the actions which are executed in theseopods. Hence, we introduced
action categories to ease the definition of a semantics ésethctions. Table 2 contains
an informal description of these categories. We discuss$henantics in Section 3.3.

Definition 5. PhaseSome successive actions sharing direct links can be grotgped
gether. Each group is called a phase. Two actions share aiiek if the (or only a
part of them) input arguments of one are generated by the ¢thevhen asendaction
sends the message generated in a prior action).

3.2 FORMAL SPECIFICATIONS

The formal specifications are defined through a EBNF gram@raly essential parts of
this grammar are discussed in this section. A thorough gesnT of this grammar is
given in Appendix A. In sake of easy implementation of gemprbtocols, we represent
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Action Type|Description

Append Adds a value to a collection. (L
Remove Removes a value from a collecti

Send Sends a newly generated message.
Set Sets a value to a variable.
Update Updates the value of a variable.

Compute |Computes a new information.

Table 2. Action categories.

them in XML in our framework. However, as XML is too verbosesimpler (bracket-
based) representation will be used for illustration in tiaper.

RUNNING EXAMPLE We will use the Contract Net Protocol (CNP) [13] to illus&at
the specifications we present. The sequence diagram (ptat@gram in AUML) of
this protocol is given in Fig. 2. The labels placed on messaghange arrows in the
figure are not performatives, but message identifiers.

Participant

H cip

Not-Understood

Propose

Reject-Proposal

Accept-Proposal

Failure

Inform-Done

Inform—Ref

Fig. 2. The Contract Net Protocol.

The rationale of the CNP consists of an initiator having s@aeicipants perform
some processing on its behalf. But beforehand, the paatitgowvhich will perform the
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processing are selected on the basis of the bids they prbposeply to the initiator's
call for proposals. When the selected participants are dathetheir processing, each
of them notifies the initiator agent of the correct executimnerror occurrence) of the
part it committed in performing.

PROTOCOL The following production rules define a protocol:
<protocob>:=<protproperties <roles><messagepatterns

< protproperties-:=<protdescriptors <protattributes- < protkeywords2
<protdescriptors :=<identifier> <title > <locatior>
<protattributes-:=<class> <participantcount <returre>
<protkeywords-:=<protkeyword+> <protkeyword>:="IncrementalProces§".
An illustration of these rules is given as follows.

(protocol
(protocol properties
(protocol desc ident="cnpprot’ title= ContractNet’ |ocation="Kgnl Cnp.xm ")
(protocol attr class="Request’ participantcount="1" return="operationresult)
(protkeyws '..."))
(roles ...)
(nessagepatterns ...))

As one can see from these rules, the exchange sequigaot explicitly specified.
Actually, it is described througbendactions in each role. When several messages can
be sent, we use connect@nsd, or andxor to compose them.

ROLE Protocol diagrams only show the communication flow betweésr However,

there may be some information beyond the communication.|&ee example, in the

CNP, the action an initiator executes in order to make a tecigoon the participants’

bids is hidden behind the communication flow. Actually, tii$ion exploits information

from different participants of the protocol. Moreover,anmation like the deadline for

bidding, cannot be extracted from any message content., Tiemtroduced a global

area for each role where we describe actions which are beper@bmmunication flow,

as well as data which cannot be extracted from any messagentoNote that actions

relevant to the global area are no more associated with aasepfhe production rules

hereafter define a role.

<roles>:=<role><role>|<roles><role>

<role>:=<roleproperties <variables® <actions? <phases

<roleproperties-:=<roledescriptors <roleattributes-<rolekeywords2

<roledescriptors :=<identifier><name>

<roleattributes-:=<cardinality>

<variables-:=<variable+> <variable>:=<ident><type>

<actions>:=<action+>

Each role is described through its intrinsic properties, (lame and cardinality), its

variables (pieces of information the role handles whichnateextracted from any mes-

sage content), its global actions and the phases the noalglotions are grouped in.
In the example below, thiaitiator role of the CNP has three variableieadl i ne,

bi dsCol anddel i ber ati ons.deadl i ne contains the time when bidding should
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stop.bi dsCol is a collection where participants’ bids are storgel i ber ati ons
contains the decision (accept or reject) the initiator maaten each bid. Each variable
has an identifier and the type of the data it contains. Theetwiof a variable is charac-
terised using some abstract data types. We also use thedgjules to represent message
content and action signature. String, Number and Char ane sxamples of the data
types we use in our framework. The description of these tigoest of the scope of this
paper. The only global action in this role is nanigal i ber at e. Through this action,
the initiator makes a decision upon the participants’ b@élebal actions are described
in the same way like local (located in a phase) ones: categignyature and events. The
description oDel i ber at e explains itself from the example. The special wexen-
tref is used here to refer to an event defined elsewhgrangeevent which occurred
against thébi dsCol variable). As we will see later, this word sometimes introek
causality between actions.

(role ident="initiator’
(rol eproperties (roledescriptors ident="initiator’ nanme='Initiator’)
(roleattributes cardinality="1"))
(variables (variable ident="bidsCol’ type='collection")
(variable ident="deliberations’ type="nmap’)
(variabl e ident="deadline’ type=date'))
(actions(action category='conpute’ description="Deliberate’
(signature (arg type="date’ dir="in")
(arg type="collection” dir="in")(arg type="map’ dir="out’))
(events (event type='change’ dir="in" object="deadline’ ident="evt0)
(eventref dir="in" ident="evt5)
(event type='change’ dir="out’ object="deliberations’ ident="evtl'))))
(phases ...))

PHASE As stated above, each phase is a sequence of actions thatssimae direct
links. We use the following rules to define a phase:

<phases-:=<phase+

<phase-:=<actions>

<action>:=<category-<description® <signature-<events-

For example, in the initiator role of the CNP, the first phasesists of producing
and sending thef p message. This phase contains two actignepar eCFP and
sendCFP. pr epar eCFP produces thef p message. It is followed bgendCFP
which sends the message to each identified participant.

(phase ident="phsl’

(actions (action category="conpute’ description="prepareCFP
(signature(arg type="date’ dir="in")(arg type="any’ dir="out'))
(events (event type='variablecontent’ dir="in" object= deadline")

(event type='nessagecontent’ dir="out’ object="cfp ident="evt2')))
(action category='send’ description="sendCFP'
(signature (nessage ident="cfp'))
(events(eventref dir="in" ident="evt2")
(eventref type='custoni dir="out’ ident="cus0l’)
(event type='endphase’ dir="out’ ident="evt3)))))

MESSAGE Though we did not define messages as a concept, we use them in th
formal specifications because they contain part of the mé&iion manipulated during
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interactions. The concept of message is well known in ACLd dreir semantics is
defined accordingly.

We propose an abstract representation of messages, whidilhwessage patterns
A message pattern is composed of the performative and therddgpe of the message.
We also offer the possibility to define the content patterdNaX-like regular expres-
sion which depicts the shape of the content. Note that aimenthese messages will
be represented with all the fields as required by the adop@d M our framework,
we represent all the message patterns once in a block anmdaodfeem in the course
of the interaction when needed. In our opinion, it soundstwstrain to the use of only
one ACL all along a single protocol description. The follogirules define message
patterns.
<messagepatterns=<aclk><messagepattern+
<acl>:=fipa’ '’kgml’
<messagepattern=<performative- <identifier><content-
<content-:=<type><pattern®
The example below describes the message patterns useddiNthe

(messagepatterns acl =" Kgqm '’
(messagepattern perfornative="achi eve’ ident="achnsg’
(content type="any' pattern='..."))
(nessagepattern performative="sorry’ ident="refuse’
(content type='null’ pattern="..."))
(messagepattern performative="tell’ ident="propose’
(content type="any’ pattern='..."))
(nmessagepattern perfornative="deny’ ident="reject’
(content type='null’ pattern="..."))
(messagepattern performative="tell’ ident=" accept’
(content type='string’ pattern=...")) ...)

DESIGN GUIDELINE As a guideline for protocol design and description in our
framework, we recommend several design rules. They gugeahe correctness of a
protocol represented in our framework. We introduce sontherh here.

Proposition 1. For each role of a protocol, there should be at least one actidich
drives into the terminal state. Every such action should dechable from the role’s
initial state.

Corollary 1. From their semantics, roles can be represented as graphs fémevery
path in this graph, there should be an action which drives terainal state.

Proposition 2. When two distinct transitions can be fired from a state, th®@kevents
which fire each one of the transitions, though interseceashould be distinguishable.

Proposition 3. When an action produces a message, it should be immediatielyéd
by asendaction, which will be responsible for sending the message.
3.3 SEMANTICS OF THE CONCEPTS

EVENT As we saw, an event informs of an atomic change. It may have tweitth the
notified role’s internal state. But usually, the notificatis about other roles’ internal
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state. Therefore, events are the grounds for roles codinlim#®ue to space constraints,
we only discuss the semantics of two types of events in tuigose

change this event type notifies of a change of the value of a varialbé v be
this variable change() denotes this event. In order to define the semantics of our con
cepts, we introduce some expressions in a meta-languageh wie call primitives.
These primitives are functions and predicatesueis one of these primitives (actu-
ally a function). It returns the value of a data at a given tiiret 7 be the time space,
andd and¢ a data and a time respectively¢ 7), Value(d, t) denotes this function.
Valueg(d, t) = () means that the dai@ does not exist yet at time We interpret the
changeevent as follows3 (¢1,t2) € 7 X 7T :

(t1 # t2) A (Value(v,t1) # 0) A (Value(v, t1) # Value(v, t3))

endprotocal this event type notifies of the end of the current interarctleor each
role, all the phases have either completed or are unreaehalsb any global action of
each role is either already executed or unreachable. A phaseeachable if none of its
actions is reachable. Actually, if the initial action is aachable, the phase it belongs to
will also be unreachable. Again, we introduced three newibisies: Follow, Executed
andUnreachable Follow is a function which returns all the immediate successors of
a phase. Lep; andp, be two phaseg); immediately followsps, if any of the input
events of the initial action g, refers to a prior event generated by one of the actions
(usually the last one) agf,. Unreachables a predicate which means that the required
conditions for the execution of an action do not hold. Tharefthis action cannot be
executed. FinallyExecuteds a predicate which means that an action has already been
executed. Lef?. be the set of phases any, . the set of executable actions for phase
prr in @ roler. Let alsoAq, be the set of global actions for rote We interpret the
endprotocokvent as followsi/r € R,Va,, € Ag,.,

(Unreachabl@,, ) VExecuteda,))A(Vpi, € Pr, (Follow(py,.) = 0)V(Va; € A4,,,,Unreachablé;)))

ACTION Actions are executed when events occur. And once exectieylmay pro-
duce some new change in the MAS. Events are therefore coadidsPre and Post
conditions for actions’ execution. Here again, we only d&scthe semantics of thag-
pendandsendaction categories.

Let £ be the set of all the event types we consider in our framevitdikdefinel’
asasubsetd: &' = £ — {endphase, endprotocol }.

append this action adds a data to a collection. kgbe such an action,

Pre=\/, e;,wheree; € &’
Post=\/; e;, 3k e, =" change’ A (3(t1,t2) € T x T,3d, v € args(a;),
(t1 < ta) A (isElementuv, d, t1) = false) A (isElementv, d, t2)))

isElement()is a predicate which returns true when a data belongs to aatiah at a
given time.args() returns the arguments of an action.
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send this action sends a message. It is effective both at theeseml the receiver
sides. Lets; be such an action. We interpret it as follows: at the sendier: si

Pre=\/, e;,wherevm; € arguments(a;), 3 k, e, = messageconteft;)
Post= (Trans(m;) = true)

at the receiver side:

Pre=0
Post=\/; ¢}, whereVm; € arguments(a;), 3! k, €}, = receptiorim;)

ACL usually define the semantics of their performatives bysidering the belief
and intention of the agents exchanging (sender and rey¢hese performatives. This
approach is useful to show the effect of a message excharnlgabitne sender and the
receiver sides. In our framework, we adopt a similar apgredeen an action produces
or handles a message. We use the knowledge the agent perdaiis action has with
respect to the message. Hence, we introduce a new predicatey(¢, a,), which we
set to true when the agemj has the knowledge. Know is added to the post conditions
of the action when the latter produces a message. It is ratitkrd to the pre conditions
of the action when it handles a message. Note ¢hiatthe (propositional) content of
the message. Moreover, when an action ends up a phase or e vbtocol, its Post
condition is extended with thendphasendendprotocokevents respectively.

PHASE The semantics of a phase is that of a collection of actionsrehaome causal-
ity relation. The direct links between actions of a phaseaaiggmented with a causality
relation introduced by events. We ngig £< A, < >, whereA is a set of actions and
< a causality relation which we define as folloWA( is the cardinality ofA):

Va,,a, € A,a, #a,,a, <a, <= |A| >1 A Je € Post(a,),e € Pre(a,).

Proposition 4. Leta, anda, be elements dPy,, such thata, always precedes,,

(a, <a,;)V(Jap,...,ax,a, <ap... <ax <a,)

ROLE An event generated at the end of a phase can be referred then mhases.
Thus, the causality relation between actions of phaseseartbnded to interpret roles.
We consider a role as a labelled transition system havingesiomninsic properties.

r €< e,,S,A, — > where:

— O, are the intrinsic properties of the role;

— Sis a finite set of states;

— A contains transitions labels. These are the actions th@esferms while running;
— — C S x A x Sis atransition function.

As an illustration, we give part of the semantics of the atir role of the CNP,
which we callrg. ro =< @y, S, A, — >, with:

- ©,, = cardinality =1 A isInitiator = true ...;
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— 8 ={S,81,82,83,84,S5,S6, S7, Ss, S9, S10, S11 };

— A ={ag,a;,a3,a3,a4,a5,a6,ar};

— — ={(So,20,S1), (S1,sendm,|, S2), (S2,a1,S7), (S2,a2,S3), (S3,a4,S4), (S4, 23, Ss),
(S5’ Send[ma]’ Sll)’ (SE” Send[m4]7 sﬁ)? (Sﬁv as, SS)v (S67 ag, SQ)v (Sﬁ»a% Slo)}

mg, ms andmy belong to the set of messages exchanged during the protocol.

PROTOCOL The semantics of a protocol is a combination of the semaafiits in-
trinsic properties, that of each role and finally the senearif the coordination mech-
anism. Recall that the coordination mechanism, in our dase sequence of mes-
sage exchanges. The sequence of messages actually exatdarigg the interaction is
known only at runtime. This raises up one of the limitatiohthe work concerned with
agent interaction protocols semantics. They usually ega priori semantics for
protocols. However, as protocols generally offer seveoakjble exchange sequences,
several possible semantics may coexist for an interactésedhon a protocol. [8] pro-
poseda posteriorisemantics through a platform callPdotocol Operational Semantics
(POS) We build on this platform and adoptposteriorisemantics for protocols in our
framework. Two main reasons account for such an approacstly-the messages ex-
change sequence can be mapped to a graph of possibilitiexébanged messages.
Therefore, the semantics of an interaction based on thisgobconsists of a path in
this graph. Secondly, the semantics of communicative &fisetl in ACL is not enough
to define the semantics of a protocol. The executed acti@mastics should also be
included. However, apart from send actions, all the othBomas can only have general
characterisation before the execution of the interactomore precise semantics of
these actions can only be known at runtime.

As an illustration, let us assume that the semantics of ealghaf the CNP is
known, we define that of the whole protocol as follows=< ©,R, M, Q >, where
R = {ro,r1} andM = {mg, m4, ... mz}. mop corresponds taf p, m; corresponds
tor ef use, etc. (see Fig. 2)Q = Q4|Q2|23]24|Q5|Q5|Q6. Q6 is the case where
everything went correctly and the participant notifies thigator of the correct perfor-
mance of the taskg =< ¢ o, 71,71 LT 70,70 s 1,71 i ro >

ag

as,mo asz,ma ai10,M4

4 PROPERTIES

4.1 LIVENESS

Proposition 5. For every role of a protocol, events will always occur and f@me
transition until the concerned role enters a terminal state

Proof. Each role is a transition system. And from the descriptiotmarisition systems,
unless an error occurs, an event will always occur and redaifire a transition until
the role enters a terminal state, where the execution stops.
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4.2 SAFETY

We consider two safety propertiesonsistent messages exchargel Unambiguous
protocol execution

Proposition 6. Consistent messages exchanigessages exchange is consistent in our
framework. Precisely, any message a role sends is receiveéti@ndled at least by one
role. By the same token, any message a role receives has arggederally another
role).

Proof. We prove both parts of the proposition.

1. The sequence of message exchaigésdescribed as follows:
Q=<ry 2% r,m —2— rg,... >. This representation shows that any message
a

0 ag,mo
sent is received and handled by at least one role.
2. Any received message has been generated elsewherdtsideatifier exists. Ad-
ditionally, from proposition 3, any message generatedtgraatically sent. Hence,
any message received is sent by a role.

Proposition 7. Unambiguous protocol executiorFor each action a role can take,
there is an unambiguous set of events which fire its execution

Proof. The proof follows from the direct application of propositi@ and is omitted
here because of space constraints.

4.3 TERMINATION

Proposition 8. Each role of a protocol represented in our framework alwagtsri-
nates.

Proof. From Proposition 1, each role has at least an action whictgbithat role to a
terminal state. Once this terminal state is reached, tkedotion stops for the concerned
role. When all the roles enter a terminal state, the wholeact®n definitely stops.

This proof is insufficient when there are several altereatior loops in the protocol.
Corollary 1 addresses this case. Actually, only one pathetaph (with respect to the
transition system) corresponding to the current role wélldxplored. And as this path
ends up with an action driving to a terminal state, the roleteiminate.

5 CONCLUSION

We believe that a special care is needed in representingiggaetocols, since only

partial information can be provided for them. Therefore, Mgeloped a framework to
represent generic protocols for agent interactions. Gunéwork puts forth the descrip-
tion of the actions performed by the agents during inteoasti and hence highlights
their behaviour during protocols execution. In this, weaféfrom the usual protocol

representation formalisms which only focus on exchangessages descriptions. Our
framework is based on a graphical formalism, AUML. Itis fa@inat least as expressive
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as AUML (and its extensions) and of practical use. As we dised in the paper, this
framework has been used to address issues in agent interdetsign.

Since actions in generic protocols can be described onlygereral way, a more
precise description of these actions is dependent on thétecture of the agent about
to perform them in the context of an interaction. This is ligudone by hand by agent
designers when they have to configure agent interaction Isobeing such a con-
figuration by hand may lead to inconsistent message exchange heterogeneous
MAS. We address this issue by developing some mechanismstdmatically carry
this configuration out. These mechanisms consist of lookingsimilarities between
the functionalities from agent architecture and actiongrofocols. These mechanisms
are presented in [12].

Protocol selection is another issue we faced while desigaigent interactions
based on generic protocols. Usually, agent designerstsbkeprotocols their agents
will use to interact during the performance of collaboratiesks. But this static pro-
tocol selection severely limits interaction in open ancehegeneous MAS. Thus, we
developed some mechanisms to enable agents to dynamiebdt the protocol they
will use to interact. These mechanisms require some regatiout the specifications
of the protocols. Again, we used this framework, since itdes us to reason about
the mandatory coordination mechanisms for the performahcellaborative tasks. We
described part of the mechanisms we proposed in [11].
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A EBNF Grammar

<prot ocol >: =<pr ot properti es><rol es><nmessagepat t er ns>
<protdescri ptors>: =<protdescri ptors><protattributes><prot keywords?>
<protdescriptors>: =<identifier><title><location>
<protattributes>: =<cl ass><parti ci pant count ><ret ur n>
<pr ot ocol keywor ds>: =<pr ot ocol keywor d+>
<pr ot ocol keywor d>: ="cont ai nsconcurrentrol es"|"iterati veprocess"
"increnent al process"| "subscriptionrequired"
"al terabl eservi cecontent”|"al t erabl eproposal content™
| "di vi dabl eservi ce"
<title>: =<word>
<cl ass>: =<wor d>
<l ocati on>: =<| ocat i onheader ><pat h>
<l ocati onhearder>:="http://ww. "|"http://"|"file://"|"ftp://ftp."
<pat h>: =<di rect ory+><word>’"."’ <wor d>
<di rect ory>: =<wor d>
<partici pantcount>: =<digit+>|"n"
<return>:="operationresult"|"information"|"agent addr ess"
<r ol es>: =<r ol e><r ol e>| <rol es><rol e>
<messagepat t er ns>: =<acl ><nessagepatt er n+>
<rol e>: =<rol eproperties><vari abl es?><act i ons?><phases>
<rol edescri ptors>: =<rol edescri pt or s><rol eattri but es><rol ekeywor ds?>
<rol edescri ptors>: =<i denti fi er ><nane>
<rol eattributes>: =<cardinal i ty><concurrentpartici pants?>
<concurrentparticipantset>:=<identifier+>
<r ol ekeywor ds>: =<r ol ekeywor d+>
<r ol ekeywor d>; =<wor d>
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<name>: =<wor d>

<cardinality>: =<digit+>|"n"

<vari abl es>: =<vari abl e+>

<vari abl e>: =<i denti fi er ><type>

<type>: ="nunber"|"string"|"char"|"bool ean"| "date"|

"collection"|"null"|"any"|" map"
<identifier> =<letter+> "id" <digit+>
<letter> ="a"|"b"|"c"|..."2"
<digit>="0"|"21"|"2"]...|"9"
<wor d>: =<l etter+>

<space>: =

<actions>: =<acti on+>

<phases>: =<phase+>

<phase>: =<i denti fi er ><acti ons>

<acti on>: =<cat egor y><descri pti on?><si gnat ur e?><event s>

<descri pti on>: =( <wor d><space?>) *

<cat egory>: ="append"| "custoni| "renove"| "send"| "set"| "updat e"

<si gnat ur e>: =<ar gunment s>| <messages>

<ar gument s>: =( <ar gset >| <ar gdesc>) +

<ar gset >: =<set t ype>(<ar gset >| <ar gdesc>) +

<ar gdesc>: =<i denti fi er><type><directi on>

<direction> ="in"|"out"|"i nout"

<nessages>( <message>| <nessageset >) +

<nmessage>: =<i dentifier>

<nmessageset >: =<set t ype>( <nessageset >| <nmessage>) +

<settype>:="and"|"or"|"xor"

<event s>: =(<event >| <eventr ef >| <event set >) +

<event set >: =<set t ype>(<event >| <eventr ef >| <event set >) +

<event >: =<i denti fi er ?><event t ype><obj ect >

<eventtype>: ="change"| "custoni'| "emn ssi on"| "endphase"
"endprotocol "| "nmessagecontent”| "reception"|"vari abl econtent"”

<obj ect >: =<nessage>| <vari abl ei d>

<vari abl ei d>: =<i dentifier>

<eventref>: =<identifier>

<messagepattern>: =<i denti fi er ><performati ve><cont ent >

<performati ve>: =<fi paperformati ve>| <kgm performative>

<kgm performati ve>: ="ask-al | "| "ask-one"|"ask-if"|"streamal | "]|..

<acl >:="fipa"|"kqm"

<cont ent >: =<t ype><patt ern?>

<pat t er n>; =<wor d* ><space>
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Abstract. This paper presents two approaches for generating and ex-
ecuting the plans of cognitive agents. They can be used to define the
semantics of programming languages for cognitive agents. The first ap-
proach generates plans before executing them while the second approach
interleaves the generation and execution of plans. Both approaches are
presented formally and their relation is investigated.

1 Introduction

Various programming languages have been proposed to implement cognitive
agents [14,2,8,6,9,12,5,7,11]. These languages provide data structures to repre-
sent the agent’s mental attitudes such as beliefs, goals and plans. Beliefs describe
the state of the world the agent is in, goals describe the state the agent wants
to reach and plans are the means to achieve these goals.

Most of these programming languages can be viewed as inspired in some way
by the Procedural Reasoning System (PRS) [6]. This system was proposed as
an alternative to the traditional planning systems [13], in which plans to get
from a certain state to a goal state are constructed by reasoning about the re-
sults of primitive actions. PRS and most of today’s cognitive agent programming
languages, by contrast, use a library of pre-specified plans.! The goals for the
achievement of which these plans can be selected, are part of the plan specifi-
cation. Further, plans might not consist of primitive actions only, but they can
also contain subgoals. If a subgoal is encountered during the execution of a plan,
a plan for achieving this subgoal should be selected from the plan library, after
which it can be executed. An agent can for example have the plan to take the
bus into town, to achieve the subgoal of having bought a birthday cake, and
then to eat the cake.? This subgoal of buying a birthday cake will have to be
fulfilled by selecting and executing in turn an appropriate plan of for example
which shops to go to, paying for the cake, etc., before the agent can execute

! The language ConGolog [7], in which the agent reasons about the result of the
execution of its actions, is an exception.

2 Assuming that both taking the bus into town and eating cake are primitive actions
that can be executed directly.
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the action of eating the cake. Plans containing subgoals are called partial plans,
while plans containing only primitive actions are called total.

An important advantage of PRS and similar systems over traditional plan-
ning systems is that they do not require search through potentially large search
spaces. A disadvantage of PRS-like systems has to do with the fact that most of
these systems allow for multiple plans to be executed concurrently, i.e., the agent
may pursue multiple goals simultaneously. These plans can conflict, as they, for
example, can require the same resources. In PRS-like systems, in which plans
for subgoals are selected during execution of the plan, it is difficult to predict
whether plans will conflict. If a plan containing subgoals is selected, it is not yet
known how the subgoals of this plan will be achieved. It is therefore difficult to
assess whether this plan will conflict with other plans of the agent.

One way to approach this issue, is to use a representation of plans that
contains information that can be used to detect possible conflicts among plans,
as proposed by Thangarajah et al. [16,15]. Once these conflicts are detected,
plans can be scheduled in such a way that conflicts do not occur during execution
of the plans.

In this paper, we take a slightly different approach. That is, in order to be
able to compare an approach in which information about conflicting plans is
taken into account with an approach of plan execution in the PRS style, we take
an operational approach to the former, which we call plan generation. The idea
of plan generation is to use pre-specified partial plans to generate total plans
offline, i.e., before the plans are executed. Since conflicts among plans generally
depend on the primitive actions within the plans, the generation of total plans
provides for the possibility to check whether plans are conflicting. We assume
that a specification of conflicts among plans is given, e.g., in a way comparable
with the work of Thangarajah et al.

In order to compare plan generation with plan execution, we first introduce
a framework for plan generation (Section 2). This framework defines how non-
conflicting sets of plans can be generated on the basis of a plan library (i.e.,
rules for selecting plans to achieve (sub)goals), a set of top-level goals, and a set
of initial partial plans. These definitions are inspired by default logic. In default
logic, various so-called extensions, which consist of consistent sets of first-order
formulas, can be derived on the basis of possibly conflicting default rules, and
an initial set of facts. The fact that default rules might conflict, gives rise to
the possibility of deriving multiple extensions on the basis of a single default
theory. We adapt the notion of extension as used in default logic, to the context
of conflicting plans. An extension then consists of a set of non-conflicting plans.
The idea of adapting the notion of extension as used in default logic to the
context of plans, is inspired by the BOID framework [2]. It was however not
worked out in detail in the cited paper.

The language we use as an example of a PRS style framework, is a simplified
version of the cognitive agent programming language 3APL [8,3], and is pre-
sented in Section 3. We assume that a specification of conflicts among plans is
given. Ways of specifying conflicts have been investigated in the literature (see,
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e.g., [16]), and further research along these lines is beyond the scope of this pa-
per. We show in Section 4 that, for any total plan in an extension of a so-called
plan generation agent, there is a corresponding initial plan in the execution set-
ting, which has the same semantics. If one would assume that in an offline plan
generation context, a single extension is chosen for execution, one could say that
the behavior of a plan generation agent is “included” in the behavior of a plan
execution agent. This is intuitive, since the incorporation of a notion of conflict
among plans restricts the set of plans which can be executed concurrently.

2 Plan Generation

In this section, we present a framework for plan generation that is based on [2].
In that paper, a non-standard approach to planning is taken, in which rules are
used to specify which plan can be adopted for a certain goal. This is in contrast
with planning from first principles, in which action specifications are taken as
the basis, and a sequence of actions is sought that realizes a certain goal state
according to the action specifications, given an initial situation. In [2] and in the
current paper, it is the job of the agent programmer to specify which (composed)
plan (or plan recipe) is appropriate for which goal.

Throughout this paper, we assume a language of propositional logic £ with
negation and conjunction, with typical element ¢. The symbol = will be used
to denote the standard entailment relation for L.

Below, we define the language of plans. A plan is a sequence of basic ac-
tions and achieve(¢) statements, the latter representing that the goal ¢ is to be
achieved. In correspondence with the semantics of 3APL, basic actions change
an agents beliefs when executed. This will be defined formally in Section 3. One
could add a test statement and non-deterministic choice, but we leave these out
for reasons of simplicity. A total plan is a plan containing only basic actions.

Definition 1 (plans) Let BasicAction with typical element a be a set of basic
actions and let ¢ € L. The set of plans Plan with typical element 7 is then
defined as follows.

m = a | achieve(¢) | w1; T2

The set of total plans TotalPlan is the subset of Plan containing no achieve(¢)
statements. We use € to denote the empty plan and identify €; 7 and m; € with 7.

Before we define the notion of an agent, we define the rules that represent which
plan can be adopted to achieve a certain goal. These plan generation rules have a
propositional formula as the head, representing the goal, and a plan as the body.
In principle, plan generation rules can be extended to include a belief condition
in the head, indicating that the plan in the body can be adopted if the agent has
a certain goal and a certain belief. The belief condition could then be viewed as
the precondition of the plan. For reasons of simplicity, we however define rules
as having only a condition on goals.
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Definition 2 (plan generation rule) The set of plan generation rules Rpg is
defined as follows: Rpg = {¢ = 7 | ¢ € L, 7 € Plan}.

A plan generation agent is a tuple consisting of a belief base, a goal base, a
plan base and a rule base. The belief base and goal base are consistent. The
rule base consists of a set of plan generation rules and may not contain multiple
rules for the same goal. This prevents that multiple plans for the same goal can
be adopted, which could be considered undesirable. The plans base contains the
initial set of plans of the agent.

Definition 3 (plan generation agent) A plan generation agent®, typically de-
noted by A, is a tuple (o,~, I, PG) where o C L is the belief base, v C L is the
goal base, IT C Plan is the plan base and PG C Rpg is a set of rules. Further,
o~ L and v £~ L and all sets o,, Il and PG are finite. Finally, PG does not
contain multiple rules with an equivalent head, i.e., if ¢ = 7 € PG, there is not
a rule ¢’ = 7’ € PG such that ¢ = ¢'.

When generating plans, we want to take into account conflicts, for example with
respect to resources, that may arise among plans. For this, we assume a notion
of coherency of plans. A plan 7 being coherent with a set of plans IT will be
denoted by coherent(m, IT). We assume that once a (partial) plan is incoherent
with a set of plans, this plan cannot become coherent again by refining the plan,
i.e., by replacing a subgoal with a more concrete plan.

We are now in a position to define how a coherent set of plans is generated
on the basis of an agent (o, 7, I, PG). A natural way in which to define this plan
generation process, is an approach inspired by default logic. In default logic,
consistent sets of formulas or extensions are generated on the basis of a possibly
conflicting set of default rules, and a set of formulas representing factual world
knowledge. Here, we generate sets of coherent plans on the basis of an initial set
of plans IT, a goal base =, and a set of plan generation rules PG.

The idea is that we take the plan base IT of the agent, which may contain
partial plans, as the starting point. These partial plans in IT are refined by means
of applying plan generation rules from PG. If 7m1;achieve(¢); mo is a plan in 17
and ¢ = 7 is a rule in PG, then this rule can be applied, yielding the plan
m1;m; . This process can continue, until total plans are obtained. Further, a
plan generation rule ¢ = m can be applied if ¢ follows from the goal base 7. In
that case, a new plan 7 is added to the existing set of plans, which can in turn
be refined through rule applications.

The plans that are generated in this way should however be mutually co-
herent. A plan can thus only be added to the existing set of plans through
refinement or plan addition, if this plan is coherent with already existing ones.
Different choices of which plan to refine or to add may thus have different out-
comes in terms of the resulting set of coherent plans: the addition of a plan may
prevent the addition of other plans that are incoherent with this plan.

3 In this section we take the term “agent” to mean “plan generation agent”.
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Differing from [2], we define the notion of an extension in the context of plans
through the notion of a process. This is based on the concept of a process as used
in [1] to define extensions in the context of default logic. A process is a sequence
of sets of plans, such that each consecutive set is obtained from the previous by
applying a plan generation rule. A process can formally be defined in terms of a
transition system which is a set of transition rules that indicate the transitions
between consecutive sets of plans.

Given a set of plans E; and an agent (o,7, II,PG), a rule ¢ = 7 € PG can
be applied if ¢ follows from ~. The plan 7 is then added to E;, that is, if 7 &€ E;
and coherent(r, E;). This rule can also be applied if there is a plan of the form
m1; achieve(@); o in E;.* In that case, the plan 71;7; 7 is added to E;, again
only if the plan is not already in F; and it is coherent with F;. One could also
remove the original plan 71; achieve(); mo from E;, but addition of the refined
plan is more in line with the definition of processes and extensions in default
logic. It would be more useful if a plan of the form m; achieve(¢); s could be
refined by a rule ¢’ = 7 if ¢ = ¢', but we omit this extra clause to simplify our
definitions. The first element of a process of an agent is the plan base IT of the
agent.

Definition 4 (process) Let A = (o,~,II,PG) be an agent. A sequence of sets
Ey,...,E, with E; C Plan is a process of A iff Ey = II and it holds for all
FE; with 0 < i <n—1 that E; — E;;1 is a transition that can be derived in
the transition system below. Let ¢ = 7 € PG be a plan generation rule. The
transition rule for plan addition is then defined as follows:

v E ¢ T¢g FE coherent(m, E)
E—F

where E' = EU{r}. The transition rule for plan refinement is defined as follows:

m1; achieve(@);mo € E my e € F
coherent(my; m;ma, )
E—FE

where 71,75 € Plan and B/ = EU {my;m;ma}.

We assume that the plan generation rules of an agent are such that no infinite
processes can be constructed on the basis of the corresponding transition system.

The notion of an extension is defined in terms of the notion of a closed
process. A process is closed iff no rules are applicable to the last element of the
process. This is formalized in the definitions below. Note that not all processes
are closed. A closed process can be viewed as a process that has terminated,
i.e., there are no transitions possible from the last element in the process. It is
however the case that we assume that any process can become a closed process.

4 Note that, for example, a plan achieve(¢) is also of this form, as 711 and w2 can be
the empty plan e (see Definition 1).
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Definition 5 (applicability) A plan generation rule ¢ = 7 is applicable to a
set E C Plan iff a transition £ — E’ can be derived in the transition system
above on the basis of this rule.

Definition 6 (closed process) A process Fy, ..., FE, of an agent A = (o,~, I, PG)
is closed iff there is not a plan generation rule § € PG such that § is applicable
to E,.

Definition 7 (extension) A set E C Plan is an extension of A = (c,, II, PG)
iff there is a closed process Ey, ..., E, of A such that F = E,,.

The execution of a plan generation agent is as follows. An extension of the agent
is generated. This extension is a coherent set of partial and total plans. The
total plans can then be executed according to the semantics of execution of
basic actions as will be provided in Section 3.

3 Plan Execution

In this section, we present a variant of the agent programming language 3APL,
which suits our purpose of comparing the language with the plan generation
framework of the previous section. An important component of 3APL agents
that we need in this paper, is the so-called plan revision rules which have a plan
as the head and as the body. During execution of a plan, a plan revision rule
can be used to replace a prefix of the plan, which is identical to the head of the
rule, by the plan in the body. If the agent for example executes a plan a; b; ¢ and
has a plan revision rule a; b = d, it can apply this rule, yielding the plan d;c.

Here we do not need the general plan revision rules that can have a composed
plan as the head. We only need rules with statements of the form achieve(o) as
the head and a plan as the body.

Definition 8 (plan revision rule) The set of plan revision rules Rpg is defined
as follows: Rpr = {achieve(¢p) = 7 | ¢ € L, 7 € Plan}.

An agent in this context is similar to the plan generation agent of Definition 3,
with a rule base consisting of a set of plan revision rules. The rule base may not
contain multiple rules for the same achieve(¢) statement. We also introduce a
function 7 that takes a belief base o and a basic action a and yields the belief
base resulting from executing a in o. This function is needed in order to define
the semantics of plan execution. We use X = p(L£) to denote the set of belief
bases.

Definition 9 (plan execution agent) Let T : (BasicAction x X) — X be a func-
tion specifying the belief update resulting from the execution of basic actions. A
plan execution agent, typically denoted by A’, is a tuple (0,7, II, PR, T, where
o C L is the belief base, v C L is the goal base, II C Plan is the plan base
and PR C Rpr is a set of plan revision rules. Further, o = L and v = L and
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all sets 0,7, Il and PR are finite. The rule base PR does not contain multiple
rules with an equivalent head, i.e., if achieve(¢) = 7 € PR, there is not a rule
achieve(¢') = ' € PR such that ¢ = ¢'.

We can now move on to defining the semantics of plan execution. As it will
become clear, we only need the semantics of individual plans for the relation
between plan generation and plan execution that we will establish in Section 4.
The semantics of executing a plan base containing a set of plans can be defined
by interleaving the semantics of individual plans (see [8]).

The semantics of a programming language can be defined as a function taking
a statement (plan) and a state (beliefbase), and yielding the set of states resulting
from executing the initial statement in the initial state. In this way, a statement
can be viewed as a transformation function on states. There are various ways
of defining a semantic function and in this paper we are concerned with the
so-called operational semantics [4].

The operational semantics of a language is usually defined using transition
systems [10]. A transition system for a programming language consists of a set
of axioms and derivation rules for deriving transitions for this language. A tran-
sition is a transformation of one configuration into another and it corresponds
to a single computation step. A configuration is here a tuple (7, o), consisting
of a plan 7 and a belief base o. Below, we give the transition system Trans 4
that defines the semantics of plan execution. This transition system is specific
to agent A’

There are two kinds of transitions, i.e., transitions describing the execution
of basic actions and those describing the application of a plan revision rule. The
transitions are labelled to denote the kind of transition. A basic action at the
head of a plan can be executed in a configuration if the function 7 is defined for
this action and the belief base in the configuration. The execution results in a
change of belief base as specified through 7 and the action is removed from the
plan.

Definition 10 (Transy/) Let A’ be a plan execution agent with a set of plan
revision rules PR and a belief update function 7. The transition system Trans 4/,
consisting of a transition rule for action execution and one for rule application,
is defined as follows. Let a € BasicAction.

T(a,0) =0’
<a; T, U> —exec <7T7 UI)

Let achieve(¢) = m € PR.
(achieve(p); 7', 0) —apply (T; ', a)

Note that the goal base is not used in this semantics. Based on this transition
system, we define the operational semantic function below. This function takes
an initial plan and belief base. It yields the belief base resulting from executing
the plan on the initial belief base, as specified through the transition system.
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Definition 11 (operational semantics) Let x; € {exec,apply} for 1 < i < n.
The operational semantic function O4" : Plan — (X — X)) is a partial function
that is defined as follows.

On if (m,0) =4, ... =z, (€,04,) is a finite sequence of
O (n)(0) = transitions in Trans 4/
undefined otherwise

The result of executing a plan is a single belief base, as plan execution as defined
in this paper is deterministic: in any configuration, there is only one possible next
configuration (or none). See for example [17] for a specification of the semantics
of plan execution in case of non-determinism.

4 Relation between Plan Generation and Plan Execution

In this section, we will investigate how these two are related. In order to do this,
we first define a function f, which transforms plan generation rules into plan
revision rules of a similar form.

Definition 12 (plan generation rules to plan revision rules) The function f :
p(Rpg) — p(Rpr), transforming plan generation rules into plan revision rules,
is defined as follows: f(PG) = {achieve(p) = 7 | ¢ = 7 € PG}.

The theorem we prove, relates the operational semantics of the total plans of
an extension of a plan generation agent, to the plans in the initial plan base
of a corresponding plan execution agent. It says that for any total plan « in
the extension, there is a plan 7 in the plan base of the plan execution agent,
such that the operational semantics of @ and 7 are equivalent. The plan « is
a plan from the plan generation agent and we have not defined an operational
semantics in this context. We however take for the operational semantics of «
the operational semantics for plans as defined in the context of plan execution
agents. Note though that, for the semantics of «, only the exec transition of the
transition system on which the operational semantics is based, is relevant.’

The intuition as to why this relation would hold, is the following. The gen-
eration of a total plan « from a partial plan 7 under a set of plan generation
rules PG, corresponds with the execution of 7, under a set of plan revision rules
f(PG). The plan revision rules applied during execution of 7 have a plan gen-
eration counterpart that is applied during generation of a. Further, the basic
actions that are executed during the execution of 7, are precisely the basic ac-
tions of a (in the same order). Because of this, the operational semantics of «
and 7 are equivalent, as the execution of basic actions completely determines
the changes to the initial belief base, and therefore the belief base at the end of
the execution.

® We could have defined a new transition system for total plans, only containing
the exec transition of the system of Definition 10, and a corresponding operational
semantics. This is straightforward, so we omit this.
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If A = (0,7,II,PG) is a plan generation agent, the rule base of the corre-
sponding plan execution agent A’ should thus be f(PG). For the belief base and
goal base of A’ we take o and +, respectively. As for the plan base of A’, we
cannot just take IT, for the following reason. A total plan « in an extension of A
can be generated either from a partial plan 7 that was already in IT, or from a
plan 7 that has been added by applying a plan generation rule to the goal base
(through a plan addition transition in the process). If the latter is the case, we
have to make sure that 7 is in the plan base of A’, as this is the plan of which
the semantics is equivalent with o. We thus define that the plan base of A’ is
I U {r | achieve(p) = 7 € f(PG),v = ¢}. We now have the following theorem.

Theorem 1 Let A = (0,7, II,PG) be an agent and let E be an extension of A.
Let A" = (0,7, I, f(PG),T) where II' = ITU{r | achieve(p) = 7 € f(PG),vy =
¢} and let o € TotalPlan. We then have the following.

Vo€ E:3r eIl : 0% (a)(0) = O (n)(0)

In order to prove this theorem, we need a number of auxiliary definitions and
lemmas. The first is the notion of an extended process. The idea is, that we
want to derive from a given process p and a given total plan « in the extension
corresponding with p, those steps in p that lead from some initial partial plan 7
to a. For this, we give each plan in the plan base of the agent a unique number.
Then, we associate with each step in the process the number of the plan that is
being refined. If a plan is added through a plan addition transition, we give this
new plan a unique number and associate this number with the transition step.

The elements of the sets of an extended process are thus pairs from Plan x N.
A pair (,i) € (Plan x N) will be denoted by 7. We use the notion of a natural
number i being fresh in E to indicate uniqueness of 7 in F: i is fresh in E if there
is not a plan 7* in E.5 Further, a rule ¢ = 7 can only be applied to refine a plan
m1; achieve(@); ma, if achieve(¢) is the leftmost achieve statement of the plan,
i.e., if w1 is a total plan. This corresponds more closely with the application of
plan revision rules in plan execution, as during execution always the first (or
leftmost) achieve statement of a plan is rewritten.

Definition 13 (extended process) Let A = (0,7, II,PG) be a plan generation
agent and let I(IT) be I where each plan in I7 is assigned a unique natural num-
ber. A sequence of sets, alternated with natural numbers, Fy, i1, E1,..., i, Ey
with E; C Plan and i; € N with 1 < j < n is an extended process of A
ifft Ep = I(II) and it holds for all triples Ej,i, Fxy1 in this sequence that
FEy —; Eyy1 is a transition that can be derived in the transition system be-
low.

Let ¢ = m € PG be a plan generation rule. The transition rule for plan
addition is then defined as follows:

vE ¢ T¢ E coherent(m, E)
E i E

5 We refer to the pairs 7 as plans and we will from now on take the set Plan as
including both ordinary plans 7 and pairs 7°.
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where B/ = E U {7} with ¢ fresh in E. The transition rule for plan refinement
is defined as follows:

(a1;achieve(¢);m)t € E (ap;mm) ¢ E
coherent(ay;m;ma, E)
E - E

where a; € TotalPlan, 7 € Plan and E' = E U {(ay;m;7m2)}.

The notion of a closed process (Definition 6) as defined for processes in Definition
4, is applied analogously to extended processes.

We will prove theorem 1 using the notion of an extended process. Theorem 1
is however defined in terms of an extension, which is defined in terms of ordinary
processes, rather than extended processes. We thus have to show that extended
processes and processes are equivalent in some sense. We show that for any closed
process there is a closed extended process that has the same final set of plans,
with respect to the total plans in this set. We only provide a brief sketch of the
proof.

Lemma 1 (process equivalence) Let A be a plan generation agent and let
t: p(Plan) — p(TotalPlan) be a function yielding the total plans of a set of plans.
The following then holds: there is a closed process Fy, ..., E, of A, iff there is
a closed extended process Ej, i1, E1,...,in, E], of A such that ¢(E,) = t(E})
(modulo superscripts of plans).

Sketch of proof: (<) If a transition E —; E’ can be derived in the transition
system of Definition 13, then a transition £ — E’ can be derived in the system
of Definition 4 (modulo superscripts). (=) This is proven by viewing the plan
generation rules as the production rules of a grammar and the total plans that
can be generated by these rules as the language of this grammar. The formulas ¢
and the statements achieve(¢) are considered the non-terminals of the grammar
and the set of basic actions BasicAction the terminals. The plans of the first
element of an (extended) process can be viewed as the start symbols of the
grammar, together with those plans that are added through the transition rule
for plan addition.

It is the case that for any derivation of a string (or total plan) in the grammar,
an equivalent leftmost derivation, in which at each derivation step the leftmost
non-terminal is rewritten, can be constructed. Derivations in an extended pro-
cess correspond with leftmost derivations, from which the desired result can be
concluded. a

Given a closed extended process p with E,, as its final element, and a total plan
a' € E,, we are interested in those steps of p that lead to the derivation of .
In other words, we are interested in those steps that are labelled with 4. For this,
we define the notion of an i-process of an extended process. This consists of a
sequence of pairs of sets of plans, where each pair corresponds with a derivation
step that is labelled with 4, in the original extended process.
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Given the i-process p; of an extended process p, we define the notion of the i-
derivation of p;. The i-derivation of p; is the sequence of singleton sets of plans,”
that is yielded by subtracting for each pair (F, E’) occurring in p;, the set F
from the set E’. An i-derivation is thus a sequence 7%, 7%,... 7¢ ® in which
each plan is labelled with i. The sequence can be viewed as the derivation of the
plan 7}, from the initial plan 7}, as each step from 7% to 7}, ; in this sequence

corresponds with the application of a plan generation rule to 7T;-, yielding 7r; i1

Definition 14 (i-derivation) Let A = (0,7, II,PG) be a plan generation agent
and let p = Ey, 11, E1, ..., i, E, be a closed extended process of A. The i-process
p; of p is then defined as a sequence of pairs (E{, EY), ..., (E},_1, E,) such that
the following holds: (E, E’) occurs in p; iff E,i, E' occurs in p and for any two
consecutive pairs (E;, Ej11), (Ejt2, Ejy3) occurring in p; it should hold that
Ejp1 € Ejpa.

Let p; = (Fo,E1),...,(Fm-1,E,) be the i-process of a closed extended
process p. The i-derivation of p; is then defined as follows: (Ey \ Ep), ..., (Em \

Em_1).

We want to associate the semantics of a total plan « in some extension of a plan
generation agent, with the semantics of a corresponding plan 7 in the initial plan
base of a plan execution agent. We do this by showing that the basic actions
executed during the execution of 7, correspond exactly with the basic actions
of a. For this, we define a variant of the transition system of Definition 10, in
which the configurations are extended with a third element. This element, which
is a total plan, represents the basic actions that have been executed so far in the
execution. Further, we define the execution of a sequence of basic actions in one
transition step. This is convenient when proving lemma 2.

Definition 15 (Trans'A,) Let A’ be a plan execution agent with a set of plan
revision rules PR and a belief update function 7. The transition system Trans',,
consisting of a transition rule for action execution and one for rule application,
is defined as follows.

Let o € TotalPlan be a sequence of basic actions and let 77 : (TotalPlan x
YY) — X be the lifting of 7 to sequences of actions, i.e.,
T'(a;a)(0) = T'(a)(7 (a)(o)). Further, let o’ € TotalPlan be a sequence of
basic actions, representing the actions that have already been executed.

T (a,0) =0’

(a;m,0,0) —ezec (M, 07, 0'; )

Let achieve(¢) = m € PR.
(achieve(¢); ', o,y = appry (1537, 0, )

"It is a sequence of singleton sets, as each pair in an i-process corresponds with a
derivation step in the original process. In a derivation step from E to E’, exactly
one plan is added to F.

8 We omit curly brackets.
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It is easy to see that an operational semantics (O can be defined® on the basis
of this transition system that is equivalent with the operational semantics of
Definition 11, i.e., such that O'(7)(0) = O(r)(0) for any plan m and belief base
o. The initial configuration of any transition sequence in Trans'y, should be of
the form (m,o,¢€), as the third element represents the sequence of actions that
have been executed, which are none in the initial configuration.

In the proof of lemma 2, we use the notion of a maximum prefix of a plan.

Definition 16 (mazimum prefiz) Let o € TotalPlan and let m € Plan. We then
say that a is a maximum prefix of 7 iff & = 7 or m = «a; achieve(¢); . Note
that 7’ can be e.

Lemma 2 says the following. Let o be a total plan in a closed extended process
of a plan generation agent, and let 7} be the first plan of the i-derivation of .
It is then the case that the actions executed during the execution of 7; (given
an appropriate set of plan revision rules), are exactly the actions of « (in the
same order).

Lemma 2 Let A = (0,v,II,PG) be a plan generation agent and let p =
Ey,i1,Ev, ..., in, E, be a closed extended process of A. Let o' € E,, where
a € TotalPlan. Further, let i, ..., af be the i-derivation of the i-process p; of p.
Let A" = {(o,7,II', f(PG),T) be a plan execution agent where I1' = IT U {7 |
achieve(¢) = © € f(PG),v | ¢}. Further, let 7'(a)(o) be defined and let
x; € {exec,apply} for 1 <i < m — 1. The following then holds.

A transition sequence of the form
(m1,0,€) =z, oo =g, (€,0m,Q)

can be derived in Trans'y,. (4.1)

Sketch of proof: We say that a plan 7* corresponds with a configuration
(n',0,0) iff 7 = ;7. Let «j, and m_, be two consecutive plans in the i-
derivation of p;, where 7}, is of the form ay; achieve(¢z); w2 and =), 41 is of the
form aw;m;me. This corresponds with the application of plan generation rule
¢2 = 7. Let 7 be of the form ag; achieve(ps); m3. We then have that the following
transition sequence can be derived in Trans;l,,

<achieve(¢52); 2,0, Oég> *)apply
<0&3; aChieve(¢3); T3;72,0, 062> —exec
(achieve(¢s); m3;ma, 0, oy a3)  (4.2)
This pair of transitions is correspondence and maximum prefix preserving. If

m (transition sequence (4.1)) is of the form ai;achieve(¢1);m, we can derive
a transition in which ay is executed. This yields a configuration of the form

9 We omit superscript A’.
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(achieve(¢y);m, o', a1), which corresponds with 7 and for which it holds that
a1 is a maximum prefix of 7. From this configuration, a sequence of apply
and ezxec transitions can be derived, given that we have (4.2) for every pair
m, and 7}, occurring in the i-derivation. From the fact that this sequence of
transitions is correspondence and maximum prefix preserving, we can conclude
that the final configuration (7., om, am,) of the sequence must be of the form
(€,0m, ) (observe that «; is the final plan of the i-derivation, which should
correspond with (m,,, G, ). m]

We are now in a position to prove theorem 1.

Proof of theorem 1 (sketch): ~ We do not repeat the premisses of the theorem.
Let o € E be a total plan in E. By lemma 1, we then have that there is a closed
extended process with a final set E,, such that o’ € E,, for some natural number
i. Let 7, ..., a! be the corresponding i-derivation. The plan 71 was either added
in the process through a plan addition transition, or it was already in I1. From
this we can conclude that 7y € IT’.

If 7'(a)(o) is defined, we have by lemma 2 that a transition sequence of
the form (m1,0,€) —4, ... =4, , (€,0m,a) can be derived in Trans'y,. We thus
have O4(m)(0) = o,,. From the fact that only action executions may change
the belief base, and the fact that a are the actions executed over the transition
sequence, we can then conclude that O(«a)(o) = 0,,. A similar line of reasoning
can be followed if 7'(a)(o) is not defined. O

5 Conclusion and Future Research

In this paper, we presented two formal approaches for generating and executing
the plans of cognitive agents and discussed their characteristics. We explained
how these approaches can be used to define the semantics of programming lan-
guages for cognitive agents in terms of operational semantics. The relation be-
tween these approaches is investigated and formally established as a theorem.
The presented theorem shows that the behavior of plan generation agents is
“included” in the behavior of plan execution agents.

However, for reasons simplicity, many simplifying assumptions have been in-
troduced which make the presented approaches too limited to be applied to
real cognitive agent programming languages. Future research will thus concern
extending the results to more elaborate versions of the presented agent pro-
gramming frameworks. Also, the characteristics of special cases will have to be
investigated such as the case where there is only one extension of a plan gener-
ation agent. Finally, the notion of coherence between plans is not explored and
left for future research.
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A Functional Program for Agents, Actions, and
Deontic Specifications*
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Abstract. We outline elements of the Abstract Contract Calculator, a
prototype language implemented in Haskell (a declarative programming
language) in which we simulate agents executing abstract actions rela-
tive to deontic specifications. The deontic specifications are prohibition,
permission, and obligation. The concepts of deontic specifications are de-
rived from Standard Deontic Logic and Dynamic Deontic Logic. The con-
cepts of abstract actions are derived from Dynamic Logic. The logics are
declarative, while the implementation is operational. In contrast to other
implementations, we have articulated and productive violation and fulfill-
ment markers. Our actions are given with explicit action preconditions
and postconditions, and we have deontic specification of complex ac-
tions. We implement inference in the Contrary-to-Duty Obligations case,
which has been a central problem in Deontic Logic. We also distinguish
Contrary-to-Duty Obligations from obligations on sequences, which has
not previously been accounted for in the literature. The language can
be used to express a range of alternative notions of actions and deontic
specification. We use it to to model and simulate multi-agent systems
in which the behavior of an agent is guided by deontic specifications on
actions.

1 Introduction

We present an overview of the Abstract Contract Calculator (ACC) written in
Haskell, which is a functional programming language (cf. Wyner (2006) for the
code and documentation for the ACC). The ACC processes the deontic notions
of prohibition, permission, and obligation applied to complex, abstract actions.
As an intuitive example, suppose Bill is obligated to leave the room. We have a
deontic specification “obligated” applying to an agentive action “Bill’s leaving
the room”. We call sets of such expressions Contract States. Informally, were
Bill to leave the (given) room, he would have violated the obligation to leave the

* Copyright ©2006 Adam Zachary Wyner. This paper was prepared while the author
was a postgraduate student at King’s College London under the supervision of Tom
Maibaum and Andrew Jones, which was funded by a studentship from Hewlett-
Packard Research Labs, Bristol, UK. The author thanks Tom, Andrew, and HP
Labs for their support and advice. Errors rest with the author.

176



room. Consequences may follow from the fact that he has violated his obligation.
For example, he may then be obligated to pay a fine. The objective of the
implementation is to abstractly model deontic specification of agentive actions
as well as to simulate the behavior of agents executing actions relative to a
contract state.

It is outside the scope of this paper to provide the complete implementation or
formalization. Rather, we introduce basic, crucial elements and invite the reader
to investigate the language further. In addition, actions and deontic notions have
been extensively discussed in the Deontic Logic and Dynamic Logic literature (cf.
Lomuscio and Nute (2004) and Wieringa and Meyer (1993), Harel (2000), Meyer
(1988), and Khosla and Maibaum (1987)). We indicate some of our key sources.
However, in contrast to these declarative works, we focus on operationalizing
the notions. Therefore, we do not outline the logics. Indeed, in Wyner (2006),
we have identified a range of fundamental questions with some of these logics.

The outline of the paper is as follows. We first discuss the context of our
research as well as central issues along with how we address them. We turn to
the implementation, which is largely presented conceptually and with fragments
of Haskell code. The implementation has two aspects. First, it is a programming
tool in that it allows alternative notions of deontic specification on agentive ac-
tions to be systematically examined and animated. Thus, one can develop and
focus on a preferred interpretion of the deontic concepts. Second, having fixed
an interpretation, the tool enables one to abstractly simulate environments in
which agents behave relative to actions, sets of deontic specifications on actions,
and how such sets change. It is intended to be used for simulation and mod-
elling of Multi-Agent systems where deontic specifications govern the behavior
of individuals or collectives of agents (see Gilbert and Troitzsch (2005) for a
discussion of social science simulations). In the final two sections, we touch on
other proposals for implementing deontic notions, and then we mention several
aspects of the implementation which were not discussed in this paper as well as
mention several aspects left for future research.

2 Background Context

The intial objective of our study was to define a formal language which is suitable
for the formation, execution, and monitoring of legal contracts in a multi-agent
system. Thus, our approach keeps in mind applied and empirical issues. Among
the key issues, we wanted to simulate the behavior of agents with respect to
deontic specifications on actions. In addition, we wanted to model how deontic
specifications can change over time. For instance, if we have a deontic speci-
fication such as Bill is obligated to deliver five pizzas, we want to be able to
determine the conditions under which Bill violates or fulfills this obligation. In
addition, we want to determine what follows in either case. Furthermore, we
want to define under what conditions can we eliminate Bill’s obligation. In gen-
eral, how could we operationalize deontic specifications on actions such that they
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could be used to guide agentive behavior? Thus, the research is an application
of deontic reasoning.

For a theoretical underpinning, we focussed on the analyses of deontic no-
tions, particularly those with a dynamic component (cf. Meyer (1988), Khosla
and Maibaum (1987), but cf. Carmo and Jones (2001) for a non-dynamic the-
ory). Strictly put, the implementation does not implement a particular deontic
logic. We found available logics to be unsuitable for a variety or reasons (cf.
Wyner (2006)). Instead, we provide a language in which different logics could
be operationalized, though we make some specific suggestions.

We have implemented our system in Haskell, which is a functional program-
ming language. Speaking broadly, functional programming languages implement
the Lambda Calculus. It is a programming language which is particularly well
suited to computational semantics (cf. Doets and van Eijck (2004) and van Eijck
(2004). For a comparison to Prolog, see Blackburn and Bos (2005)).

3 Driving Issues

The implementation is driven by four interlocking issues: compositional and
productive flags which signal violation or fulfillment of a deontic specification;
negation of an action as antonym or opposite; complex actions, particularly
sequences; and the Contrary-to-Duty paradox. In the following, we briefly outline
the problems and our solutions, which we find again in the implementation.

3.1 Violability

In our view, the key concept of the deontic notions is that of violability. Logical or
operational representations ought then to have violation (or fulfillment) markers
in the formal language such that one can reason further with them (either for
recovery or other processes). Thus, bad behavior is marked and reasoned with
rather than ruled out (cf. Anderson and Moore (1957), Meyer (1988), and Khosla
and Maibaum (1987)). We do not adopt the approach of recent proposals which
use the deontic notions to filter out or to prioritize actions (cf. Garcia-Camino
et. al. (2005) and Aldewereld et. al. (2005)).

In recent proposals of Standard Deontic Logic (Carmo and Jones (2001)) or
Dynamic Deontic Logic (Khosla and Maibaum (1987) and Meyer (1988)), we find
a distinguished proposition which is used to mark that a deontic specification
has been violated. We use the marker for further reasoning or reactive behavior.
The richer the structure of the marker, the subtler the ways it can be used
(for logical proposals along these lines, cf. van den Meyden (1996, Meyer and
Wieringa (1993), and Kent, Maibaum, and Quirk (1993)).

In Wyner (2006), we have argued that the markers for deontic specification
on complex actions have to be productively and compositionally derived from the
agent, the deontic specification, the input actions, and the mode of combination
of the actions. We also argued that in order to calculate the conditions under
which an obligation is violated, we need a lexical semantic function to calculate
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action negation. We discuss this in the next section. We should also mention
that in Wyner (2006), we argue that temporal specifications are not essential to
deontic specifications on actions. To our knowledge, these claims and supporting
arguments are novel. They serve to distinguish our analysis and implementation.

3.2 Action Opposition and Deontic Specification

One key component of our analysis is the calculation of actions in opposition.
Suppose Bill is obligated to deliver pizzas for an hour. It is intuitively clear
that some actions count toward fulfilling the obligation and some other actions
count towards violating the obligation. Furthermore, not just any activity which
is not itself an action of delivering pizzas counts toward a violation. Indeed,
some actions which Bill executes are deontically underspecified. If this were not
the case, then anything Bill does other than delivering pizzas leads to a violation.
More formally, set-theoretic complementation is not the appropriate notion for
action negation in our domain of application, for it would imply that at any
one time, the agent can either violate the obligation or fulfill it. There would be
no actions which are deontically underspecified. This is unreasonable for agents
executing contracts over time. Instead, we need some means to calculate the
opposite actions with respect to the particular input action, leaving other actions
underspecified.

In general, we want to be able to calculate the relevant opposite of an action,
if there is one. While action opposition in natural language is rather unclear,
we use abstract actions with respect to which we can define action opposition.
Suppose «, 3, and « are abstract actions; we make these clearer in the imple-
mentation. For an action, say «, from the domain of actions, we can calculate
the opposite action (given well-formedness conditions), say it is 5. We can say
that v is not in any relation of opposition to either a or 8. Thus, if a complex
action is obligatory, we can determine what specific actions fulfill the obligation,
what actions violate it, and what actions are deontically underspecified.

Other problems arise where we deontically specify complex actions. For in-
stance, suppose we have the complex action combinator for sequence, where one
action follows another. (a;3) represents « followed by an execution of . Let
us make this sequence obligatory: Obligated(«;3). Of this obligation, we want
to know: What is the mark of violation or fulfillment of this obligation? Under
what conditions do the marks appear? Intuitively, the mark of violation ought
to indicate that the sequence per se has been violated (similarly for fulfillment).
Thus, we need some means to define for any well-formed sequence of actions the
violation marker for that sequence. Similar points can be made with respect to
the other complex action combinators. In addition, we have to consider when
the violation marker arises. For example, the sequence is violated where « is first
executed, and then 3 is not executed, but not necessarily where 3 is executed
before the execution of «.

In general, we have to be able to productively calculate, for any well-formed
complex action, the compositional value of the violation (or fulfillment) marker.
In turn, this implies that we have to calculate the opposite of any complex
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action. Thus, the lexical semantic rules must apply productively; it is not feasible
to have a listing of every complex action and its opposite. Productivity and
compositionality are also crucial to handle novel actions, which are new basic
action that we introduce to a particular system. We do not want reasoning and
action execution to hang when it is fed novel input.

So far as we know, the importance of productivity, compositionality, or lexical
semantic opposition have not been recognized in the deontic logic literature.

3.3 Contrary-to-Duty Obligations

Contrary-to-Duty (CTD) Obligations have been a central problem in Deontic
Logic (cf. Carmo and Jones (2001), which claims that it is the defining prob-
lem). Thus, an implementation ought to provide for it. CTDs are those cases
where a secondary obligation arises in a context where a primary obligation has
been violated. In other words, having violated one obligation, one incurs another
obligation. For example, if one is obligated to return a book by a specific time,
then (given the rules of a particular library), one may be obligated to pay a fine.
Such cases are key to legal reasoning and a case of context-dependent reasoning
(cf. Carmo and Jones (2001)). We have argued (Wyner (2006)) that violation
and fulfillment markers are key to distinguish a CTD case from the case where
the primary obligation changes. In other words, it is key that the action intro-
duces a violation marker. In virtue of this marker, the secondary obligation is
introduced.

3.4 Obligations on Sequences versus Sequences of Obligations

In Wyner (2006), we have argued for a distinction between obligations on se-
quences and sequences of obligations, contra Meyer (1988) who conflates them
(Khosla and Maibaum (1987 mention the distinction, but do not elaborate). For
example, a sequence of obligations is: one is obligated to do a and then one is
obligated to do (. In contrast, one could be obligated to do « followed by . The
difference is in terms of the wviolation conditions. For a sequence of obligations,
each obligatory action introduces its own violation marker. For an obligation
on a sequence, failure to execute part of the sequence introduces a violation
marker on the sequence per se. This highlights the crucial role of productive,
compositional markers.

To create these richer markers, we provide a richer structure for complex
actions. For example, given a sequence of «;03, the structure distinguishes the
input actions « and 3, the resultant action (suppose) v, and the mode of for-
mation, which is the sequence operator. Given the definitions of basic actions,
the complex action operators are given functional definitions. With this, we may
define a deontic specification to apply to different parts of the complex action
relative to the complex action operator. This allows us to define families of de-
ontic specifications. For example, we can define three versions of obligations on
sequences: in one, the obligation distributes to each component action; in an-
other, the obligation applies to the collective action; in another, the obligation
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applies so as to allow interruptable obligation specifications. We can map out
the logical space of possibilities. This allows us a very fine-grained, more accu-
rate analysis. From these alternatives, we can chose that which best suits the
purposes of the implementation. In our domain of application, the latter notion
seems most important, and it depends on complex markers which arise in a given
order.

4 An Overview of the Implementation

In the following subsections, we present highlights of the modules, necessarily
skipping many details. States of Affairs are lists of propositions along with in-
dices for worlds and times. Basic Actions are essentially functions from States
of Affairs to States of Affairs. Lexical Semantic Functions allow us to calculate
actions in specified lexical semantic relations such as opposite. These functions
help us define the consequences of deontically specified actions. Deontic Opera-
tors apply to actions to specify what actions lead to States of Affairs in which
fulfillment or violation is marked relative to the action and agent. We call such
a specification a Contract Flag State. We implement reasoning for Contrary-to-
Duty Obligations by modifying contract states relative to violation or fulfillment
flags. We end with a presentation of complex actions.

4.1 States of Affairs

We construct many of our expressions from basic Haskell types for strings
String, integers Int, and records, which are labels associated with values of
a given type. In terms of these, we have several derived types.

Definition 1. type PropList = [String]

type World = Int
type Time = Int
type SOA = Rec (properties :: PropList, time :: Time,

world :: World)
type DBSoas = [SOA]

Our atomic propositions are of type String such as propl and prop2. Pre-
fixing a string with neg- forms the negation of a proposition, and we have a
double negation elimination rule. Lists of propositions, of type PropList, form
the properties which define the properties which hold of a state of affairs. We
can filter the lists for consistency. This means that we remove from the model
any list of properties which has a proposition and its negation such as [prop1,
neg-prop1]. Filtering serves to constrain the logical space of models under con-
sideration and used for processing. For our purposes, we do not have complex
propositions other than negation. Nor do we address inference from propositions
at the level of contexts.

States-of-Affairs, which are of type SOA, are records comprised of a list of
properties along with indices for world and time. An example SOA is:
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Ezample 1. (properties = [propl, prop7, prop5, neg-prop3|,
time = 2, world = 4)

Lists of expressions of type SOA are of type DBSoas. These can be understood
as alternative states of affairs or possible worlds.

4.2 Basic Actions

An action is of a record of type Action, which has fields for a label of type
String, preconditions xcond of type PropList, and postconditions ycond of type
PropList. An action is used to express state transitions from SOAs where the
preconditions hold to SOAs where the postconditions hold. An action with an
agent is of type AgentiveAction, which is a record with fields for an action and
an Agent of type String. A list of agentive actions is of type DBAgentiveAction.

Definition 2. type Action = Rec (label :: String,
xcond :: ProplList,
ycond :: PropList)

type DBAction = [Action]

type Agent = String

type AgentiveAction Rec (action :: Action,
agent :: Agent)

type DBAgentiveAction = [AgentiveAction]

An example of an agentive action is:

Ezample 2. (action = (label = Action6,
xcond = [propl, prop7, prop5],
ycond = [prop3, neg-prop4, neg-prop6)),
agent = Jill)

This represents an abstract agentive action, which contrasts with agentive
actions found in natural language such as Jill leaves. We work exclusively with
abstract agentive actions since we can explicitly work with the properties which
exhaustively define them. It is harder to do so with natural language expressions
since it is not clear that we can either explicitly or exhaustively define them in
terms of component properties. Nonetheless, we can refer to the natural language
examples where useful.

The function doAgentiveAction in Definition 3 takes expressions of type
SOA and AgentiveAction and outputs an expression of type SOA.

Definition 3. type doAgentiveAction :: SOA — AgentiveAction — SOA

In the definition of the function (not provided), an action can be executed
so long as the preconditions of the action are a subset of the properties of the
SOA with respect to which the action is to be executed. Following execution of
the action, the postconditions of the action hold in the subsequent context, and
the time index of the resultant SOA is incrementally updated (in this paper,
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we do not manipulate the world index). Further constraints on the execution of
the well-formed transitions are that the properties of the resultant SOA must
be consistent (no contradictions) and non-redundant (no repeat propositions).
In addition, we inertially maintain any properties of the input SOA which are
not otherwise changed by the execution of the action.

In (3), we have an example.

Example 3. input> doAgentiveAction
(properties = [propl, neg-prop3, prop5, prop7],
time = 2, world = 4)
(action = (label = Action6,
xcond = [propl, prop5, prop7],
ycond = [prop3, neg-prop4, neg-prop6)),
agent = Jill)
output> (properties = [propl, prop3, neg-prop4,
prop5, neg-prop6, prop7],
time = 3, world = 4)

4.3 Lexical Semantic Functions

For the purposes of deontic specification on agentive actions, we define lexical se-
mantic functions. These functions allow us to functionally (in the mathematical
sense) determine actions in specified relationships. This is especially important
for the definition of obligation, where we want to determine which specific alter-
natives of a given action induce violation. One observation we want to account
for is the following. Informally, if it is obligatory for Jill to leave the room, then
Jill would violate the obligation by remaining in the room. On the other hand, if
it is obligatory for Jill to remain in the room, then Jill would violate the obliga-
tion by leaving the room. In other words, we see a reciprocal relationship between
actions in opposition. Furthermore, notice that if Jill’s leaving the room is oblig-
atory, then the action which fulfills the obligation and the action which violates
the obligation must both be executable in the same SOA. This means that the
actions have the same precondition properties. While the natural language case
provides the intuitions behind the functions, we implement them with respect to
our abstract actions. We only provide a sample of the lexical semantic functions
(see Wyner 2006 for further discussion).

Let us suppose a (partial) lexical semantic function findOpposites, which is
essentially a function from Action to Action. For processing, it takes a lexicon
and some constraints. For example, suppose findOpposites applied to the action
labelled Action6 yields Action7 and vice versa. While there are many potential
implementations of action opposition, we have defined the function findOpposites
such that it outputs an action which is the same as the input action but for the
negation of one of the postcondition propositions. This closely models the natural
language example of the opposition between leave and remain. As an illustration,
we have the following:
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Ezample 4. input> findOpposites (label = Action6,
xcond = [propl, prop7, prop5|,
ycond = [prop3, neg-prop4, neg-prop6))
output> (label = Action7, xcond = [propl, prop7, prop5],
ycond = [prop3, neg-prop4, prop6])

Three things are important about the function actionOpposites for our pur-
poses. First, we can calculate specific alternative actions which give rise to vi-
olations. As discussed earlier, it is unintuitive that just any action other than
the obligated action should give rise to violation. Second, as a calculation, we
can find an opposite for any action where the lexical structure allows one. For
the purposes of deontic specification, it need not be the case that every action
has an antonym (although one could define a function and lexical space to allow
this). Crucially, this holds for atomic as well as complex actions. And finally,
the function actionOpposites is defined so as to provide reciprocal actions; that
is, the opposite of Action6 is Action7 and vice versa. Thus, the function closely
models the natural language case discussed above.

4.4 Deontic Specifications

The previous three subsections are components of deontic specifications on ac-
tions, which we model on the following intuition. Suppose an agent Jill is obli-
gated to delivery a pizza. This implies that were she to deliver the pizza, in the
context after the delivery of the pizza, we would want to indicate that Jill has
delivered the pizza. Moreover, by doing so, she has fulfilled her obligation with
respect to her obligation to deliver the pizza. On the other hand, suppose Jill
were not to deliver the pizza, which is the opposite of delivering the pizza. In
this case, we should indicate in the subsequent context that Jill that has not de-
livered the pizza. Furthermore, by doing so, she has wiolated her obligation with
respect to delivering the pizza. We assume there are deontically underspecified
actions as well. For example, if Jill eats an apple, which she could do concur-
rently over the course of delivering the pizza or not delivering the pizza, it may
be that she does not incur a violation or fulfillment flag relative to that action.
While it is possible that we use a fized list for some cases to determine when
violation markers arise, this will not work for complex actions or novel actions,
which are those actions that are not already prelisted in a lexicon.

To define the deontic specifications, we provide a type ContractFlag. This
type is a record having fields for: the action which is executed (indicated by
the label), the deontic specification on the action (i.e. obligated, permitted, or
prohibited), the action which is deontically specified (indicated by the label and
which can be distinct from the action that is executed), whether execution of the
action flags for violation or fulfillment, and the agent which executes the action.
Lists of contract flags are of type ContractFlagState.

Definition 4. type ContractFlag = Rec (actionDone::String,
deonticSpec::String, onSpec:: String,
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valueFlag::String, agent::Agent)
type ContractFlagState = [ContractFlag/

The violation and fulfillment flags, which are String types that are values
of valueFlag, are key in reasoning what follows from a particular flag. In other
words, that an agent has violated an obligation on an action may imply that the
agent incurs an additional obligation. Indeed, such reasoning is central to legal
reasoning. This is further developed in the section below on Contrary-to-Duty
Obligations.

A deontic specifier such as obligated is essentially a function from an Agen-
tiveAction to a ContractFlagState. A list of actions DBAction and propositions
PropList are also input for the purposes of code development.

Definition 5. type obligatedCompFlag :: AgentiveAction —
DBAction — [PropList] — ContractFlagState

In Definition 6, we give a sample of Haskell code which calculates a Con-
tractStateFlag relative to an input agentive action inAgentiveAction (along with
a lexicon and compatibility constraints). Expressions of the form #label list re-
turn the value associated with given the label found in the list. Expressions of
the form [ x | x < P ] are list comprehensions in Haskell; they are analogous to
the set-builder notation of set theory, where for S = {x + 2 | x € {1,...,5} A
odd(x)}, the result is S = {3, 5, 7}. List comprehension works much the same
way, but using lists rather than sets.

We discuss the code relative to the line numbers in Definition 6. Lines 1-2
constitute a guard on the function: if the action from the input agentive action
has an opposite (i.e. is a non-empty list), only then do we return a non-empty
ContractStateFlag list. Otherwise, we return the empty list (line 14). This reflects
the conceptual point that there can only be obligations on an action where the
obligation can be violated (cf. Wyner 2006). Thus, where we return a non-empty
list, there is some action in opposition to the input action. In lines 3-7, we create
a list of type ContractState which represents the fulfillment of the obligation on
the action. In lines 7-13, we find the opposite to the input action and use it to
create a list of type ContractState which represents the violation of the action.
We use ++ to conjoin these to lists to produce a list of type ContractFlagState.

Definition 6. obligatedCompFlag inAgentiveAction inDBAction inComp
| ((findOpposites (#action inAgentiveAction)
inDBAction inComp) /= []) =
([ (actionDone=(#label (#action inAgentiveAction)),
deonticSpec="0bligated”,
onSpec=(#label (#action inAgentiveAction)),
valueFlag="Fulfilled”,
agent=(#agent inAgentiveAction))] ++
[(actionDone=(#label ), deonticSpec="0bligated”,
onSpec=(#label (#action inAgentiveAction)),
valueFlag=""Violated”,
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11 agent=(#agent inAgentiveAction))

12 | © — (findOpposites
13 (#action inAgentiveAction) inDBAction [])])
14 | otherwise = []

To illustrate, let us assume that when we apply obligatedCompFlag to an
agentive action labelled Action6 with agent Jill. The output is:

Ezample 5. [(actionDone = Action6, agent = Jill, deonticSpec = Obligated,
onSpec = Action6, valueFlag = Fulfilled),

(actionDone = Action7, agent = Jill, deonticSpec = Obligated,
onSpec = Action6, valueFlag = Violated)]

This is of type ContractStateFlag. It indicates that were Jill to execute Ac-
tion6, then Jill would have fulfilled her obligation on Action6. On the other
hand, were Jill to execute Action?7, then Jill would have violated her obligation
on Actiong.

As lists of records, we can manipulate them. For example, we can add to
or subtract from contract states. For example, the following represents Jill’s
obligation with respect to Action6 and Bill’s prohibition with respect to Action9.

Ezample 6. [(actionDone = Action6, agent = Jill, deonticSpec = Obligated,
onSpec = Action6, valueFlag = Fulfilled),
(actionDone = Action7, agent = Jill, deonticSpec = Obligated,
onSpec = Action6, valueFlag = Violated),
(actionDone = Action9, agent = Bill, deonticSpec = Prohibited,
onSpec = Action9, valueFlag = Violated)]

Manipulations of ContractStateFlag expressions are crucial for modelling con-
tract change, which is key to the analysis and implementation of Contrary-to-
Duty Obligations.

4.5 Contrary-to-Duty Obligations

To model reasoning for CTDs, we enrich our States-Of-Affairs to include ex-
pressions of type contractFlagState as well as histories of type history. Histories
are lists of records of what was done, when, by whom, and whether it counts as
a fulfillment or violation relative to a deontic specification. Such records are of
type HistoryFlag. They are much like ContractState expressions, but record the
world and time at which the action is executed. An important difference between
HistoryFlag and ContractStateFlag expressions is in how they are processed. This
is further developed below.

Definition 7. type HistoryFlag = Rec (actionDone::String,
deonticSpec::String, onSpec:: String,
valueFlag::String, agent::Agent,
world::World, time::Time)

type History = [HistoryFlag]
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Our SOAs are enriched with both a ContractFlagState and a History.

Definition 8. type SOAHistorical = Rec (properties::PropList,
actionDone::String, history::History,
contractFlagState:: ContractFlagState,
world::World, time::Time)

Actions are executed relative to a SOAHistorical. Action execution doAgen-
tiveActionSOAHist is essentially a function from SOA Historical to SOAHistor-
ical. We illustrate this informally below.

Let us suppose the following is the input SOAHistorical to doAgentiveAc-
tionSOAHist. Notice that the history is empty, which means that there is no
evidence that an action has been executed.

Ezample 7. (contractFlagState =

[(actionDone = Action6, agent = Jill,
deonticSpec = Obligated, onSpec = Action6,
valueFlag = Fulfilled),

(actionDone = Action7, agent = Jill,
deonticSpec = Obligated, onSpec = Action6,
valueFlag = Violated),

(actionDone = Action9, agent = Bill,
deonticSpec = Prohibited, onSpec = Action9,
valueFlag = Violated)],

history = [],
properties = [propl, prop7, prop5, neg-prop4, neg-prop6,
time = 2, world = 7)

Suppose that Jill does execute Action7 with respect to this SOA Historical.
This means that we should indicate that Jill has violated her obligation. Thus,
in the history of the subsequent SOA Historical, we record that Jill executed
Action7. We also record that this action violates Jill’s obligation to execute
Action6, as well as the world and time stamp where the violation occurred.
We also see that the time of the SOA Historical is updated. The properties are
updated as well.

Ezample 8. (contractFlagState =

[(actionDone = Action6, agent = Jill,
deonticSpec = Obligated, onSpec = Action6,
valueFlag = Fulfilled),

(actionDone = Action7, agent = Jill,
deonticSpec = Obligated, onSpec = Action6,
valueFlag = Violated),

(actionDone = Action9, agent = Bill,
deonticSpec = Prohibited, onSpec = Action9,
valueFlag = Violated)],

history = [(actionDone = Action7, agent = Jill,
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deonticSpec = obligated, onSpec = Action6,

time = 2, valueFlag = Violated, world = 7)],
properties = [propl, prop7, prop5, prop3, neg-prop4, prop6],
time = 3, world = 7)

The next step in the implementation of CTDs is to allow contract state mod-
ification relative to actions which have been executed in the history. Recall from
the discussion of CTDs that we only want a secondary obligation to arise in a
context where some other obligation has been violated. In other words, if a par-
ticular violation of an obligation is marked in the History, we want a secondary
obligation to be introduced into (or subtracted from) the ContractStateFlag of
the SOA Historical. For example, suppose Jill is obligated to leave the room. If Jill
violates this obligation (by remaining in the room), then she incurs a secondary
obligation to pay £5 to Bill. On the other hand, if Jill fulfills her obligation, then
she incurs a secondary permission to eat an ice cream. The secondary obligations
or permissions only arise in cases where a primary obligation has been violated
or fulfilled.

To implement this, we have to examine whether a particular violation marker
appears in the history. Second, we have to make that violation marker trigger
ContractStateFlag modification. For instance, suppose that it is marked in the
History that Jill has violated her obligation to do Action6 by doing Action?7.
As a consequence of that, we modify the current contract state by removing
her previous obligation and introducing an obligation on Actionli. In such an
operation, only the ContractStateFlag is modified. This gives the appearance of
inference in a state, for there is no state change marked by temporal updating.

We have a function doRDS, which implements action execution for relativized
deontic specifications; it is a function from AgentiveActions and SOA Historical
to SOAHistorical. It incorporates modification of the ContractStateFlag. Where
we assume the steps just outlined to the ContractStateFlag in (7), a result is
along the following lines:

Ezample 9. (contractFlagState =

[(actionDone = Actionll, agent = Jill,
deonticSpec = Obligated, onSpec = Actionll,
valueFlag = Fulfilled),

(actionDone = Actionl5, agent = Jill,
deonticSpec = Obligated, onSpec = Actionll,
valueFlag = Violated),

(actionDone = Action9, agent = Bill,
deonticSpec = Prohibited, onSpec = Action9,
valueFlag = Violated)],

history = [(actionDone = Action7, agent = Jill,
deonticSpec = obligated, onSpec = Action6,

time = 2, valueFlag = Violated, world = 7)],

properties = [propl, prop7, prop5, prop3, neg-prop4, prop6],
time = 3, world = 7)
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The implementation captures the essence of the CTD problem. It models how
the execution of an action relative to a ContractFlagState induces a modification
of the ContractFlagState.

4.6 Deontic Specification on Complex Actions

We implement complex actions as records. Complex Actions have fields for the
input actions, the complex action operator, and the result of the application of
the operator to the input actions. We discuss here only the sequence operator,
as it raises the more complex and interesting problems for deontic specification.
We represent sequences schematically as follows.

Ezample 10. (inActionA = ActionA, inActionB = ActionB,
operator = SEQ, outAction = ActionC)

The outAction is, in this case, function composition of the input actions (pace
several restrictions on well-formedness): the preconditions of ActionC are the
preconditions of ActionA; the postconditions of ActionC' are those of ActionB
together with those of ActionA which remain by inertia; the preconditions of
ActionB must be a subset of the postcondition properties of ActionA; and the
postcondition properties of ActionC must otherwise be consistent. Our decom-
position of actions into explicit preconditions and postconditions as well as our
explicit construction of complex actions relative to those conditions distinguishes
our approach from Dynamic Logic approaches, where there are basic actions.

In Meyer (1988), obligations on sequences are reduced to sequences of obliga-
tions on the component actions. In Khosla and Maibaum (1987), obligations on
sequences are irreducible to sequences of obligations, but rather are obligations
on the sequence per se. In Wyner (2006), we have further discussion of the sig-
nificance of the difference, particularly the CTD problem. Here, we simply point
out that the implementation provides ways to articulate these differences. For
example, suppose Jill is the agent of the sequence and ActionD is the opposite
of ActionA and ActionFE is the opposite of ActionB. To provide the distributive
interpretation of obligation in Meyer (1988), Obly;s:, we need two components.
First, we have an initial contract state for the obligation on the first action:

Ezample 11. [(actionDone = ActionA, agent = Jill, deonticSpec = Obligated,
onSpec = ActionA, valueFlag = Fulfilled),

(actionDone = ActionD, agent = Jill, deonticSpec = Obligated,
onSpec = ActionA, valueFlag = Violated)]

In addition, we have a ContractStateModTrigger record which specifies that
in the context where the first action has been executed (checked in the history),
then the obligation on the second action of the sequence is introduced. This
results in the following contract state, which specifies the fulfillment and violation
cases for each of the component actions:
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Ezample 12. [(actionDone = ActionA, agent = Jill, deonticSpec = Obligated,
onSpec = ActionA, valueFlag = Fulfilled),
(actionDone = ActionD, agent = Jill, deonticSpec = Obligated,
onSpec = ActionA, valueFlag = Violated),
(actionDone = ActionB, agent = Jill, deonticSpec = Obligated,
onSpec = ActionB, valueFlag = Fulfilled),
(actionDone = ActionE, agent = Jill, deonticSpec = Obligated,
onSpec = ActionB, valueFlag = Violated)]

We might say that the obligated sequence has been fulfilled where the obli-
gations on each action have been fulfilled and in the right order.

In contrast, we could represent Khosla and Maibaum’s interpretation (1987)
by applying the operator to ActionC with a collective interpretation of obliga-
tion, Obl.. We suppose that ActionF' is the opposite of ActionC"

Ezample 13. [(actionDone = ActionC, agent = Jill, deonticSpec = Obligated,
onSpec = ActionC, valueFlag = Fulfilled),

(actionDone = ActionF, agent = Jill, deonticSpec = Obligated,
onSpec = ActionC, valueFlag = Violated),

The most interesting case is the interruptable notion of obligation on a se-
quence. In this case, there is a violation and fulfillment flag with respect to the
whole sequence, and the actions must apply in a given order. We assume the fol-
lowing initial contract state, where we emphasize that the marker for violation
is relative to the complex action per se and there is no marker for fulfillement
of the sequence:

Ezample 14. [(actionDone = ActionD, agent = Jill, deonticSpec = Obligated,
onSpec = ActionC, valueFlag = Violated),

The second component is the ContractStateModTrigger, which specifies that
after execution of the first action ActionA, an obligation to execute the second
action arises such that fulfillment of this obligation marks fulfillment of the
obligation of the sequence, while violation of this obligation marks violation of
the obligation on the sequence. The resulting contract state looks like:

Ezample 15. [(actionDone = ActionD, agent = Jill, deonticSpec = Obligated,
onSpec = ActionC, valueFlag = Violated),

(actionDone = ActionB, agent = Jill, deonticSpec = Obligated,
onSpec = ActionC, valueFlag = Fulfilled),

(actionDone = ActionE, agent = Jill, deonticSpec = Obligated,
onSpec = ActionC, valueFlag = Violated),

It is in such cases that a productive and compositional analysis comes to the
fore.

These examples show that there are alternative definitions which can be used
to define deontic specification on complex actions. The particular definitions
may be designed to suit particular purposes and interpretations. The language
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is thus very expressive and can be used to implement different notions of values
applied to actions for the purposes of simulation in a multi-agent system. Further
discussion appears in Wyner (2006).

5 Some Comparisons

There have been several recent efforts to operationalize deontic specifications.
Some we have already discussed. For example, Garcia-Camino et. al. (2005) and
Aldewereld et. al. (2005) appear to use deontic specifications to filter out or sort
actions. We do not believe that this represents the essence of the deontic notions.
Sergot (2006) uses the event calculus and only considers permissions. While we
may eventually want to integrate deontic specifications into an event calculus,
we would want to be clear about deontic specifications themselves; it does not
seem necessary to add the additional and potentially obscuring components of
the event calculus. In addition, Sergot (2006) has neither complex actions nor
an analysis of the CTD problem. Boella and van der Torre (2006 present an
architecture for normative systems which is similar in that deontic specifications
add information to basic information. However, it is unclear how they implement
their design, integrate complex actions, or account for the CTD problem.

6 Other Elements of the Implementation and Future
Research

One key aspect of the implementation which we have not discussed here are con-
sistency constraints and implicational relations between deontic specifications.
For this, we define a notion of the negation of a deontic specification. We also
introduce lexical relations between positive and negative deontic specifications.
Further discussion appears in Wyner (2006).

We plan to enrich the structure of agents to give them some capacity to reason
with respect to their goals, preferences, and relationships to other agents. As we
want to model organizational behavior, we want to add roles, powers, a counts as
relation between actions, and organizational struture to the implementation. The
jural relations of rights and duties can also be incorporated into the language.
While the implementation provides a significant and novel advance in the field,
much yet remains to be done.
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